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Abstract— The impact of social spam is already significant. 

A social spam message is potentially seen by all the 

followers and recipients' friends. Even worse, it might cause 

misdirection and misunderstanding in public and trending 

topic discussions. Identifying these spammers and spam 

content is a very important issue. In the Existing System, 

Net Spam, the spam detection was done using Convolution 

Neural Network Algorithm. The possibility that anyone can 

leave a review offers a spam on spam reviews about 

products and services. Features for the detection of 

spammers could be user based or content based or both and 

spam classifier methods. In the Proposed System, social 

spam detection is done which can be used by any social 

network to detect spam. Once a new type of spam is 

detected on one network, the pattern can automatically be 

identified using K-Nearest Neighbor Algorithm. In addition, 

new social networks can quickly protect their users from 

social spam. By using content-based filtering algorithm, 

filtering of feature based reviews and negative spam 

reviews, prevention of fake reviews and detection of spam 

users based on the user’s reviews is done. 

Key words: Spam, Rectification, Pattern, Recognition, 

Filtering 

I. INTRODUCTION 

A. General 

Online Social Media portals play an influential role in 

information propagation which is considered as an important 

source for producers in their advertising campaigns as well 

as for customers in selecting products and services. In the 

past years, people rely a lot on the written reviews in their 

decision-making processes, and positive/negative reviews 

encouraging/discouraging them in their selection of products 

and services. In addition, written reviews also help service 

providers to enhance the quality of their products and 

services. These reviews thus have become an important 

factor in success of a business while positive reviews can 

bring benefits for a company, negative reviews can 

potentially impact credibility and cause economic losses. 

The fact that anyone with any identity can leave comments 

as review, provides a tempting opportunity for spammers to 

write fake reviews designed to mislead users’ opinion. 

These misleading reviews are then multiplied by the sharing 

function of social media and propagation over the web. The 

reviews written to change users’ perception of how good a 

product or a service are considered as spam and are often 

written in exchange for money. 

B. Objectives:  

The results of the framework show that Net Spam 

outperforms the existing methods and among four categories 

of features including review-behavioral, use behavioral, 

review linguistic, user linguistic. Despite this great deal of 

efforts, many aspects have been missed or remained 

unsolved. The general concept of the framework is to model 

a given review dataset as a Heterogeneous Information 

Network (HIN) and to map the problem of spam detection 

into a HIN classification problem. In particular, we model 

review dataset as in which reviews are connected through 

different node types. 

C. Description: 

To evaluate the proposed solution, we used two sample 

review datasets from Yelp and Amazon websites. Based on 

our observations, defining two views for features (review-

user and behavioral-linguistic), the classified features as 

review- behavioral have more weights and yield better 

performance on spotting spam reviews in both semi-

supervised and unsu- pervised approaches. In addition, we 

demonstrate that using different supervisions such as 1%, 

2.5% and 5% or using an unsupervised approach, make no 

noticeable variation on the performance of our approach. 

We observed that feature weights can be added or removed 

for labeling and hence time complexity can be scaled for a 

specific level of accuracy. As the result of this weighting 

step, we can use fewer features with more weights to obtain 

better accuracy with less time complexity. In this paper, we 

use an extended definition of the metapath concept as 

follows. A metapath is defined as a path between two nodes, 

which indicates the connection of two nodes through their 

shared features. When we talk about metadata, we refer to 

its general definition, which is data about data. In our case, 

the data is the written review, and by metadata we mean 

data about the reviews, including user who wrote the review, 

the business that the review is written for, rating value of the 

review, date of written review and finally its label as spam 

or genuine review.  

In particular, in this work features for users and 

reviews fall into the categories as follows:  

1) Review-Behavioral (RB) based features. This feature 

type is based on metadata and not the review text itself. 

The RB category contains two features; Early time 

frame (ETF) and Threshold rating deviation of review 

(DEV). 

2) Review-Linguistic (RL) based features. Features in this 

category are based on the review itself and extracted 

directly from text of the review. In this work we use 

two main features in RL category; the Ratio of 1st 

Personal Pronouns (PP1) and the Ratio of exclamation 

sentences containing ‘!’ (RES).  

3) User-Behavioral (UB) based features. These features 

are specific to each individual user and they are 

calculated per user, so we can use these features to 

generalize all of the reviews written by that specific 

user. This category has two main features; the 

Burstiness of reviews written by a single user, and the 

average of a users’ negative ratio given to different 

businesses.  

