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Abstract— Personality is a combination of an individual’s 

motivation, emotion and behavior. Each personality has 

great impact on each live. Personality plays an important 

role in academic achievement. Many psychologists have 

found that as GPA and exam performance are both predicted 

by conscientiousness. Openness and Extraversion both 

predict all learning styles and Neuroticism is negatively 

related to academic success. All Big Five personality traits 

helped to predict the educational identity of students. By 

seeing these findings, there might be a large influence on 

academic motivation that leads to predicting a student's 

academic performance. This paper introduces Personality 

trait detection in Myanmar University students. A 

Personality traits dataset that was gathered from 100 

students. 
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I. INTRODUCTION 

Words of individual person can predict which personality 

type. In many research papers, the researchers have been 

predicting personality traits in various ways. By analyzing 

human’s behavior and emotion words, personality type can 

be predicted. Many studies can be conducted to identify 

various personality traits. There are countless personality 

tests to predict personality. These tests are based on 

different types of models. The most popular model of 

personality trait is Big Five Model. This model is also called 

Five Factor Model. Many researchers in the field of 

Computer science extracted data from the social media to 

predict the personality traits in different languages as 

English, Spanish, Chinese, Filipino and Portuguese. 

However, there is no Myanmar personality traits prediction 

although the huge number of Myanmar users in different 

social media platforms. In this paper, a new-labeled dataset 

for Myanmar language dataset is provided. The method of 

gathering data, preprocessing and statistics of the dataset is 

discussed. 

A. The Big Five Personality Trait 

The Big-Five Model is the most widely used method in the 

prediction personality traits process. It is also defined by 

five dimensions called openness, conscientiousness, 

extraversion, agreeableness and neuroticism. The Big-Five 

personality traits model is defined as follows: 

1) Openness:  

Openness, or openness to experience, refers to a sense of 

curiosity about other people and the world. A high score in 

openness score can mean that they have broad interests. 

They may enjoy in problem solving with new methods .And 

they also find it easy to think about things in different ways. 

Being open to new ideas, they may help others and adjust 

easily to change. A low openness score can mean that they 

consider concepts in straightforward. 

2) Conscientiousness:  

Conscientiousness describes a careful behavior and detail-

oriented nature. They might follow a regular schedule .And 

they also have a knack for keeping track of details. They 

likely deliberate over options and work hard to achieve their 

goals. Their   friends and others might see them as a reliable, 

fair person. 

3) Extroversion:  

Extroversion refers to the energy that draw from social 

interactions behavior .A low extraversion score can mean 

that they prefer to spend time alone or within a small group 

of close friends. Especially, they might also be a more 

private person when it comes to sharing details about their 

life. 

4) Agreeableness:  

Agreeableness refers to a condition that they usually do keep 

things running smoothly.  They are helpful and cooperative 

person.  People might see them as trustworthy. The others 

might seem that they’re trying to resolve a disagreement. In 

low agreeableness, they might also be less sympathetic with 

others. However, they are also likely avoid the pitfalls of 

comparing themselves to others. They are also caring about 

what others think of them. 

5) Neuroticism:  

Neuroticism describes a tendency that having unsettling 

thoughts and feelings. In high on neuroticism score, they 

may blame themselves when things go wrong. They might 

also get frustrated with themselves easily, especially if they 

make a mistake. A low neuroticism score can mean that they 

are confident. They may have more resilience. And they find 

it easy to keep calm under stress. Relaxation might also 

come more easily to them. 

II. RELATED WORK  

User's text feed can be considered as the one of the most 

significant feature that express their personality. Most of the 

researchers have done prediction human personality traits. 

Early work on computational personality recognition 

(Argamon et al., 2005; Nowson and Oberlander, 2006) used 

SVM-based approaches and manipulated lexical and 

grammatical feature sets. Today, according to the organizers 

(Rangel et al., 2015) Modeling and predicting apparent 

personality is studied from different modalities and 

linguistics (Alam et al. 2013; Koroveshovski 2014; Nowson 

and Gill 2014. They have found there are connections 

between personality characteristics and specific words used 

in tweets. 

