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Abstract— In this paper we introduce Traditional parallel 

algorithms for mining frequent itemsets aim to balance load 

by equally partitioning data among a group of computing 

nodes. Proposed system start this study by discovering a 

serious performance problem of the existing parallel Frequent 

Itemset Mining algorithms. Assign a large dataset, data 

partitioning strategies in the existing solutions suffer high 

communication and mining overhead induced by redundant 

transactions transmitted among computing nodes. This paper 

address problem by developing a data partitioning approach 

called FiDoop-DP using the MapReduce programming 

model. The Overall goal of FiDoop-DP is to boost the 

performance of parallel Frequent Itemset Mining on Hadoop 

clusters. At the heart of FiDoop-DP is the Voracity diagram-

based data partitioning technique, which exploits correlations 

among transactions. Include the similarity metric and the 

Locality-Sensitive Hashing technique, FiDoop-DP places 

highly similar transactions into a data partition to improve 

locality without creating an excessive number of redundant 

transactions. This paper implement FiDoop-DP on a 24-node 

Hadoop cluster, driven by a wide range of datasets created by 

IBM Quest Market-Basket Synthetic Data Generator. 

Experimental results disclose that FiDoop-DP is conducive to 

decrease network and computing loads by the virtue of 

eliminating redundant transactions on Hadoop nodes. 

FiDoop-DP importantly improves the performance of the 

existing parallel frequent-pattern scheme by up to 31% with 

an average of 18%. 
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I. INTRODUCTION 

According to Parallel frequent item set mining techniques 

focus on load balancing. Data is equally partitioned and 

distributed among computing nodes. Poor co-relation 

analysis among data leads to poor data locality. Inappropriate 

data partitioning decisions cause redundant transaction 

transmission. It is appropriate to use parallel FIM approach 

called FiDoop-DP using the MapReduce programming 

model. The key idea of FiDoop-DP is to group highly relevant 

transactions into a data partition; thus, the number of 

redundant transactions are significantly reduced. Importantly, 

we show how to partition and distribute a large dataset across 

data nodes of a hadoop cluster to reduce network and 

computing loads induced by making redundant transactions 

on remote nodes. FiDoop-DP is conducive to speeding up the 

performance of parallel FIM on clusters. 

 Hadoop has two main components: Hadoop 

Distributed File System (HDFS) and MapReduce. 

 MapReduce Framework MapReduce is one of the 

parallel data processing paradigm designed for large scale 

data processing on cluster-based computing architectures. It 

was originally proposed by Google to handle extensive web 

search applications. In this paper approach has been proved 

to be an effective programming approach for developing 

machine learning, data mining, and search applications in 

data centers. Its advantage is that it allows programmers to 

abstract from the issues of scheduling, parallelization, 

partitioning, replication and focus on developing their 

applications. Hadoop MapReduce programming model 

composed of data processing functions: Map and Reduce. 

Parallel Map tasks are run on input data which is partitioned 

into stable sized blocks and produce intermediate output as a 

collection of <key, value> pairs. These pairs are stumble 

across different reduce tasks based on <key, value> pairs. 

Everyone Reduce task receive only one key at a time and 

process data for that key and outputs the results as <key, 

value> pairs. The Hadoop MapReduce architecture 

composed of one JobTracker (Master) and many 

TaskTrackers (Workers). The JobTracker receives job 

submitted from user, breaks it down into map and reduce 

tasks, assigns the tasks to Task Trackers, monitors the 

progress of the Task Trackers, and eventually when all the 

tasks are complete, reports the user about the job finalization. 

All Task Tracker has a fixed number of map and reduce task 

slots that determine how many map and reduce tasks it can 

run at a time. HDFS supports reliability and fault tolerance of 

MapReduce arithmetic by storing and replicating the inputs 

and outputs of a Hadoop job. 

II. PROPOSED SYSTEM 

The proposed system consists of describes effective market 

basket analysis using map-reduce programming model. In 

each mapper sequentially reads each transaction from its local 

input file. Now a particular item set is transmitted to a node 

for further computation. They are segregated according to 

frequency of data. Map reduce programming model generates 

results according to name and count of occurrence. 