4) User-Linguistic (UL) based features. These features are 

extracted from the users’ language and shows how users 

are describing their feeling or opinion about what 

they’ve experienced as a customer of a certain business. 

We use this type of features to understand how a 
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spammer communicates in terms of wording. There are 

two features engaged for our framework in this 

category; Average Content Similarity (ACS) and 

Maximum Content Similarity (MCS). These two 

features show how much two reviews written by two 

different users are similar to each other, as spammers 

tend to write very similar reviews by using template 

pre-written text.  

II. SYSTEM ANALYSIS 

A. Literature Survey 

TITLE: Estimating the prevalence of deception in online 

review communities 

AUTHORS: M. Ott, C. Cardie, and J. T. Hancock. 

DESCRIPTION: 

The Health Behavior Change Support Systems minitrack 

discusses how systems and services aimed at influencing 

health and/or wellbeing behavior can be designed, 

developed and implemented. Behavior Change Support 

Systems (BCSS), in general, are defined as "socio-technical 

information systems with psychological and behavioral 

outcomes designed to form, alter or reinforce attitudes, 

behaviors or an act of complying without using coercion or 

deception." [1] Thus, all BCSSs are persuasive systems, i.e. 

they have been designed with the intent to influence user 

behaviors [2]. Health BCSSs provide a prominent area to 

apply persuasive systems design [2]. The minitrack 

highlights how persuasive theories and models can be used 

to develop efficient and effective HBCSSs as interventions 

for different contexts in healthcare, e.g. persuasive decision 

support systems for self-care or persuasive games to support 

chronic care, how end-users can be involved to design 

HBCSS in practice and what evaluation methods are needed 

to assess the impact of HBCSS on healthier living. Three 

research studies were selected for presentation at the 

conference. Taiminen and Taiminen [3] study one of the key 

persuasive software support categories for HBCSS, namely 

social support. They examine how frequency of use 

facilitates peer social support in weight loss, suggesting that 

frequent use of Facebook based solutions facilitates 

perceived emotional, informational, and instrumental social 

support, whereas even though online forum-based solutions 

facilitate emotional and informational support they do it to a 

much lesser extent. Also, Myneni and Iyengar [4] discuss 

social influence. They present a HBCSS study, regarding 

peer-to-peer communication in health-related online 

communities while seeking and providing health-related 

information. They seek to characterize social influence 

mechanisms embedded in these communication events 

through large-scale analysis of an online community for 

smoking cessation. In their HBCSS study, Al-Ramahi, El-

Gayar and Liu [5] analyze persuasive system's actual use 

through grounded theory and text mining approaches. They 

seek to extract design concepts from online user reviews and 

feedback of mobile diabetes applications, suggesting the 

incorporation of social and structural features into designs. 

TITLE: Finding deceptive opinion spam by any stretch of 

the imagination 

AUTHORS: M. Ott, Y. Choi, C. Cardie, and J. T. Hancock. 

DESCRIPTION: 

Assessing the trustworthiness of reviews is a key in natural 

language processing and computational linguistics. Previous 

work mainly focuses on some heuristic strategies or simple 

supervised learning methods, which limit the performance 

of this task. This paper presents a new approach, from the 

viewpoint of correcting the mislabeled instances, to find 

deceptive opinion spam. Partition a dataset into several 

subsets, construct a classifier set for each subset and select 

the best one to evaluate the whole dataset. Error variables 

are defined to compute the probability that the instances 

have been mislabeled. The mislabeled instances are 

corrected based on two threshold schemes, majority and 

non-objection. The results display significant improvements 

in our method in contrast to the existing baselines. 

TITLE: Combating product review spam campaigns via 

multiple heterogeneous pairwise features 

AUTHORS: Ch. Xu and J. Zhang 

DESCRIPTION: 

Online reviews are extensively utilized by potential buyers 

to make business decisions. Unfortunately, fraudsters offer 

to write spam reviews for product promotion or competitor 

defamation, which drives online business holders to adopt 

this type of vicious strategy to increase their profits. These 

fake reviews always mislead users who shop online. Though 

existing anti-spam strategies have been proved to be 

effective in detecting traditional spam activities, evolving 

spam schemes can successfully cheat conventional testing 

by buying the comments of a massive number of random but 

genuine users which are sold by specific web markets, i.e., 

User Cloud. A more crucial problem is that such spam 

activities turn into a kind of 'advertising campaign' among 

business owners as they need to maintain their rank in the 

top few positions. In this paper, we propose a new 

Collaborative Marketing Hyping Detection solution, which 

aims to identify spam comments generated by the Spam 

Reviewer Cloud and to detect products which adopt an 

evolving spam strategy for promotion. Our experiments 

validate the existence of the Collaborative Marketing 

Hyping activities on a real-life e-commercial platform and 

also demonstrate that our model can effectively and 

accurately identify these advanced spam activities. 

