
IJSRD - International Journal for Scientific Research & Development| Vol. 9, Issue 2, 2021 | ISSN (online): 2321-0613 

 

All rights reserved by www.ijsrd.com 16 

Emoji Creation With Image Dataset using Deep Learning 

K.Anchana1 R.Priya Das2 N.Sharvanthi Priya3 P.Krishna Rupa4 D.Ramya5 

1,2,3,4,5UG Scholar 
1,2,3,4,5Department of Information Technology 

1,2,3,4,5S.A.Engineering College, Chennai, India 

Abstract— Emojis or avatars are ways in which to point 

nonverbal cues. These cues became a vital a part of on-line 

chatting, product review, whole feeling, and lots of 

additional. It conjointly cause increasing information science 

analysis dedicated to emoji-driven storytelling. With 

advancements in pc vision and deep learning, it's currently 

potential to sight human emotions from pictures. During this 

deep learning project, we are going to classify human facial 

expressions to filter and map corresponding emojis or avatars. 
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I. INTRODUCTION 

Nonverbal behavior conveys affectional and emotional 

information, to speak ideas, manage interactions, and clear up 

intending to improve the potency of conversations [14, 25]. 

A way to point nonverbal cues is by causing emoji, that are 

graphic icons managed by the Unicode Consortium1 that are 

known by Unicode characters and rendered in keeping with a 

platform’s font package. 

 Emojis change individuals to precise themselves 

richly, and whereas shown as screen graphics, they'll be 

manipulated as text structures. Besides Pohl et al.’s Emoji 

Zoom [22] WHO propose a zooming-based interface, coming 

into emoji on smartphone keyboards presently needs users to 

create a range from massive lists (one list per class of emoji) 

This makes emoji entry “a linear search task" [22], and given 

the growing variety of emojis, we have a tendency to assume 

will incur user frustration. 

 While no previous work expressly addresses this, 

efforts like Emojipedia3 highlight the necessity for higher 

emoji search. to deal with this, we have a tendency to propose 

Face2Emoji, a system and technique to use users’ facial 

emotional expressions as system input to filter emoji’s by 

emotional class. Despite that emojis will represent actions, 

objects, nature, and different symbols, the foremost ordinarily 

used emojis are faces that express feelings [3, 17, 24]. 

Moreover, previous work has shown that emojis may be 

hierarchal by sentiment. Emoji Sentiment Ranking by Novak 

matter notifications containing emojis exhibit variations in 3-

valued sentiment across platforms , and for faces, emojis may 

be hierarchal by valence and arousal . 

II. MOTIVATION AND SCOPE 

Emojis or avatars are ways to indicate nonverbal cues. Emojis  

is most widely used in online chatting , product and more 

Emoji creation leads to increasing data science research  

which is dedicated to emoji-driven storytelling, The analyses 

on emoji creation  leads us to do project using facial 

expressions. 

 Detecting human emotions from images using 

computer vision and deep learning. Classify human facial 

expressions to filter and map corresponding emojis or avatars. 

Using facial expression recognition dataset emojis were 

created. 

III. LITERATURE REVIEW 

The existing literature on the psychological and linguistic 

aspects of emojis is proscribed, whereas an outsized quantity 

of analysis exists within the fields of study of emoji usage. In 

2015, Eisenstein and Pavalanathan wrote that the introduction 

of emojis was a probably dramatic shift in online writing, 

potentially replacing user-defined linguistic affordances with 

predefined graphical icons; with the flexibility to access an 

oversized variety of vibrant and communicative emoji 

pictographs, it became natural for users to stop employing 

non-standard orthographies for expressive communication in 

social media. Kelly and Watts (2015) united, and 

aforementioned that emoji might serve relationally helpful 

roles in language, not essentially related to distinct 

expressions of feeling, and will additionally play a very 

important role in dominant a informal thread or in 

encouraging sportive behaviour. In the same year, Novak et. 

al. (2015) showed that emojis were “tools” that replicate 

human sentiments that was discovered once sentiment 

classification models might be created, and applied to, many 

period of time situations, at intervals of 1.6 million annotated 

tweets across 13 altogether completely different languages. 

Stark and Crawford (2015) believed that the sensible use of 

the emojis were supposed to normalize, capitalize and 

concentrate on the collective strength of affect in human 

social relations online, wherever emojis acted as exuberant 

kinds of social expressions. Zhu (2015) aforementioned that 

emojis were cartoon-style facial expressions used to express 

certain emotions in text-based communication, whilst, 

remaining rather similar to, but were different from, 

emoticons, which had changed the way people perceived the 

correct emotional, attitude and attention based intents in 

online interactions. Peele (2016) observes that “Artists have 

reworked many celebrated children’s stories into emoji 

posters, Bible has additionally been anonymously translated 

in emoji. In context of broken English and visual culture, 

social media users adopted emojis as means that of 

expression. Worriers concern that, within the existing ripe 

conditions, we tend to witnessing the demise of written 

English.” Chairunnisa and Benedictus (2017), said that 

individuals hope, while not communicating face-to-face, that 

the opposite person still understands their feelings, ideas and 

impressions, one thing that emojis change, and build the 

communication effective and comprehensible. Kyle, Malone 

and Wall (2017) believe that emoji became fashionable for 

informative online communication; they conjointly believe 

the utilization of constant brings out certain psychological 

ideas like emotional expression, emotional mimicry, 

emotional appraisal, pragmatics, and intention detection. 
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IV. EXISTING SYSTEM 

In existing system emoji creation based on limited number of 

data set, Human extraction features were used to create 

emojis on different applications. Disadvantages of Existing 

system is lacking in context of converting or expressing the 

data acquired from face tracking to other sources 

V. PROPOSED SYSTEM 

Turn facial information into graphical illustration, Facial 

trailing system provides correct facial movements trailing, 

Innovative way to turn facial information into graphical 

illustration, Can develop the tools to express emotions 

digitally Used to express the expressions of humans using real 

time emojis. 