Xue, D et al., (2018) proposed a deep learning-

based approach for personality recognition from text posts 

of online social network users.  They utilized a hierarchical 

deep neural network composed of newly designed AttRCNN 

structure and a variant of the Inception structure to learn the 

deep semantic features of each user’s text posts. Veronica 

Ong et al(2017)[9] built Personality trait detection system 
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based on expression in Chinese language by using SVM, 

and XG Boost trained with  329 instances. 

Hagon and Shelton (2006) pointed out the 

personality theories examine the variances and similarities 

in a person. The similarities can be used to predict one’s 

performance and behavior, as they provide the collective 

attributes of human nature. 

Qiu et al., [2] have analyzed the relationship 

between participants’ words in Twitter and their 

personalities. Xiaoqian Liu and Tingshao Zhu [7] have used 

LIWC to represent each tweet and extracted the main part 

by DFT. 

III. PROPOSED METHODOLOGY 

The methodology used in this paper is composed of several 

stages.  The first is the dataset gathering. Second is the 

preparation of the dataset for classification process. This 

stage includes cleaning and preprocessing. Third stage is 

features extraction from the dataset. Fourth stage is training 

of the classifiers. The last stage is evaluating these 

classifiers to choose the best among them. There is no 

dataset of personality traits in Myanmar language. 

A. Dataset Gathering 

To build a proper dataset, which can be used in this study, 

data were collected by filling questionnaire survey forms. 

Access to the targeted user's social feeds should be acquired 

and their personality scores should be assessed. There are 

two main approaches to determine and predict human 

personality scores. The first one is self-reported approach 

taken on the person themselves by using questionnaire 

which are designed by psychologist. The self-reported 

approach was chosen and published an online questionnaire 

through the internet survey form. Data were collected from 

students who are not only undergraduate students but also 

Master degree students from different Universities in 

Myanmar. 

1) Create Questionnaire  

Personality traits scores are assessed through a Likert scale 

questionnaire. In survey form, multiple choice personality 

test questions and short essay type which can describe user 

emotions upon their environment persons, are used to 

measure personality traits score. Among them, some of 

these questions are proportional to the personality trait and 

the others are inversely proportional.  

The statements in survey form concern user`s 

perception about themselves in a variety of situations. 

User`s task is to indicate the strength of their agreement or 

disagreement with each statement. User`s opinion as well as 

emotion words can reflect their personality type. From 

Psychologist`s point of view, by analyzing students’ 

thinking, feeling and behavior, personality trait can be 

predicted. In used questions, there are no “True” or “False” 

answers, so select the number that most closely reflects 

them on each statement. For each question, there may be 

any of five choice answers based upon user`s emotion 

behavior and thinking. They are Strongly Agree, Agree, 

Neutral, Disagree, and Strongly Disagree. 

 Sample Questionnaire for Openness 

Have you ever got excellent ideas? 

How do you understand things? 

Do you have a good imagination? 

 Sample Questionnaire for Conscientiousness 

Do you pay attention in details? 

Do you like order? 

Have you followed a schedule? 

 Sample Questionnaire for Extraversion 

Don't you mind being the center of attention? 

Have you ever got comfortable feel in around people? 

Do you start conversations? 

 Sample Questionnaire for Agreeableness 

Have you ever interested in people? 

Do you take time out for others? 

Have you felt others' emotions? 

 Sample Questionnaire for Neuroticism 

Do you get irritated easily? 

Have you got stressed out easily? 

Do you have frequent mood swings? 

2) Collect User Feeds 

For each user, the questionnaire survey form is sent through 

social media and let them to fill out their answers according 

to their motivation. And then, their feeds are collected. 

B. Calculating Personality Score 

After collecting data, personality score should be assigned to 

each user based on their answers for the questionnaire. 

C. Dataset Preparation 

In preprocessing, there are two steps. They are (1) Data 

cleaning (2) Text preprocessing. 

1) Data Cleaning:  

The data collected from user feeds may contain noises that 

should be omitted. As an example of these noises are digits, 

emotions, and other characters. Non-Myanmar words that 

should be translated into Myanmar words. 

