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Abstract— Many e-commerce websites enables their 

customers to write product reviews or give ratings to the 

product based on the opinion. These reviews and rating helps 

the company to understand their standing in the market and 

also helps the fellow customers to form an opinion in 

purchase of a product. Due to this reason of profit or fame, 

many target products are promoted or demoted in the form of 

spam. This may contains fake reviews or malicious opinions. 

We can make an attempt to identify the spam and fake 

reviews and filter out such reviews which contains curse and 

vulgar words by using sentiment analysis. In this we are 

taking Twitter data of a particular product which will be pre-

processed and filtered. After that on the filtered data we are 

going to perform sentiment analysis which will provide the 

score-tag to the particular tweet. We are going to summarize 

the similar tweets using multi-modal summarization 

algorithm. In the final result based on the score-tag provided 

and summarization we will graphically show the analyses of 

the product and how customer has reviewed (negative, 

positive and neutral) which adds to its popularity or 

demotion.    
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I. INTRODUCTION 

In today’s digital world, most of the consumers prefer 

ecommerce, because of the lucrative offers, but primarily 

because they have a review and feedback system to judge the 

product.   It is also now a common practice amongst 

customers to post reviews about a product they purchase, be 

it positive or negative. Such reviews provide valuable 

feedback on these products, which may further be used by 

potential customers to find opinions of existing users before 

deciding to purchase a product. They are also used by product 

manufacturers to identify strengths and problems in their 

products and to find competitive intelligence, such as its 

potential worth in the market.  It makes them susceptible to 

change based on customer feedback, such as, product with 

good and a high feedback will result in high sales, thus, 

intimating the manufacturers of providing a slightly lesser 

discount to enhance sales. Products with slightly negative, or 

apathetic reviews will result in a slump of sales, making the 

manufacturers provide a slightly higher discount. Due to the 

reason of profit or fame, spammers promote or demote a 

target product. They post fake reviews or malicious opinions, 

which misleads the potential buyers, product manufacturers 

and market researchers.  In this project, we make an attempt 

to detect spam and fake reviews, and filter out expletives, 

vulgar and curse word, by incorporating sentiment analysis. 

We match the rating published with the calculated ratings of 

each review, by producing a sentiment score with the help of 

an in-house dictionary. We develop an in-house dictionary of 

our own with words which might define sentiment in a review 

and have some weightage. Or we can also use SentiWordNet 

as in-house dictionary.  The reviews, whose difference in both 

the ratings is higher than a threshold value, are considered to 

be spam. Since there are millions of products and customers, 

and a large review data set, it becomes difficult for the 

customers and company personnel to track each review and 

identify the customer sentiment.  So, we categorically divide 

the product reviews based on the products’ features. Each 

feature and sub-feature is categorized as per how negative or 

positive it is, and gives the company personnel an indication.  

Business analysts analyze the categories and deduce which 

features contribute more to the sales of the products, and 

which features add to its declination.  Finally, we graphically 

show and analyze the different features of the product which 

adds to its popularity or demotion. 

II. RELATED WORK 

In [1], Wen Hua, Zhongyuan Wang and Haixun Wang they 

build a prototype system for short text understanding which 

exploits semantic knowledge provided by well-known 

knowledgebase. 

In [2], Shashank Kumar Chauhan, Anupam Goel, 

Avishkar Chauhan and Mahendra K Gurve taking Amazon 

dataset, matches the posted rating with the calculated ratings 

of each review, by producing a sentiment score with the help 

of an in-house dictionary. 

In [3], M. Trupthi, Suresh Pabboju, G. Narsimha 

extract the tweets from Twitter and perform real time 

sentimental analysis on the tweets that are extracted from the 

twitter and provide time based analytics to the user.  

In [4], Elshrif Elmurngi, Abdelouahed Gherbi taking 

online movies review, Text classification and Sentiment 

analysis methods are applied on a real dataset of movie 

reviews. And SVM algorithm is used for sentiment 

classification of reviews and it provides the highest accuracy 

not only in text classification but also to detect fake reviews. 

In [5], Hu Minqing, Liu Bing extracts the features of 

the product. The customer’s sentiment to each feature of the 

product is shown via a summarization system, which 

involves- mining features of the product   that have been 

commented upon by user, categorize whether each review is 

positive or negative, and summarizing the result. 

III. ARCHITECTURE DIAGRAM 

 
Fig. 1: System architecture diagram 
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IV. PROPOSED SYSTEM 

In our proposed system for analyzing real time data we have 

divided that data into three parts, i.e., 1) Data Acquisition 

Unit 2) Data Processing Unit and 3) Data Analysis and 

Decision Unit.  

A. Data Acquisition Unit: 

For effective data analysis, the Base System pre-processes 

data under many situations to integrate the data from different 

sources, which not only decreases storage cost, but also 

improves analysis accuracy. Some relational data pre-

processing techniques are data integration, data cleaning, and 

redundancy elimination. The data must be corrected in 

different methods to remove distortions caused due to the 

motion of the platform. We divided the data processing 

procedure into two steps, such as real-time Big Data 

processing and offline Big Data processing. 

B. Data Processing Unit: 

In data processing unit, has two basic functionalities filtration 

and load balancer. Filtration mainly involves filtration of data 

and load balancing of processing power. Filtration makes 

process of filtering data which is useful to us for analysis and 

blocks other data. It will surely help to improve performance 

of system as we are only dealing with the useful data. Load 

balancer is part of server it will provide a provision of 

dividing data into parts and assign them to the various 

processing servers.  