TITLE: Learning to identify review spam 

AUTHORS: F. Li, M. Huang, Y. Yang, and X. Zhu 

DESCRIPTION: 

In the recent years, online reviews are one of most important 

source of customer opinion. Nowadays consumer can gain 

knowledge about the products and service from online 

review resources, using which they can make decisions. 

This may lead to Opinion Spam, where spammers may 

manipulate and fake reviews to promote artificially or 

devalue the products and other services. Opinion spam 

detection is done by extracting meaningful features from the 

text and identifying the spam reviews using machine 

learning techniques. This representation results in a very 

high dimensional feature space. These features are 

irrelevant, redundant, and noisy which may affect the 

performance of the classifier. Therefore, a good feature 

selection method is needed in order to speed up the 

processing rate, predictive accuracy. Evolutionary 

algorithms for feature selection can be used to handle these 

high-dimensional feature spaces which eliminate the noisy 
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and irrelevant features. In this work, an effective hybrid 

feature selection technique using Cuckoo Search with 

Harmony search is proposed and Naive Bayes is used for 

classifying the review into spam and ham. 

B. Existing System 

The primary system uses a cluster of nodes from which we 

can we model review dataset as a HIN in which reviews are 

connected through different node types. The general concept 

of our proposed framework is to model a given review 

dataset as a Heterogeneous Information Network and to map 

the problem of spam detection into a HIN classification 

problem. In particular, we model review dataset as in which 

reviews are connected through different node types. A 

weighting algorithm is then employed to calculate each 

feature’s importance. These weights are utilized to calculate 

the final labels for reviews using both unsupervised and 

supervised approaches. 

1) Disadvantages 

 The reviews written to change users’ perception of how 

good a product or a service are considered as spam, and 

are often written in exchange for money  

 Time Complexity. 

 The fact that anyone with any identity can leave 

comments as review, provides a tempting opportunity 

for spammers to write fake reviews designed to mislead 

users’ opinion 

C. Proposed System 

In this paper, they have introduced a machine learning based 

spammer detection solution for social networks. The 

solution considers the user's content and behavior feature 

and apply them into Content based Filtering algorithm for 

spammer classification. Through a multitude of analysis, 

experiment, evaluation and prototype implementation work, 

have shown that proposed solution is feasible and is capable 

to reach much better classification result than the other 

existing approaches. A spam detection prototype system has 

been proposed to identify suspicious users in Online 

shopping websites. The social-spam detection framework 

can be split into two main components. First one OTP 

System. In this system user enter their reviews only after 

purchasing the product by using this code. This OTP system 

we can used in two process one is for enter review login and 

another one for viewing the both positive and negative 

feature-based review. Second components to discover fake 

review users by using content-based filtering algorithm. 

These functions are designed to help server side (seller side) 

to discover spammer easily and blocked spam users. To 

detect the frequent spammers by using credit-based 

approach. 

1) Advantages: 

 To identify spam and spammers as well as different 

type of analysis on this topic.  

 Written reviews also help service providers to enhance 

the quality of their products and services 

 By using features with more weights will resulted in 

detecting fake reviews easier with less time complexity 

 To Introduce credit point ranking system by using this 

we can able to find out the frequent spammers 

 To introduce one-time password system to prevent the 

fake reviews.  

III. PROJECT DESCRIPTION 

A. General 

The Netspam system uses sentiment analysis to detect and 

block spammers via filtering the content of the reviews 

provided by all users. 

B. Problem Definition 

The learning methods applied to content-based filtering try 

to find the most relevant documents based on the user’s 

behavior in the past. Such approach however restricts the 

user to documents similar to those already seen. This is 

known as the over-specialization problem Instead of 

adapting to the user’s interests after the system has received 

feedback one could try to predict a user’s interests in the 

future and recommend documents that contain information 

that is entirely new to the user. 

