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Abstract— Emotion recognition is the concept of identifying 

human feelings. People vary widely in their accuracy at 

recognizing the emotions of other.  Neural Network is the 

one of the best algorithm for prediction and handling the 

voice and signal type of data. In the other types the emotion 

can be found using covert the files using the image 

processing but now we skipping the image processing using 

the algorithm MLP. Here we use only .Wav format files to 

represent an emotion of a human. Here we apply several 

techniques to find the emotion of the human. The first 

method will be a feature extraction and other will be 

prediction. Here we take eight type of emotions. They are 

sad, happy, calm, neutral, angry, fearful, disgust, surprised. 

Using that data we extract the emotion before the image 

processing model. In this we have two kind of modules 

which is test data and train data which will be useful in 

extraction of all the data that is used to fetch the emotion of 

the person. 

Keywords: Feature extraction, Prediction, Multilayer 

perceptron (MLP) 

I. INTRODUCTION 

Ability to know human emotions is desirable for computer 

in applications like polygraph, developing learning 

environments, consumer relations, entertainment etc. 

Experiments are conducted for designing intelligent human 

machine interaction by simulating emotional intelligence of 

human brain [1]. Machines can recognize, “what is said” 

and “who said it” using speech recognition and talker 

identification techniques. If equipped with emotion 

recognition techniques, machines also can know, “how it's 

said.” Within the field of human computer interaction 

(HCI), aside from facial expressions and gestures, speech 

may be a powerful medium to speak with emotional 

intelligence [2]. This paper explores neural network (NN) 

methods to acknowledge human emotions (neutral, anger, 

boredom disgust, fear, happiness, and sadness) in speech. 

A. Emotion Recognition System Design 

Emotion recognition system (Figure 1) tells about the 

working of the modules. It accepts only (.wav) formats so 

the MLP algorithm uses the dataset in order to predict the 

output. 

B. Emotional Speech Database 

This study used Berlin Emotional Speech concept [3], that 

contains speech sample from five male and five females, 

and ten totally different sentences of seven types of 

emotions (anger, boredom, disgust, fear, happiness, 

unhappiness, and neutral). Out of 493 speech samples 

(length of every speech sample, 2-8 s) during this 

information, 286 samples were of feminine voice and 207 of 

male voice. Emotional speech samples were classified into 

natural vocal expression, elicited emotional expression, and 

simulated emotional expression [3]. Natural vocal 

expression was recorded throughout present emotional states 

of varied types (TV program, talking shows or interactive 

game shows). Victimization psychotropic medicine of 

games or events generates elicited emotions. Simulated 

emotional expressions square measure vocal expressions of 

sure emotions. 

C. Computer Simulation Experiment 

Speech signals were analyzed to class emotions by learning 

speech options of speech [formant frequencies, entropy, 

variance, minima, median, linear prediction corrector 

(LPC)], that were extracted by spectral analysis and have 

extraction algorithms. Then, multilayer perceptron (MLP) 

will fetch the data without image processing. 

 
Fig. 1: MLP working 

The paper is organized into following sections: 

Section 2 presents background study of the Emotion 

prediction using Multilayer perceptron. Section 3 describes 

the Emotion prediction technique using Multilayer 

perceptron to find the emotion. Section 4 shows the 

experimental results. Section 5 concludes the paper. 

These are the abstracts that present in this paper.   

II. BACKGROUND STUDY 

Y. Ma, Y. Hao, M. Chen, J. Chen, P. Lu et al [3] offers 

multi-modal feeling recognition lacks the express mapping 

relation between feeling state and audio and image options, 

thus extracting the effective feeling data from the 

audio/visual information is often a difficult issue. 

Additionally, the modeling of noise and information 

redundancy isn't solved well, in order that the feeling 

recognition model is commonly confronted with the matter 

of low potency. The deep neural network (DNN) performs 

excellently within the aspects of feature extraction and 

extremely non-linear feature fusion, and therefore the 

sentiency noise modeling has nice potential in finding the 

information the info the information pollution and data 

redundancy. 

S. Zhang, T. Huang, and W. Gao et al. [2] Speech 

feeling recognition is difficult as a result of the affection gap 

between the subjective emotions and low-level options. 

Integration construction technology learning and model 

coaching, deep convolutional neural networks has 

exceptional success in bridging the linguistics gap in visual 

tasks like image differentiation, object finding. 