C. Data Analysis and Decision: 

This unit contains three major functions, such as aggregation 

and compilation server, results storage server, and decision 

making server. When results are to be send to the compilation 

the data is not in aggregated form. So it is necessary to make 

the given data in aggregated form for proper storage and 

processing. In this unit many aggregation algorithms are 

implied so that organized results are stored into the storage. 

The aggregation server also sends the same copy of that result 

to the decision-making server to process that result for 

making decision. The aggregation server also sends the same 

copy of that result to the decision-making server to process 

that result for making decision. 

V. APPLICATION 

 It can be used for rating movie and analyzing the movie 

is worth watching or not. 

 User can help in analyzing the real issues and can be 

helped in improving the product. 

 It can be used for analyzing weather report so that we can 

get information about the temperature of our 

surrounding. 

 It can be used for various other purpose like analyzing 

cricket reviews, weather reports, movie reviews, product 

review etc. 

VI. FUTURE SCOPE & CONCLUSION 

In this paper, we comprise of sentiment analysis reviews 

techniques into the spam review detection. It gives the details 

about sentiment analysis, Twitter API and multi-modal 

summarization. In our proposed system, we are taking live 

data from Twitter and classifying them as positive and 

negative reviews. This analysis would help in future for 

organization in making marketing decision and customers to 

form an opinion and help in purchase of product. 

REFERENCES 

[1] Wen Hua, Zhongyuan Wang, Haixun Wang, Member, 

IEEE, Kai Zheng_, Member, IEEE, and Xiaofang Zhou, 

Senior Member, IEEE, “Understand Short Texts by 

Harvesting and Analyzing Semantic Knowledge”,IEEE 

Transactions on Knowledge and Data Engineering, 2017. 

[2] Shashank Kumar Chauhan, Anupam Goel, Avishkar 

Chauhan and Mahendra K Gurve,” Research on Product 

Review Analysis and Spam Review 

Detection”,Proceedings of the 4th International 

Conference on Signal Processing and Integrated 

Networks,2017. 

[3] M. Trupthi, Suresh Pabboju, G. Narsimha,” Sentiment 

Analysis On Twitter Using Streaming API”, Proceedings 

of the IEEE 7th International Advance Computing 

Conference, 2017.  

[4] Elshrif Elmurngi, Abdelouahed Gherbi,” An Empirical 

Study on Detecting Fake Reviews Using Machine 

Learning Techniques”,Proceedings of the 7th  

International Conference on Innovative Computing 

Technology,2017. 

[5] Hu Minqing, and Liu Bing,“Mining and summarizing 

customer reviews”,Proceedings of the 10th ACM 

SIGKDD International Conference on Knowledge 

Discovery and Data Mining,New York: ACM Press , 

2004:168-177 

[6] G. Li, D.Deng, and J.Feng, Faerie: Ecient ltering 

algorithms for approximate dictionary-based entity 

extraction in Proceedings of the 2011 ACMSIGMOD 

International Conference on Management of  Data, ser. 

SIGMOD 11, New York, NY, USA, 2011,  pp. 529540. 

[7] M. Utiyama and H. Isahara, “A statistical model for 

domain-independent text segmentation”, in Proceedings 

of the 39th Annual Meeting on Association for 

Computational Linguistics, ser. ACL 01, Stroudsburg, 

PA, USA, 2001, pp. 499506.3  

[8] X. Han, L. Sun, and J. Zhao,” Collective entity linking in 

web text: A graph-based method”, in Proceedings of the 

34th International ACMSIGIR Conference on Research 

and Development in Information Retrieval, ser. SIGIR 

11, New York, NY, USA, 2011, pp. 765774.  

[9] Sheng sheng Qian, Tianzhu Zhang, Chan sheng Xu, and 

Jie Shao,”Multi-modal event topic model For social 

event analysis IEEE transactions on multimedia”, vol. 

18, no. 2, February 2016.  

[10] Jindal Nitin and Liu Bing, Opinion spam and analysis, 

Proceedings of the 2008 International Conference on 

Web Search and Data Mining, New York: ACM Press , 

2008:219-230. 

[11] XieSihong, WANG Guan, LIN Shuyang, “Review spam 

detection via temporal pat-tern discovery”,Proceedings 

of the 18th ACM SIGKDD International Conference on 

Knowledge Dis-covery and Data Mining, New York: 

ACM Press, 2012:823-831.  



User Review Analysis using Multi-Model Summarization Algorithm 

 (IJSRD/Vol. 7/Issue 02/2019/213) 

 

 All rights reserved by www.ijsrd.com 774 

[12] Jindal Nitin, Liu Bing, Lim Ee-peng,” Finding unusual 

review patterns using un-expected rules”, Proceedings of 

the 19th ACM International Conference on Information 

and Knowledge Management, New York: ACM Press -

2010; pp1549-1552. 

[13] Lim Ee-Peng, Nguyen Viet-An, Jindal Nitin, 

etal,”Detecting product review spammers using rating 

behaviours”, Proceedings of the 19th ACM international 

conference on Information and knowledge management, 

New York: ACM Press, 2010:939-948.  

[14] Hu Minqing, and Liu Bing,”Mining and summarizing 

customer reviews”, Proceedings of the 10th 

ACMSIGKDD International Conference on Knowledge 

Discovery and Data Mining, NewYork: ACM Press, 

2004:168-177 

[15] LiNandWuDD,“Using text mining and sentiment 

analysis for online forum shots pot detec-tion and 

forecast Decision Support Systems”, 2010, 48(2): 354-

368.  


