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Abstract— From the start of the 20th century, technology is 

advancing vastly. The suicide occurrence is levitation, 

taking an appropriate impression on our culture. Every year 

around 1,000,000 individuals kick the bucket as a result of 

self-destructive activities appealing a monetary, social, and 

human issue. On the other way, the utilization of Online 

Media as a method for the message is getting incredibly 

famous, finished with which their passionate states and 

pantomimes are traded over. Subsequently, it is no surprise 

that an ever-increasing number of individuals with 

wretchedness distribute their self-destruction notes in these 

correspondence systems. In this unique situation, Data 

Advances and Correspondences and, all the more explicitly, 

Language Innovations assume a significant job in the early 

location of the downturn, their causes, and their horrendous 

significances according to Sahni [1][16]. Because of these 

contemplations, it is mandatory to give cultural, biologically 

approaches, and answers for defying these cultural 

difficulties. This work professes to be an extensive review 

of not similar investigates in this degree, to depict which 

philosophies, innovations, and assets are utilized in the 

recognition of mental issues by methods for the Online 

Media examination just as to uncover their inadequacies. 
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I. INTRODUCTION 

The improvements in technology are creating life much 

easier but it is also creating a big impact on people. People 

are feeling freer since the internet and other entertaining 

things have come. But on the other side, the meter of 

depression is getting higher and higher in daily life. And 

nowadays, it has become more difficult to express and deal 

with those negative emotions. In this technological era, 

smartphones can help people to detect their depression level 

using some algorithms and notify them. To create a chatbot 

that will help the user to overcome their depression by 

suggesting to them the ways to tackle it. The chatbot is 

made using the RNN framework and has a feature that will 

detect the user's emotions using their chats by Yoon [2]. For 

the handling of all other parts after the detection, the Dialog 

flow framework can also be a good choice. The main 

challenge will be to combine these two independent 

technologies and create a chatbot that will help the user to 

overcome their depression. 

II. LITERATURE SURVEY 

Emotions are the key semantic modules of human 

correspondence. Because of expanding the measure of 

printed data, for example, online journals, conversation 

gatherings, survey destinations, talking information 

introduced on the web shown in table 1 with help of Troussas 

and More respectively[3][4]. Presently a day's the majority of 

the examination is focusing on the region of feeling 

acknowledgment and assessment investigation. Presently a 

day’s analysts are planned to build up a framework that can 

characterize feeling as spoken to in the text. Here spotlights 

on learning distinctive work done here and gives a survey 

that covers the strategies and procedures utilized in feeling 

acknowledgment of text. 

Fig. 1: Approaches with different emotion classes 

Lexical approach and machine-learning approach. First, 

lexical approach depends on available lexicons or ontologies 

discuss in figure 1. Linguistic features are used under 

machine-learning approach. Their evaluation includes 

testing by utilizing the model, they construct the information 

contained in the type of EmotiNet according to Engineering 

[5]. Chopade presented identify the emotion communicated 

in new examples about the classes in ISEAR i.e. 

International Survey of Emotional Antecedents and 

Reactions. [6] EmotiNet model results in the chain of 

activities and their corresponding emotional impact utilizing 

an anthological illustration. 

 
Fig. 2: Different methods for Emotion Recognition 
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III. METHODOLOGY 

 At the early stage of work, the domain hypotheses are 

identified. The sentiment aspects are identified as the 

positive and negative adjectives and different weight is 

assigned to these adjectives based on the criticality vectors. 

After assigning these weights, the next work is to process a 

single message. This process includes the sentence filtration 

and identification of domain features and sentiments. Based 

on the aspect and adjective relationship, the weight of a 

particular sentence is identified. At the final stage given in 

figure 2, [8] [9] the classification methodology will be 

applied to recognize the feature-specific sentiments. 

 
Fig. 3: Work Flow of System 

Extra preparing tests are information warping, which 

produces extra sentences through arrangements applied in 

the information space, we tentatively assess the advantages 

of information expansion for a recurrent neural system, a 

seq2seq naive byes classifier, utilizing the standard Emotion 

classification dataset. We found that while it is conceivable 

to perform various classes in include space, distorting gives 

a more noteworthy advantage to improving execution.[18] 

A. Recurrent Neural Networks 

Recurrent Neural Networks or straightforward RNNs are an 

exceptional sort of neural system that is practiced in 

managing successive information, like videos(sequence of 

casings) and all the more ordinarily, text arrangements, or 

fundamentally any grouping of images. Its shine is, the 

system doesn’t have token what the images mean. It will 

surmise the devotement of images, by outwardly analytical 

the structure of the content and relative places of images. 