C. Methodology 

Content-based filtering, also referred to as cognitive 

filtering, recommends items based on a comparison between 

the content of the items and a user profile. The content of 

each item is represented as a set of descriptors or terms, 

typically the words that occur in a document. The user 

profile is represented with the same terms and built up by 

analyzing the content of items which have been seen by the 

user.The information source that content-based filtering 

systems are mostly used with are text documents. A 

standard approach for term parsing selects single words 

from documents. The vector space model and latent 

semantic indexing are two methods that use these terms to 

represent documents as vectors in a multi-dimensional 

space. Several issues have to be considered when 

implementing a content-based filtering system. First, terms 

can either be assigned automatically or manually. When 

terms are assigned automatically a method has to be chosen 

that can extract these terms from items. Second, the terms 

have to be represented such that both the user profile and the 

items can be compared in a meaningful way. Third, a 

learning algorithm has to be chosen that is able to learn the 

user profile based on seen items and can make 

recommendations based on this user profile. The spam 

resolution system can successfully detect and block the 

malcontent using the patterns followed by the spammers and 

securing the site of the presence using the content-based 

filter algorithm. This enables the user to make informed 

decisions in their online activities and provide an overall 

stability to the activated websites.  

1) Module Description  

MODULE: 

1) USER 

2) SELLER 

3) ADMIN 

USER: 

Login: Login to user module after enter the user module. 

VIEW ALL PRODUCTS: The user views all products to 

user module, user can view our product to interest buy the 

product. 
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VIEW TOP RANKING PRODUCT: User before buying the 

products go to view the top rank of the product then the 

particular top rank product will buy the user. 

INSERT REVIEW FOR PARTICULAR PRODUCT: User 

after buy the product inserts our own review to give the 

user. 

Logout: Exit the user module. 

ADMIN: 

VIEW ALL USERS: Admin view all users for view the how 

many users can register by this project. 

ACTIVATE ACCOUNT: Admin activate the account for 

user account to allow the user module. 

VIEW TOP PRODUCT: The admin view top rank products 

are added to seller. 

VIEW RECOMMENDED PRODUCT: The user 

recommends to that seller product. 

VIEW ALL REVIEW DETAILS: Admin view all review 

details to the user. 

SELLER 

UPDATE PRODUCT: The product will update the seller to 

the admin with permission. 

VIEW PRODUCT DETAILS: Seller can view all product 

details. 

IV. SYSTEM REQUIREMENTS 

A. Hardware Requirements: 

 System                 :  Pentium IV 2.4 GHz. 

 Hard Disk            :  40 GB. 

 Floppy Drive  :  1.44 Mb. 

 Monitor  :        15VGA Colour. 

 Mouse  :  Logitech. 

 Ram  :  2 Mb. 

B. Software Requirements: 

 Operating system  : Windows XP/7. 

 Coding Language : ASP.net, C#.net 

 Tool  : Visual Studio 2010 

 Database  :SQL SERVER 2008 

V. SYSTEM DESIGN 

A. General  

System design is a process to transform user requirements 

into some suitable form, which helps the programmer in 

software coding and implementation. 

For assessing user requirements, an SRS (Software 

Requirement Specification) document is created whereas for 

coding and implementation, there is a need of more specific 

and detailed requirements in software terms. The output of 

this process can directly be used into implementation in 

programming languages. 

Software design is the first step in SDLC (Software 

Design Life Cycle), which moves the concentration from 

problem domain to solution domain. It tries to specify how 

to fulfill the requirements mentioned in SRS. 

 
Fig 1.0 System Design 

 
Fig. 1.2: Use Case Diagram 

B. System Architecture 

 
Fig. 1.3: Class Diagram 

 
Fig. 1.1: Deployment Diagram 
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Fig. 1.4: Sequence Diagram 

 

 

 
Fig. 1.5: Data Flow Diagram 

 
                                 Fig. 1.6: ER Diagram 

VI. SOFTWARE TESTING 

A. General  

The purpose of testing is to discover errors. Testing is the 

process of trying to discover every conceivable fault or 

weakness in a work product. It provides a way to check the 

functionality of components, sub-assemblies, assemblies 

and/or a finished product It is the process of exercising 

software with the intent of ensuring that the 

Software system meets its requirements and user 

expectations and does not fail in an unacceptable manner. 

There are various types of test. Each test type addresses a 

specific testing requirement. 

B. Developing Methodologies 

The test process is initiated by developing a comprehensive 

plan to test the general functionality and special features on 

a variety of platform combinations.  Strict quality control 

procedures are used. 

The process verifies that the application meets the 

requirements specified in the system requirements document 

and is bug free.  The following are the considerations used 

to develop the framework from developing the testing 

methodologies. 

