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Abstract— Data is essential property for everyone. Vast 

amount of data is accessible on the planet. There are different 

archives to store the data into data distribution centers, 

databases, data storehouse and so forth. This huge measure of 

data needs to process with the goal that we can get helpful 

data. Data mining is a system to process data, select it, 

incorporate it and recover some valuable data. Data mining is 

an explanatory device which enables clients to break down 

data, classifications it and synopses the connections among 

the data. It finds the valuable data from extensive measure of 

social databases. Data mining can play out these different 

exercises utilizing its system like grouping, characterization, 

forecast, affiliation learning and so forth. This paper help us 

to generate an efficient rules based on Association Mining 

algorithm. 
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I. INTRODUCTION 

Data mining [8] is the way toward breaking down data from 

alternate points of view and outlining it into valuable data. 

Data mining is an expository apparatus for examining data. It 

enables clients to examine data, order it, and compress the 

connections among data. Actually, data mining is the way 

toward discovering relationships or examples in expansive 

social databases. It includes some normal assignments like 

anomaly detection, clustering, association run learning, 

regression, summarization, classification and so on. Anomaly 

detection is the scan for things or occasions which don't fit in 

with a normal example. These identified examples are called 

oddities and mean basic and significant data in different 

application areas. It is likewise alluded as anomalies. 

Association run the show learning scans for connections 

among factors. For illustration a general store may assemble 

data about how the client obtaining the different items. With 

the assistance of association administer, the store can 

distinguish which items are much of the time purchased 

together and this data can be utilized for advertising purposes. 

This is now and then known as market based investigation. 

Clustering finds the gatherings and structures in the data 

somehow or then again another comparable route, without 

utilizing known structures in the data. Grouping sums up 

known structure to apply to new data. Take an illustration; an 

email program may endeavor to characterize an email as 

"authentic" or as "spam" mail. Relapse endeavors to discover 

a capacity which models the data with the slightest blunder. 

Rundown gives a more minimized portrayal of the data set, 

which incorporates representation and report age. Figure 1 

indicate Knowledge Discovery in Database forms where it 

takes data from different stores like data stockroom, database, 

data storehouses, and social database and so on. It performs 

different activities like data cleaning, mix, change and so on 

and produces valuable data from that 

 
Fig. 1.1: Data mining as a step in the Process of Knowledge 

Discovery 

Knowledge discovery as a process is depicted in Figure 1.1 

and consists of an iterative sequence of the following steps: 

 Data cleaning (to remove noise and inconsistent data) 

 Data integration (where multiple data sources may be 

combined) 

 Data selection (where data relevant to the analysis task 

are retrieved from the database) 

 Data transformation (where data are transformed or 

consolidated into forms appropriate for mining by 

performing summary or aggregation operations, for 

instance) 

 Data mining (an essential process where intelligent 

methods are applied in order to extract data patterns) 

Pattern evaluation (to identify the truly interesting 

patterns representing knowledge based on some 

interestingness measures 

 Knowledge presentation (where visualization and 

knowledge representation techniques are used to present 

the mined knowledge to the user) 

II. PROPOSED METHODOLOGY 

Our approach focuses on the algorithm part of Apriori by 

trying to maximize the workload being executed in parallel 

and to minimize, as much as possible, the synchronization 

point delays by allowing a portion of the superset generation 

forming the candidates to be generated in parallel as well. 

Only the remaining part of the superset will be generated at 

the synchronization point. 

The proposed algorithm is described in the following steps: 

1) Select one processor to be the master, the other N-1 

processors are slaves 

2) Create a local Hash Table, at the master; we refer to it as 

G during the remaining part of this paper. 

3) Initialize K, the itemset size, to 1 

4) Generate the 1-itemsets normally using the master 

processor only 

5) At the master, divide the k-itemsets into N-1 groups and 

assign each group to exactly 1 of the available N-1 

processors. Then for each processor: 

a) Lookup the support of each local itemset in G, if it’s not 

found, compute support. 

b) Prune itemsets that have their support less than the 

minimum support where minimum support is the 
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threshold value to decide upon whether to drop or keep 

an itemset. It is also global to the entire system. 

c) Generate the candidates of the K+1 itemsets from the 

local items and find their support. 

d) Store the results of the K+1 itemsets (the itemset and its 

support) into G. 

e) Send the master processor a signal indicating end of 

processing. 

6) At the master processor, at the end of each arrival of a 

finalization signal: 

a) Generate the K+1 superset using itemsets in G. 

7) Increment K by 1. 

8) Go to step 2 and repeat until there are no more itemsets 

to generate 

III. EXPERIMENT RESULT 

In this paper we have made a comparision between the Apriori 

algorithm and parallel Apriori Algorithm. Comparision shows 

that parallel Apriori algorithm works faster as compare to the 

Apriori Algorithm.This algorithm is mainly suitable for both 

large as well as small data set. 

 
Fig. 2: 
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