There are some shocking articles on RNNs and what they 

are prepared to do. [10] To lay it out, an RNN, in contrast to 

an NLP or CNN, has an inward state. Cerebrate of this state 

as the celebration of the system. As the RNN eats up a 

grouping (sentence), word by word, the basic data about the 

sentence is kept up in this memory unit (inner state), which 

is discontinuously refreshed in each time step. The pith of a 

sentence of 7 words will be caught by an RNN, in 7-time 

steps. This is only a “story” about RNN, proposed to give an 

elevated level thoughtful of RNN. [11] 

 
Fig. 4: Recurrent Neural Network. 

Speak to in figure 3 RNN structure, The Naive form of RNN 

is regularly called a Vanilla RNN, which is engaging 

lamentable in recalling long groupings. There are 

progressively involute variants of RNN, as LSTM (Long 

Short Term Recollection) and GRU (Gated Recurrent Units) 

RNNs. The main qualification between a Vanilla RNN and 

LSTM/GRU systems is the engineering of the memory unit. 

[7] An LSTM cell comprises of different doors, for recalling 

utilizable data, overlooking advantageous data, and 

fastidiously uncovering data at each time step. 

B. Seq2Seq Model 

Arrangement to Sequence model presented in Learning 

Expression Representations utilizing RNN Encoder-

Decoder. Measurable Machine Translation has Encoder-

Decoder in figure 4 for from that point forward, become the 

Go-To prototypical for Dialog Systems and Machine 

Translation. It comprises of two RNNs (Recurrent Neural 

Network): An Encoder and a Decoder. The encoder takes a 

succession (sentence) as info and procedures one image 

(word) at each time step. Its goal is to change over a 

succession of images into a fixed-size element vector that 

encodes just the critical data in the arrangement while losing 

the preventable data. You can imagine information stream in 

the encoder along with the time pivot, as the progression of 

neighborhood data starting with one finish of the succession 

then onto the next. There are a couple of trials utilizing this 

model. The most upsetting one is that the model can’t deal 

with variable-length successions. It is upsetting because 

practically all the succession to arrangement applications 

include variable-length groupings. [14] The following one is 

the jargon size. The decoder needs to run delicate max over 

a huge language of state 20,000 words, for each word in the 

yield. That will hinder the preparation procedure, regardless 

of whether your equipment is fit for dealing with it. The 

showing of words is critical. 

 
Fig. 5: Seq2seq Model. 

The utilization of one-hot vectors implies we have to 

manage enormous meager vectors because of huge jargon 

and there is no semantic importance to words encoded into 

one-hot vectors. How about we investigate how we can 

confront these tests, individually. 
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1) Input Text 

In that, your typed sentences for the chatbot take as input 

with pad <SOS> and <EOS>.The sentences forward to 

Recurrent Neural Network. 

2)  Emotion Decoder 

There are three ways for detection of emotion: The learning-

based approach, hybrid Based approach, and keyword Based 

approach. Semantic and syntactic data such as n-grams and 

these approaches are utilized for the detection of the 

emotions. The learning-based methodology utilizes a 

prepared classifier for the identification of emotion. It uses 

keywords as features classify input textual data into emotion 

classes. Obscured limits between emotion classes and lacks 

context analysis generated these are the major disadvantages 

of the use of a learning-based approach. To explain the 

classification task support vector machine means that SVM 

is utilized in this approach. It has achieved great execution 

in a few fields identified with text mining. [15] The 

keyword-based methodology includes recognizing words to 

scan for in textual information. It is straight forward and 

simple to implement. This methodology depends on specific 

emotional keywords and requirements pre-processing for 

better exact results. Hybrid based approach in emotion 

detection is a blend of keyword and learning-based 

approaches. This methodology gives higher accuracy results 

via training many classifiers and including information-rich 

linguistic data from word dictionaries. 

C. Flask 

Flask is a miniaturized scale web system written in Python. 

It is delegated a small scale structure since it doesn't need 

specific devices or libraries. It has no information base 

deliberation layer, structure approval, or whatever other 

segments where prior outsider libraries give basic capacities. 

D. Context Vector 

Vector consisting of all possible words and metadata to 

indicate the presence or absence of words metadata in the 

document. We can even assign weights instead of just 

binary values. 

1) Word embedding layer 

 Possibly introduced utilizing the w2v model prepared 

on your corpus. 

