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Abstract— Identifying the  truthful data is difficult in the 

presence of noisy data contributing different sources through 

online social media that is facebook, twitter, what’sup and 

Instagram etc,., and now a days it’s a crucial task in the era of 

big data. In this paper we are going to concentrate on the three 

main issues which cannot be described in the previous papers 

or in any literature. The “misinformation spread”, ”Data 

Sparsity”, ”trustworthiness”. To address the above three 

challenges we develop scalable and Robust Trust Discovery 

Scheme and also a distributed framework which implements 

the proposed truth discovery scheme using queue in an 

HTCondor System in this paper. A critical challenge that 

exists in social media sensing is truth discovery where the 

goal is to identify reliable sources and truthful claims from 

massive noisy, unfiltered, and even conflicting social media 

data. . The task, referred to as truth discovery, targets at 

identifying the reliability of the sources and the truthfulness 

of claims they make without knowing either a priori.    
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I. INTRODUCTION 

This paper discuss about a new scalable and robust approach 

to solve the truth discovery problem in social media 

applications and in big data. Online Social media provides a 

new sensing paradigm in the era of big data and here people 

can act as a subiquitous, inexpensive and versatile sensors 

which results a spontaneously report their observations about 

the physical world. And also to overcome the misinformation 

SRTD deals with the copying, spamming, forwarding and 

self-correction. 

II. LITERATURE SURVEY 

Literature survey is the most important step in software 

development process. Before developing the tool it is 

necessary to determine the time factor, economy n company 

strength. Once these things r satisfied, ten next steps are to 

determine which operating system and language can be used 

for developing the tool. Once the programmers start building 

the tool the programmers need lot of external support. This 

support can be obtained from senior programmers, from book 

or from websites. Before building the system the above 

consideration are taken into account for developing the 

proposed system. In this paper, we develop a Scalable and 

Robust Truth Discovery (SRTD) scheme to address the 

misinformation spread, data sparsity, and scalability 

challenges in big data social media sensing applications. To 

address the misinformation spread challenge, the SRTD 

scheme explicitly models various behaviors that sources 

exhibit such as copying/forwarding, self-correction, and 

spamming. To address data sparsity, the SRTD scheme 

employs a novel algorithm that estimates claim truthfulness 

from both the credibility analysis on the content of the claim 

and the historical contributions of sources who contribute to 

the claim. To address the scalability challenge, we develop a 

lightweight distributed framework using Work Queue and 

HTCondor, which form a system that is shown to be both 

scalable and efficient in solving the truth discovery problem. 

We evaluate our SRTD scheme in comparison with state-of-

the-art baselines on three real-world datasets collected from 

Twitter during recent. The evaluation results show that our 

SRTD scheme outperforms the state-of-the-art truth 

discovery schemes by accurately identifying the truthful 

information in the presence of widespread misinformation 

and sparse data, and significantly improving the 

computational efficiency. 

III. PROPOSED ALGORITHMS 

This Paper describes the three challenges nothing but the 

Misinformation, data sparsity and trustworthiness using the 

SRTD(Scalable and robust trust discovery scheme). Certain 

observations are made which are relevant to our model as 

follows 

 Observation 1: Sources often spread false information 

from others without independent verification by simply 

copying or forwarding information (e.g., retweets on 

Twitter).  

 Observation 2: False claims have intensive debates on 

those claims and often controversial and sources tend to 

disagree with each other.  

 Observation3: If a source debunk sits previous claim, it’s 

very likely the previous claim is false because people are 

generally prone to be self-consistent. 

More specifically, the contribution score of source Si on 

claim Cj is denoted as CSij and it is formally calculated as: 

CSij = sgn(SLSK i,j)K X k=1RK+1−k i |SLSki,j| 

The following diagram explains about the SRTD architecture 
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A. Architecture of SRTD 

Usually from the above diagram Dynamic Task Manager 

which implemented as a master work Queue process that 

initializes a work pool, dynamically spawns new task into the 

task pool and it considered as a key component. DTM divides 

the TSC matrix into sub matrices then it spawns set4 of tasks 

to process all submatrices on the HTCondor system. SRTD is 

always integrated with the feedback control system to 

monitor the current execution speed of each Truth Discovery 

task and also to estimate its expected finish time. DTM was 

informed by the feedback control system of control signals 

based on the performance of the system and it dynamically 

adjust the task priority and resource allocation to optimize the 

overall system performance. 

The following diagram explains about the dynamic 

feedback control system 

 
In the above diagram we consider three components 

nothing but the feedback controller, Local Control knobs and 

Global Control Knob. Particularly it was designed to identify 

the lagging TD task. 

B. SRTD Algorithm 

1) Algorithm 1 Scalable Robust Truth Discovery (SRTD)  

Input: TSC matrix 

Output: claim truthfulness ˆ x∗ j,∀1 ≤ j ≤ N 

Initialize Ri = 0.5,∀i ≤ M; set the values of credibility scores; 

initialize max iteration = 100  

Split Original TSC matrix into Z submatrices, let S(z) denote 

the number of sources in the z-th submatrix while{Dj}do not 

converge or reach max iteration do  

for all z,1 ≤ z ≤ Z do 

for all i,1 ≤ i ≤ S(z) do 

for all j,1 ≤ j ≤ N do 

if TSCij exists then 

compute CSij based on Equation (6) 

end if 

end for 

end for 

for all i,1 ≤ i ≤ S(z) do 

estimate Ri based on Equation (7) 

end for 

for all j,1 ≤ j ≤ N do 

compute TCz j based on Equation (10) 

end for 

estimate Dj based on Equations (11) and (12) 

end for 

end while 

for all j,1 ≤ j ≤ N do 

if Dj ≥ threshold then 

output ˆ x∗ j = 1 

else 

output ˆ x∗ j = 0 

end if 

end for 

IV. RESULTS AND ANALYSIS 
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V. CONCLUSION 

In this paper, we proposed a Scalable Robust Truth Discovery 

(SRTD) framework to address the data veracity challenge in 

big data social media sensing applications. In our solution, we 

explicitly considered the source reliability, report credibility, 

and a source’s historical behaviors to effectively address the 

misinformation spread and data sparsity challenges in the 

truth discovery problem. We also designed and implemented 

a distributed framework using Work Queue and the 

HTCondor system to address the scalability challenge of the 

problem. We evaluated the SRTD scheme using three real-

world data traces collected from Twitter. The empirical 

results showed our solution achieved significant performance 

gains on both truth discovery accuracy and computational 

efficiency compared to other stateof-the-art baselines. The 

results of this paper are important because they provide a 

scalable and robust approach to solve the truth discovery 

problem in big data social media sensing applications where 

data is noisy, unvetted, and sparse. 
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