C. Types of Tests 

1) Unit Test 

Unit testing involves the design of test cases that validate 

that the internal program logic is functioning properly, and 

that program input produces valid outputs.  All decision 

branches and internal code flow should be validated.  It is 

the testing of individual software units of the application.  It 

is done after the completion of an individual unit before 

integration.  This is a structural testing, that relies on 

knowledge of its construction and is invasive.  Unit tests 

perform basic tests at component level and test a specific 

business process, application, and/or system configuration.  

Unit tests ensure that each unique path of a business process 
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performs accurately to the documented specifications and 

contains clearly defined inputs and expected results. 

2) Functional Test 

Functional tests provide systematic demonstrations that 

functions tested are available as specified by the business 

and technical requirements, system documentation, and user 

manuals. 

Functional testing is centred on the following items: 

 Valid Input : identified classes of valid input must be 

accepted 

 Invalid Input : identified classes of invalid input must 

be rejected 

 Functions : identified functions must be exercised 

 Output : identified classes of application outputs must 

be exercised 

 Systems/Procedures  : interfacing systems or procedures 

must be invoked. 

3) System Test 

System testing ensures that the entire integrated software 

system meets requirements.  It tests a configuration to 

ensure known and predictable results. An example of system 

testing is the configuration-oriented system integration test. 

System testing is based on process descriptions and flows, 

emphasizing pre-driven process links and integration points. 

4) Performance Test 

The performance test ensures that the output be produced 

within the time limits, and the time taken by the system for 

compiling, giving response to the users and request being 

send to the system for to retrieve the results. 

5) Integration Test 

Software integration testing is the incremental integration 

testing of two or more integrated software components on a 

single platform to produce failures caused by interface 

defects. 

6) Acceptance Test 

User Acceptance Testing is a critical phase of any project 

and requires significant participation by the end user.  It also 

ensures that the system meets the functional requirements. 

Acceptance Testing for Data Synchronization: 

 The Acknowledgements will be received by the Sender 

Node after the Packets are received by the Destination 

Node. 

 The Route add operation is done only when there is a 

Route request in need 

 The status of Nodes information is done automatically 

in the Cache Updating process. 

7) Build the test plan 

Any project can be divided into units that can be further 

performed for detailed processing.  Then a testing strategy 

for each of this unit is carried out.  Unit testing helps to 

identify the possible bugs in the individual component, so 

the component that has bugs can be identified and can be 

rectified from errors. 

VII. APPLICATION 

A. General 

This session gives the details of our application usage in 

website spam rectification and its Usefulness. 

B. Application in Websites 

In future design a trust-aware detection model based on 

rating variance which iteratively calculates user-specific 

overall trustworthiness scores as the indicator for spam city. 

Experiments on the dataset collected from Yelp.com show 

that the proposed trust-based prediction achieves a higher 

accuracy than standard CF method, and there exists a strong 

correlation between social relationships and the overall 

trustworthiness scores. For future work, Meta path concept 

can be applied to other problems in this field. For example, 

similar framework can be used to find spammer 

communities 

VIII. CONCLUSION 

A new graph-based method to label reviews relying on a 

rank-based labelling approach. The performance of the 

proposed framework is evaluated by using two real-world 

labeled datasets of Yelp and Amazon websites. Our 

observations show that calculated weights by using this 

Meta path concept can be very effective in identifying spam 

reviews and leads to a better performance. In addition, we 

found that even without a train set, Net Spam can calculate 

the importance of each feature and it yields better 

performance in the features’ addition process, and performs 

better than previous works, with only a small number of 

features. Moreover, after defining four main categories for 

features our observations show that the reviews behavioral 

category performs better than other categories, in terms of 

AP, AUC as well as in the calculated weights. The results 

also confirm that using different supervisions, similar to the 

semi-supervised method, have no noticeable effect on 

determining most of the weighted features, just as in 

different datasets. For future work, metapath concept can be 

applied to other problems in this field. For example, similar 

framework can be used to find spammer communities. For 

finding community, reviews can be connected through 

group spammer features (such as the proposed feature in) 

and reviews with highest similarity based on metapath 

concept are known as communities. In addition, utilizing the 

product features is an interesting future work on this study 

as we used features more related to spotting spammers and 

spam reviews. Moreover, while single networks have 

received considerable attention from various disciplines for 

over a decade, information diffusion and content sharing in 

multilayer networks is still a young research. Addressing the 

problem of spam detection in such networks can be 

considered as a new research line in this field. 