2) Text preprocessing:  

There are two different processes in text preprocessing, 

which are normalization and redundancy removal. Firstly, 

slang words are extracted by using created slang words 

dictionary for detecting candidate words for normalization 

.After extracting slang words, normalization is applied to 

these words .In Normalization, the form of words should be 

unified. Therefore, a single form of every letter should be 

used. Users may write repeatedly   some letters inside 

words. These letters should be removed to reach the original 

word. Stemming is the process of reducing inflection in 

words to their root form. The “root” in this case may not be 

a real root word, but just a canonical form of the original 

word. Stemming uses a crude heuristic process that chops 

off the ends of words in the hope of correctly transforming 

words into its root form. Lemmatization on the surface is 

very similar to stemming, where the goal is to remove 

inflections and map a word to its root form. A highly 

overlooked preprocessing step is text normalization. Text 

normalization is the process of transforming a text into a 

canonical (standard) form. 

D. Feature Extraction 

After extracting the dataset, it will be divided into training 

and testing by ratio two to one respectively. Then the term 

frequency inverse document frequency (tf–idf) for unigram, 
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bigram, trigram or their combinations will be used as 

features. Tf–idf is one of the most popular term-weighting 

schemes today. 83% of text-based recommender systems in 

digital libraries use tf–idf. It is numerical statistics which 

measures the usefulness of term in the corpus.  

E. Classification Algorithms 

Among the classification algorithms, many researchers 

found that supervised classification algorithms are the most 

suitable in this system. The classification step   usually 

involves a statistical model like Naïve Bayes, Linear 

Regression, and Support Vector Machines. 

1) Naïve Bayes:  

A family of probabilistic algorithms that uses Bayes’s 

Theorem to predict the category of a text. 

2) Linear Regression:  

A very well-known algorithm in statistics used to predict 

some value (Y) given a set of features (X). 

3) Support Vector Machines:  

A non-probabilistic model which uses a representation of 

text examples as points in a multidimensional space. These 

examples are mapped so that the examples of the different 

categories (sentiments) belong to distinct regions of that 

space. Then, new texts are mapped onto that same space and 

predicted to belong to a category based on which region 

they fall into. 

4) Decision Tree (DT):  

Decision tree divides the data into smaller groups in a 

structure of a tree. It breaks down a dataset into smaller and 

smaller subsets. Decision trees can handle both categorical 

and numerical data. 

IV. EXPERIMENT 

A questionnaire survey form composed of multiple choice 

questions and requested commands. User`s choices and 

commands were used to calculate personality traits score. In 

this system fifty multiple choice questions are used to 

predict the level of personality trait.  Appropriate questions 

were selected from Psychologist tests. Then the 

questionnaire were translated into Myanmar language.  

A. Dataset Properties:  

The dataset has 100 users, who are from different 

universities in Myanmar. The scores are from 1 to 5 in that 

trait. In all traits, the number of users in both scores are 

close to each other. This mean that the dataset is balanced.  

B. Experimental Setting:  

The first Personality traits dataset gathered from Myanmar 

University Students. Then personality scores are calculated. 

All the experiments were implemented in Python. 

C. Experimental Results 

The Support Vector Machines (SVM) algorithm achieved 

the best performance in the classification process over the 

other algorithms. The performance comparison on   different 

classification models is as follow:  

Classifiers 
Overall Accuracy 

(%) 

Precision 

(%) 

Recall 

(%) 

SVM 81.10 77.23 72.33 

DT 76.48 72.40 45.57 

Naïve 

Bayes 
68.35 82.20 73.30 

V. CONCLUSIONS 

In this paper, a new personality traits dataset for Myanmar 

users was gathered by Likert scale is presented. The method 

used for collecting the dataset was discussed. The 

experiment for this dataset was presented by using tf-idf. 

And SVM, DT, KNN as supervised machine learning 

algorithms to be considered as a baseline for comparisons. 

These results can be considered as a good start for a system 

that predict personality for users. This study aims to provide 

assistance to teachers in schools to deal with students who 

are sarcastic in nature. It would also support further 

researches for psychologists and psychiatrists to deal with 

the people of certain personality traits. Next steps are 

planned to increase the size of the dataset and improve the 

result by adding feature selection techniques and models. 
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