P.Song [1] Speech feeling recognition has received 

associate increasing interest in recent years that is 

commonly conducted on the belief that speech utterances in 

Audio 

(.wav) 
MLP 

Emotion 

prediction 

   

 



Speech Emotion Features Selection using Multilayer Perceptron 
 (IJSRD/Vol. 8/Issue 2/2020/315) 

 

 All rights reserved by www.ijsrd.com 1358 

coaching and testing datasets are obtained underneath an 

equivalent conditions. However, in reality, this assumption 

doesn't hold because the speech information are usually 

collected from totally different devices or environments. 

Hence, there exists discrepancy between the coaching and 

testing information, which can have associate adverse result 

on recognition performance. 

C.-W. Huang gives: we have a tendency to gift a 

deep convolutional repeated neural network for speech 

feeling recognition supported the log-Mel filter bank 

energies, wherever the convolutional layers are chargeable 

for the discriminative feature learning. 

III. OUR SYSTEM MODEL 

The proposed framework beat the issues that looked 

previously, so right now the system is used to get the right 

benefits of the time that must be saved to the users which is 

highly used as the best prediction model to the users. The 

system that uses MLP will be used for the skipping the 

process of the users that is to be used. This concept is highly 

used to many situations that are to be used for the peoples 

that need in the system.  

A. Adding Files 

In this the system totally needs to find the emotion of the 

actors. Which will take the audio files in the form of .wav 

and represent it with the algorithm which is totally faster. 

B. Preprocessing 

Speech signal database was filtered from noise and then 

normalized (Figure 2). The format of the .wav is 

represented. It will chance speech signal in that format. 

Fig. 2: Speech signal waveform. 

C. Feature Extraction 

An algorithmic rule was programmed in MATLAB to get 

applied math parameters (formant frequencies4, entropy, 

variance, minima, median, LPC) of a speech signal info 

(Figure 3) and dataset for all 493 speech samples was ready 

to feed to NN for feeling recognition. 

D. Speech Analysis 

Entropy and formant frequency area unit wide employed in 

speech recognition, verification, and different applications. 

Energy contours (log entropy, Claude E. Shannon entropy, 

threshold entropy, certain entropy, norm entropy) and 

formant frequency contours (Formant0, Formant1, 

Formant2, Formant3, and Formant4) were extracted from 

speech signal. Loud segments were determined by selecting 

a threshold below most energy, so a contour was made 

showing audible/inaudible segments of speech. Speech 

analysis was performed to search out potential options that 

may actually represent spirit despite speaker’s gender and 

context. 

 
Fig. 3: Proposed system Design. 

1) Multilayer Perceptron Neural Network (MLPNN) 

MLPNNs are stratified feed forward (FF) networks usually 

trained with static back propagation to classify static pattern. 

However, MLPNNs train slowly, and need countless 

coaching information (typically three times a lot of 

coaching’s samples than network weights). 

Pseudo-code: 

1) Read audio file in the .wav format only. 

2) Convert the file if it is not in the right format else the 

file will not be accepted. 

3) Calculate the size of the extract_feature(file) where file 

is number of files that are used. And Y is number of 

columns (for testing 25% space and training 75% space 

in the local disk). 

4) Read threshold  value of the audio files in order to find 

the result 

5) For x = 1 to X  

For y = 1 to Y 

a) The testing of audio will be done with the test(X,Y) and 

after the testing training of the machine will be done. 

The implementation is completed with train(X, Y).  

The process completion without processing of the image 

will be used to find the system to the faster the prediction 

level of the system. This will produce the proper output in 

the system to perform higher. 

IV. DISCUSSION 

Extracted options of speech signals area unit fed 

haphazardly to MLP and knowledge is trained for various 

hidden layers. MLP with different hidden layer gave higher 

performance. Number of process components (PE) in hidden 

layer were varied. Network was trained and best results area 

unit obtained once 10 PE were employed in hidden layer. 

For coaching MLP, knowledge was used as follows: 
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coaching dataset 90 and testing dataset, 10%. Overall 

correct recognition of emotions by MLP has been found to 

be 89.62% 

 
Fig. 4: Import files module 

In Figure 4 represents the import files that are used. 

 
Fig. 5: Prediction data 

In figure 5 represents the predicting the emotion from audio.                                     

The emotion that are to be easily found with the 

threshold value that are present in the system to be followed. 

V. CONCLUSION 

In order the computer and robots have multiple intelligence, 

so we have done with the correct instructions the main 

output will be easily predicted. In this, the MLP is the 

common tool that we used in the System in which it is very 

much faster than the convolution neural network which is 

reduces the time complexity of the users.it accepts only 

speech in the form of wave which will be highly useful for 

the users for the users. This way the system will perform in 

which the Multilayer perceptron (MLP) is highly used in the 

systems for better efficiency of the system that is faster 

multilayer perceptron will skip the one of the features like to 

image prediction that used in convolution neural network. 
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