A. System Architecture 

 
Fig. 1: 
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III. WORKING 

The Apriori algorithm is one of the most famous association 

rules mining algorithms. But when it comes to mine 

voluminous data, it fails to prove scalability and 

effectiveness. Now days many algorithms have been 

proposed on parallel and distributed platforms to overcome 

these limitations. Unfortunately, these algorithms have major 

architectural weaknesses on communication and 

synchronization levels. Moreover they add some overheads 

like data partitioning and task balancing. To deal with these 

problems, MapReduce has emerged as the de facto solution 

for processing massive data on large clusters. Key advantages 

of MapReduce programming model are the high-throughput 

data processing and the fault-tolerant storage. 

IV. BASIC CONCEPT 

1) Apriori Algorithm. 

2) FP-Growth algorithm.  

Step 1: FP-tree construction Input: A transaction 

database DB and a minimum support threshold ?. 

Output: FP-tree, the frequentpattern tree of DB. Method: 

The FP-tree is constructed as follows. 1.Scan the 

transaction database DB once. Select F, the set of 

frequent items, and the support count for all frequent 

item. classification F in support-descending order as 

FList, the list of frequent items. 2.Produce the root of an 

FP-tree, T, and label it as “null”. For each transaction 

Trans in DB do the following: Select the frequent items 

in Trans and categorise them according to the order of 

FList. Let categorise frequent-item list in Trans be [p — 

P], where p is the first element and P is the remaining list. 

Call insert tree ([p — P], T). The function place tree ([p 

— P], T) is performed as follows. If T has a child N such 

that N.item-name = p.item-name, then increase N ’s 

count by 1; else create a new node N , with its compute 

initialized to 1, its parent link linked to T , and its node-

link linked to the nodes with the maching item-name via 

the node-link structure. If P is nonempty, call place tree 

(P, N) recursively. 

Step 2: FP-Growth Input: A database DB, represented by 

FP-tree constructed according to Algorithm 1, and a 

minimum support threshold. Output: The complete set of 

frequent patterns. Method: call FP-growth (FP-tree, 

null). Procedure FP-growth(Tree, a) (01) if Tree carry a 

single prefix path then // Mining single prefix-path FP-

tree (02) let P be the single prefix-path part of Tree; (03) 

let Q be the multipath part with the top branching node 

restored by a null root; (04) for each combination 

(denoted as ß) of the nodes in the path P do (05) make 

pattern ß a with support = minimum support of nodes in 

ß; (06) let freq pattern set(P) be the set of patterns so 

generated; (07) else let Q be Tree; (08) for every item ai 

in Q do // Mining multipath FP-tree (09) generate pattern 

ß = ai a with support = ai .support; (10) construct ß’s 

conditional design-base and then ß’s conditional FP-tree 

Tree ß; (11) if Tree ß Ø then (12) call FP-growth(Tree ß 

, ß); (13) let freq design set(Q) be the set of patterns so 

generated; (14) return(freq design set(P) freq design 

set(Q) (freq pattern set(P) freq pattern set(Q))) 

Map-Reduce programming model is used which does two 

tasks, map and reduce. Map takes a set of data and transform 

it into another set of data where individual elements are 

broken down into tuples. Secondly reduce task which takes 

output from Map as an input and combines those data tuples 

in smaller set of tuples. 

3) high utility algorithm First we have to define minimum 

support Then, We have to calculate support 

Support=minimum support/100*no of transaction we 

wiil get support value using this value we have to 

calculate confidence Confidence=support/occurrence of 

product *100 If confidence value is greater than 

minimum support This result is high utility results. 

V. CONCLUSION 

This paper overcome drawbacks of existing system for load 

balancing thus exploits co-relation among transactions to 

partition large datasets across nodes in hadoop cluster. It 

generates faster results. It also reduces load on a single node. 

This paper use persistent item data partitioning which 

establishes correlation among transaction for data 

partitioning. To allocate with migration of high 

communication, and decrease computing cost in map reduce. 

In this paper frequent item data partitioning which establishes 

correlation among transaction for data partitioning. Map 

reduce programming model is applied for existing parallel 

mining algorithm for mining frequent item sets from database 

and solves the load balancing and scalability. This paper 

gives the overview of algorithms designed for parallel mining 

of frequent item sets .The Apriori and FP tree algorithm were 

used for mining frequent item sets. 
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