 

VI. SYSTEM ARCHITECTURE 

 

VII. CLASSIFICATION RESULTS 

The distribution of the top most frequent (by majority vote) 

emotion labels, as well as the next top labels, across the 202 

tested emojis are shown in Fig. 3. Interesting to observe here 

that for the majority of labels, none of the emojis tested were 

skipped due to unicode rendering. From our labeled data, it 

became clear that an emoji can be classified under two emojis 

(following a bimodal or at times multimodal distribution). For 

example, was nearly equally labeled as Happy (N=32) (since 

a trophy, a sign of achievement can evoke happiness) and 

Neutral (N=34), since it is an object with no direct mapping 

to a facial expression. Therefore, to account for this 

variability, we classified whether an emoji belongs to an 

emotion label using our Emotion Class (EC) function. 

VIII. DEEP CNN FOR EMOTION RECOGNITION 

To build our emotion recognition module, we tend to use deep 

Convolutional Neural Networks (CNNs). Deep Learning 

based approaches, notably  those using CNNs, have been very 

successful at image-related tasks in recent years, due to their 

ability to extract good representations from data [12]. We 

tend to selected  our own recognition system instead of using 

available APIs (such as Microsoft’s Emotion API10) 

because: (a) it allows us greater flexibility in inspecting the 

classification accuracies ourselves and determining why 

certain emotions are not correctly classified, (b) we can 

ensure user privacy by running all predictions directly on the 

device, and (c) it is free. Dataset & Design we tend to  FER-

2013 facial expression dataset [9] for training and validation, 

which comprises 32,298 grayscale 48x48 pixel images of 

facial expressions, collected from the web using 184 emotion-

related keywords. We implemented our network with 

TFLearn11, a deep learning library featuring a higher-level 

API for TensorFlow12. Our implementation and training 

procedure followed recent work by Gudi et al. [10] who used 

CNNs for emotion recognition. All faces were detected with 

OpenCV’s Viola & Jones face detector (frontal) [26], leading 

to a final training sample of 21,039 and validation sample of 

1,546 images. The distribution across emotion labels is 

shown in Fig. 4, where it can be seen that most of the 

emotions are Happy, Neutral, Sad, and Surprised. After 

experimenting with different architecture and 

hyperparameters, our final network architecture is shown in 

Table 3, where training was done with a batch size of 32, 

using stochastic gradient descent with hyperparameters 

(momentum=0.9, learning rate= 0.001). 

IX. DISCUSSION AND COMPARISON 

In this paper, we have a tendency to clearly noted the 

numerous interest of researchers in FER via deep learning 

over recent years. The automated FER task goes through 

totally different steps like: data processing, proposed model 

architecture and at last emotion recognition. The 

preprocessing is a vital step, that was present in all the papers 

cited during this review, that consist several techniques such 

as resized and cropped images to reduce the time of training, 

normalization spatial and intensity pixels and therefore the 

data augmentation to to extend the range of the images and 

eliminate the over-fitting problem. All these techniques are 

well presented by lopes For extraction the spatio-temporal 

features researchers proposed different structures of deep 

learning such as a combination of CNN-LSTM, 3DCNN, and 

a Deep CNN. Asper the results obtained, the strategies 

planned by Yu et al. [32] and Liang et al. [33] attain better 

precision compared to the method used by Kim et al. [31]. 

With a rate higher than 99%.Researchers attain high precision 

in FER by applying CNN networks with spatial data and for 

sequential data, researchers used the combination between 

CNN -RNN particularly LSTM network, this indicate that 

CNN is that the network basic of deep learning for FER. For 

the CNN parameters, the Softmax function and Adam 

optimization algorithm are the most utilized by researchers. 

We have a tendency to test the effectiveness of the proposed 

neural network architecture, researchers trained and tested 

their model in several databases, and that we clearly see that 
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the recognition rate varies from one database to different with 

the constant DL model. 

X. CONCLUSION AND FUTURE WORK 

This paper conferred recent research on FER, allowed us to 

know the latest developments in this area. We've got delineate 

completely different architectures of CNN and CNN-LSTM 

recently proposed by different researchers, and presented 

some different database containing spontaneous images 

collected from the real world and others formed in 

laboratories, in order to have and achieve an accurate 

detection of human emotions. We have a tendency to 

conjointly present a discussion that shows the high rate 

obtained by researchers that is what highlight that machines 

today will be more capable of interpreting emotions, which 

suggests that the interaction human machine becomes more 

and more natural. 

 FER are one of the foremost vital ways that of 

providing information concerning about the emotional state, 

but they are always limited by learning only the six-basic 

emotion and neutral. It conflicts with what is present in 

standard of living that has emotions that are more 

complicated. This may push researchers within the future 

work to create larger databases and make powerful deep 

learning architectures to recognize all basic and secondary 

emotions. Moreover, these days emotion recognition has 

passed from unimodal analysis to complex system 

multimodal. Pantic et Rothkrantz [36] show that 

multimodality is one in all the condition for having an perfect 

detection of human emotion. Researchers are now pushing 

their analysis to form and provide powerful multimodal deep 

learning architectures and databases, for instance the fusion 

of audio and visual studied by Zhang et al. [37] and Ringeval 

et al. [38] for audio-visual and physiological modalities. 
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