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Abstract— The role of Text Summarization is to eliminate 

missing bits from the original text. The extracted 

information is produced as a condensed report in this 

process, and presented to the client as a succinct summary. 

Human perception and decoding of the text's meaning is 

very difficult. An exhaustive survey on abstractive methods 

of summarizing text was presented in this paper. The large 

methods of abstract summarization are a formal approach 

and an approach focused on semance. This paper 

collectively summarizes and decipheres the different 

methodologies, difficulties and abstractive description 

problems. Datasets and their properties are being discussed 

on the state of the art benchmarks. This survey shows that 

most abstract summary methods generate highly organized, 

coherent, less repetitive summaries and rich in detail. 
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I. INTRODUCTION 

With the Internet's rapid rise, people are overwhelmed by 

the huge amount of knowledge and documents available. 

The growing availability of records has required detailed 

document overview analysis. Document summary is the 

process of software shortening a text document to create a 

summary of the main points of the original document. The 

main idea of summarization is to find a subset of data that 

contains the entire set of "data." There are two popular 

methods used to analyze Documents: Extractive 

Summarization and Abstractive Summarization. We 

recognize relevant sentences or phrases from the original 

text in Extractive summary, and extract only those from the 

text. This would be our description of those extracted 

sentences. In Abstractive description, new sentences are 

created from the original text. That is in contrast to the 

extractive approach, in that we used only the present 

sentences. 

 
Fig. 1: Overview of Abstractive Summarization 

II. LITERATURE SURVEY 

Most existing automated text summary systems use the 

process of extraction to generate a summary. Sentence 

extraction methods are widely used to generate summaries 

of extraction. Compression rate is an important factor used 

in the extraction process for determining the ratio between 

the description length and the source text. As the 

compression rate increases, the description will be bigger, 

and it will contain more irrelevant content. Although the 

compression rate reduces the description to be short, there is 

more lost detail. To summarize documents, there are three 

main steps. These are the definition, description and 

generation of summaries of topics. 

A. Topic Identification 

The most influential information is identified in the text. 

Specific topic identification strategies are used, including 

Location, Cue Phrases, and word frequency. Tools that are 

based on phrase position are the most useful approaches for 

defining topics. 

B. Interpretation 

The abstract summaries will go through the process of 

interpretation. Throughout this phase, various themes are 

fused to form a general material. 

C. Overview Generation 

The system uses the method of generating text in this stage. 

Some of the most widely used methods of summarization 

are: 

1) Universal Text Summarization using (TF-IDF) Method 

TF-IDF stands for Term Frequency- Inverse Document 

Frequency, and TF-IDF weight is a weight often used in 

knowledge recovery and text mining. This weight is a 

statistical method used to determine just how important a 

word in a series or corpus is to a text. The value increases 

proportionally with the amount of times that a word appears 

in the text but is offset by the word frequency in the corpus. 

Search engines also use variants of the TF-IDF weighting 

scheme as a central tool in scoring and rating the importance 

of a text, provided a user question. 

2) Cluster-based Method 

Clustering approach is useful to evaluate which data type is 

present in the text. Traditional clustering algorithms of 

documents use the full-text in the documents to create 

feature vectors. These approaches also yield unsatisfactory 

results because the documents contain much noisy material. 

A major negative factor influencing the results is also the 

varying-length issue of the papers. This technique retrieves 

essential phrase stressing high information richness in the 

sentence as well as fast retrieval of information. 

3) Text Analysis using the Theoretical Graph Method 

Graph-based ranking algorithms are essentially a way to 

determine the significance of a vertex within a graph, based 

on the graph structure information. These algorithms can be 

adapted to undirected or weighted graphs, which are 

particularly useful when applying for text-based ranking. 

There is a node to every sentence in this technique. If the 
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two sentences share some common terms, in other terms, 

their similarity is above some level, two sentences are linked 

with an edge. 

4) Text Summarization using the Neural Networks 

Approach of Text Summarization 

The first step of the process involves training the neural 

networks to learn the types of sentences that the description 

will include. After the network has learned the features that 

must exist in summary sentences, we need to discover 

patterns and relationships among the features inherent in 

most sentences. This is achieved by the fusion feature 

process, which consists of two steps: 

1) Removal of uncommon features; and 

2) Collapse of common feature effects. 

III. RESEARCH 

Generally, the extractive method of summarizing text was 

used primarily. But increasingly, the practice of summing up 

abstract text has brought about a major change in this area. 

This may be due to the approaches used under structure-

based methods categories and semantic-based methods that 

condense a text more strongly than the methods of 

extraction. For a specific Indian language, it primarily 

involves translating a text into pre-processed form before 

eventually translating it to a list. In our paper, we 

concentrated on the method called seq2seq prediction 

problems which have proven to be very successful is called 

the Encoder-Decoder LSTM. This architecture consists of 

two models: one for reading the input sequence and 

encoding it into a fixed-length vector, and another for 

decoding the fixed-length vector and outputting the 

predicted sequence. The Encoder-Decoder LSTM was 

designed for problems in the processing of natural language 

where it demonstrated state-of - the-art efficiency, 

specifically in the translation of text called statistical 

machine translation. 

 
Fig. 2: LSTM Model 

IV. METHODOLOGY 

Inspired by previous works, we used three layers of LSTM 

in the encoder and three other layers of LSTM in the 

decoder in our analysis and implementation (details of the 

model are defined in Section 3.0). The data sets used in this 

research have not been as clear as news stories, however. 

Our datasets contain a lot of technical terms, 

coding and unreadable characters. We hoped that extractive 

summarising might help extract key sentences from the 

articles, which can be used as inputs to our abstract deep 

learning models. In this way, the abstractive description 

input documents will be neater than the original ones. 

 
Fig. 3: Encoder Decoder Model 

The figure below shows the project strategy flow 

chart. The first step is to acquire data, which we did during 

section setup. The data includes product and user 

information, ratings, and with their description a plain text 

analysis. When the dataset is downloaded we get a CSV file. 

This file will then be read by software, and cleaned in the 

second stage. 

 
Fig. 4: Flow Diagram 

V. RESULTS 

The summary program we implemented based on abstract 

summary model produces surprisingly good results. This has 
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a range of advantages such as low cost, high reliability, 

good performance etc. and the system's ability toperate in 

various situations will also increase as the system learns 

from previous events with the help of the ML algorithm. 

The main aim of the proposed solution is to optimize the 

document's comprehension and reduce the time required to 

understand the document's semantics. 

VI. CONCLUSION 

This analysis shows that approaches focused on deep 

learning are promising and offer some hope to solve the 

abstract text description that had been largely unresolved so 

far. But the metric and lack of data set problems are a 

challenge to scalability and generalization of multi-

summarisation. We can expand the functioning of the tool in 

future work by making it multilingual, i.e. it can generate 

summary for the document that contains different world 

languages. Also we can add the functionality to summarize 

the multiple documents in one go. 
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