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Abstract— with advancement in technology most of the
fashionable day communication takes place through emails.
This has made the method of communication much faster and
easier because it saves time. One probable disadvantage of
using emails as a major mode communication is
advertisements. Many companies use them for his or her
advertisement and keep it up sending emails that contain
unwanted information often mentioned as Spam. Although
many approaches are developed for the identification of spam
emails but none of them gives good accuracy in spam
identification and screening. In existing work two semantic
level analysis is used. And in this proposed work Word Sense
Disambiguation (WSD) used for spam detection by using
CN2 SD algorithm.
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. INTRODUCTION

With the fast and easy use of internet, electronic mails have
end up to be an efficient, rapid and cheap means of
communication. By using emails, a user can transfer his/her
data anywhere within the world with in seconds. The rise in
usage of emails over the past few years has led to a
subsequent increase within the spam emails. Spam is
typically defined as unwanted or unsolicited mails that are
send bulk to different recipients and network of virus infected
computers.  Word-sense disambiguation (WSD) is a
concerned with identifying which sense of a word is used in
a sentence. Word sense disambiguation is the process of
selecting the most correct sense of the word in given sentence.
The use of word in a particular context. Lexical ambiguity,
semantics etc. When we have bulk of all mails, it is not
possible to find out spam & ham mails from it.

Semantic Analyzer is one of the phase of Natural
Language Processing, and this analyser checks about the
word is correct or not. As we know in normal text same word
having different meaning. This type of ambiguity is one the
biggest problem and this type of semantic ambiguity also
known as WSD- Word Sense Disambiguation. This research
paper is all about find out Spam & Ham Email from given
dataset using WSD approach.

Il. RELATED WORK

1) A semantic-based classification approach for an
enhanced spam detection: In this paper focus a method
based on two semantic level analysis. First email
categorization by domain, second email semantic
features extraction. we investigate the utilize of a content
semantic examination to move forward the precision of
spam detection. We propose a strategy based on two
semantic level examination. Within the to begin with
level, we categorize emails by specific spaces (e.g.,
Wellbeing, Instruction, Back, etc.) to empower a
partitioned conceptual see for spams in each space.

Within the moment level, we combine a set of manually-
specified and  automatically-extracted  semantic
highlights for spam discovery in each space. These
highlights are implied to summarize the email content
into compact subjects separating spam from non-spam
emails in an effective way.

2) Opinion spam detection: Using multi-iterative graph-
based model: In this paper focus a novel graph based
model called MGSD.by increasing the use of online
reviews relating to purchasing decision of consumer
analysis market trends.

3) Spam filtering using a logistic regression model trained
by an artificial bee colony algorithm: In this paper focus
a novel spam detection method that combine the artificial
bee colony algorithm with a logistic regression
classification model.

I1l. PROPOSED WORK

A. WSD Approach:

Word Sense Disambiguation (WSD) is an important but
challenging technique in the area of natural language
processing (NLP). Hundreds of WSD algorithms and systems
are available, but less work has been done in regard to
choosing the optimal WSD algorithms. Various supervised
learning, unsupervised learning and semi-supervised
techniques have been discussed. WSD is mainly used in

Information Retrieval (IR), Information Extraction (IE),

Machine Translation (MT), Question Answering (QT),

Content Analysis, Word Processing, Lexicography and

Semantic Web.

1) WSD APPROACHES: There are two approaches that
are followed for Word Sense Disambiguation (WSD):
Machine-Learning Based approach and Knowledge
Based approach. In Machine learning based approach,
systems are trained to perform the task of word sense
disambiguation. In Knowledge based approach, it
requires external lexical resources like Word Net,
dictionary, thesaurus etc.

B. Dictionary Based Algorithm:

They do not use corpora evidences for disambiguation. The
Lesk method is the seminal dictionary-based method
introduced by Michael Lesk in 1986. The Lesk definition, on
which the Lesk algorithm is based is “measure overlap
between sense definitions for all words in context”. However,
in 2000, Kilgarriff and Rosensweig gave the simplified Lesk
definition as “measure overlap between sense definitions of
word and current context”, which further means identify the
correct sense for one word at a time. Here the current context
is the set of words in surrounding sentence or paragraph.
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Email Dataset

C. Applications of Word Sense Disambiguation (WSD)

1) Machine Translation
2) Information Retrieval (IR)

e 3) TexF Mining and Information Extraction (IE)
- ) Lexicography
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Fig. 1: system flow

IV. RESULTS
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Fig. 2: Spam Train

Frm www-datagmail . virtualed.org Tue Jul 30 22:15:36 2002
Return-Path: Ceww-data@mail.virtualed.org>
Delivered-To: yyyy#localhost.netnoteinc.com
Received: from localhost (localhost [127.0.0.1])
by phobos.labs.netnoteinc.com (Postfix) with ESMTP id 189CC4406D
for <jmlocalhost>; Tue, 30 Jul 2002 17:15:36 -8400 (EDT)
Received: from mandark.labs.netnoteinc.com [213.105.180.140]
by localhost with POP3 (fetchmail-5.5.8)
for jm@localhost (single-drop); Tue, 38 Jul 2002 22:15:36 «818@ (IST)
Received: from mail.virtualed.org (rootfinsl.virtualimpact.net [209,114.200.97])
by mandark.labs netnoteinc.com (8.11.6/8.11.6) with ESMTP id gsULBIp12675
for <jmnetnoteinc.com>; Tue, 38 Jul 2002 22:08:20 +0100
Received: (from www-data@localhost)
by mail.virtualed.org (8.11.1/8.9.3/Debian 8.9.3-21) id gSUL7ulI3@453;
Tue, 3@ Jul 2082 17:87:56 -8488
1 2002 17:97:56 -8400
¢ <200207302107.g6ULTuI304538mail. . virtualed.org>
yyyy@netnoteinc.com
From: suddenlysusan@Stoolmail.zzn.com ()
Subject: Best Price on the netf5f8ml

(suddenlysusan@Stoolmail.zzn.com) on Tuesday, July 30, 2002 at 17:07:56

Why Spend upwards of $480€ on a DVD Burner when we will show you an alternative that will do
the exact same thing for just a fraction of the cost? Copy your DVD's NOW, Best Price on the net.
Click here: http://002@www.dvdcopyxp.com/cgi-bin/enter.cgi?marketing id=dcx@89 Click to remove
http://0038www. spambites.com/cgi-bin/enter.cgi?spambytes_id=100115

Fig. 3: eml file
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Fig. 4: dictionary

V. CONCLUSION

In early stage of proposed method Anomaly detection used
for filtering and enables a better spam detection compared to
existing methods and leads to more interpretable results.
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