 Implanting layer might be either fixed or tweaked 

alongside different loads of the system. [16] 

E. Classification of emotion 

 Convolutional Neural Systems for Sentence Order (Yoo 

Kim, 2014)  

 Twitter Assumption Examination utilizing joined 

LSTM-CNN Models (Sosa, 2017)  

 An Example-Based Methodology for Multi-Class 

Assumption Examination on Twitter (Bouazizi and 

Ohtsuki, 2017)  

 Assumption Examination: from Paired to Multi-Class 

Order (Bouazizi and Ohtsuki, 2017)  

 Trying different things with Removed Management for 

Feeling Order (Purver and Battersby, 2012)  

Choice of Neural Network Model RNNs, 

particularly LSTMs, are favored for some, NLP assignments 

as it “learns” the importance of request of consecutive 

information, (for example, messages or time arrangement 

information). Then again, CNN's remove highlights from 

information to recognize them. Past methodologies either 

utilize one technique (Yoo Kim, 2014) or adopt a half breed 

strategy by utilizing both in a similar model (Sosa, 2017).  

We take components from every one of the above 

models and expand making multichannel systems where we 

permit the model to endeavor to self-realize which channels 

permit it to show signs of improvement forecasts for specific 

classes of information [12][13]. Our theory is this will 

permit the model to utilize the general focal points of the 

various channels to improve by and large forecasts. [18] 

F. Output Text 

The output from the Chabot given in the form of emotion 

like happiness, sadness, fear, etc. using the seq2seq model. 

The seq2seq model overcomes the drawback of the bag of 

words such as fixed-sized input, doesn't take order into 

account, and fixed-sized output. Seq2seq model also uses 

for the encoding and decoding the text. 

IV. RESULT AND ANALYSIS 

A. Hardware Configuration Used in Experimentation 

CPU: 
Intel(R) Xeon(R)Silver 4112 CPU 

@ 2.60GHz 

JSON parameters are 

RAM: 
12 GB 

Cores: 16 cores 

System type: 
64-bit Operating System, x64-

based processor 

Disk Storage: 128 GB 

Memory: 16 GB 

B. Software Packages Used in Experimentation 

Operating 

System: 
Windows 10 

Python 

version: 
Python 3.5 

Libraries: 

Keras: Keras is an open-source neural 

network library written in Python. It is used 

to build CNN. 

Tensorflow 1.12.0: It is used along with 

Keras. It is used as a backend to Keras. It 

helps to run the model on the CPU. 

Tensorflow-GPU 1.12.0: It is used along 

with Keras. It is used as a backend to Keras. 

It helps to run the model on GPU. 

IDE: Jupyter Notebook, Spyder 

C. Evaluation Parameters 

 Perplexity  

 N-gram particular measurements acclimated to the size 

of the example.   

 Lexical likeness between tests of the model and some 

fixed dataset. Lexical closeness is a cosine separation 

between the TF-IDF vector of reactions produced by the 

model and tokens in the dataset. 

 Positioning measurements: mean normal accuracy and 

mean review shows in figure 5. 
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Fig. 6: Confusion Matrix 

The idea of information warping for neural systems can be 

credited to in making a model of character bends that web 

happens in the visiting cycle. The term warping was 

authored by, in the context vector of creating haphazardly 

warped stroke information for emotion classification.  

The warped character stroke information was utilized to 

adjust the measure of preparing models for each character 

class so as to lessen the bias in the classifier to support all 

the more oftentimes introduced preparing models result 

observe in graph [Fig.7]. Indeed, even an increase in 

information space utilizing flexible warping just gave an 

unassuming improvement in test error %, and this just 

happened at a lot of information growth. 

 

 
Fig. 7: Analyzing the performance 

D. Final Output 

Output are show with the help of co- ordinates and also 

graphical representation that show in fig 8. 

 
Fig. 8: Graphical representation. 

V. CONCLUSIONS 

Generating responses from sequences of chatbot 

conversations and identifying the emotions of the user is the 

need of an hour with this dissertation work, we will try to 

address this problem using NLP techniques and the seq2seq 

model, also enhancing performance 30% to 75% using data 

warping. 

VI. FUTURE WORK 

The implementation of Artificial Intelligence (AI) chatbots 

will increase the features respective witness, mainly in the 

consumer-based facilities or services. The developing trends 

indicate that chatbots will be matching providing similar 

services and human behaviour. Emotion will recognize with 

speech, text, facial, etc. build with chatbot system and notify 

class also helpful for prevention. The heart pluses will 

recognize the emotion of human. 
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