APPENDIX 1 

SAMPLE CODING 

Register code: 

using System; 

using System.Collections.Generic; 

using System.Linq; 

using System.Web; 

using System.Web.UI; 

using System.Web.UI.WebControls; 

using System.Data; 

using System.Data.SqlClient; 

using System.Configuration; 
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using System.IO; 

public partial class Register : System.Web.UI.Page 

{ 

SqlConnection con = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

SqlCommand com = new SqlCommand(); 

protected void Page_Load(object sender, EventArgs e) 

{ 

} 

protected void Button4_Click(object sender, EventArgs e) 

{ 

string filename = 

Path.GetFileName(FileUpload1.PostedFile.FileName); 

//Save images into Images folder 

FileUpload1.SaveAs(Server.MapPath("~/") + filename); 

int a = 0; 

int b = 10; 

con.Open(); 

com = new SqlCommand("Select Username from register 

where Username='" + TextBox1.Text + "'", con); 

SqlDataReader dr; 

dr = com.ExecuteReader(); 

if (dr.Read()) 

{ 

Response.Write("<script>alert('Give different 

UserName');</script>"); 

con.Close(); 

} 

else 

{ 

con.Open(); 

com = new SqlCommand("insert into register values('" + 

TextBox1.Text + "','" + TextBox2.Text + "','" + 

TextBox3.Text + "','" + TextBox4.Text + "','" + 

TextBox5.Text + "','" + TextBox6.Text + "','" + 

DropDownList1.SelectedItem + "','" + 

FileUpload1.FileName + "','" + a + "','" + b + "')", con); 

com.ExecuteNonQuery(); 

con.Close(); 

} 

TextBox1.Text = ""; 

TextBox2.Text = ""; 

TextBox3.Text = ""; 

TextBox4.Text = ""; 

TextBox5.Text = ""; 

TextBox6.Text = ""; 

DropDownList1.ClearSelection(); 

} 

} 

USER LOGIN: 

using System; 

using System.Collections.Generic; 

using System.Linq; 

using System.Web; 

using System.Web.UI; 

using System.Web.UI.WebControls; 

using System.Data; 

using System.Data.SqlClient; 

using System.Configuration; 

public partial class user : System.Web.UI.Page 

{ 

SqlConnection con = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

SqlCommand cm = new SqlCommand(); 

SqlDataReader dr; 

protected void Page_Load(object sender, EventArgs e) 

{ 

} 

protected void Button4_Click(object sender, EventArgs e) 

{ 

//int a = 2; 

con.Open(); 

cm = new SqlCommand("select Username,Password,Range 

from register where Username='" + TextBox1.Text + "' and 

Password='" + TextBox2.Text + "'", con); 

dr = cm.ExecuteReader(); 

if (dr.Read()) 

{ 

Session["User Name"] = TextBox1.Text; 

Response.Redirect("usermenu.aspx"); 

} 

else 

{ 

Response.Write("<script>alert('you are not register 

user');</script>"); 

} 

} 

protected void LinkButton1_Click(object sender, EventArgs 

e) 

{ 

Response.Redirect("Register.aspx"); 

} 

} 

PURCHASE CODE: 

using System; 

using System.Collections.Generic; 

using System.Linq; 

using System.Web; 

using System.Web.UI; 

using System.Web.UI.WebControls; 

using System.Data; 

using System.Data.SqlClient; 

using System.Configuration; 

public partial class purchase : System.Web.UI.Page 

{ 

SqlConnection con = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

SqlConnection con11 = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

SqlCommand cm = new SqlCommand(); 

SqlDataReader dr; 

Random r = new Random(); 

protected void Page_Load(object sender, EventArgs e) 

{ 

Label8.Text = 

HttpUtility.UrlDecode(Request.QueryString["Sno"]); 

//  Image1.ImageUrl = 

HttpUtility.UrlDecode(Request.QueryString["Imagefile"]); 
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Label5.Text = System.DateTime.Now.ToString("dddd, dd 

MMMM yyyy hh:mm tt"); 

Label9.Text = Session["User Name"].ToString(); 

using (SqlConnection con1 = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString)) 

{ 

using (SqlCommand com1 = new SqlCommand()) 

{ 

con.Open(); 

//  SqlCommand command = new SqlCommand("select 

max(prank) from addapp where ID='" + TextBox3.Text + 

"'", con); 

SqlCommand command = new SqlCommand("select * from 

addproduct where Sno='" + Label8.Text + "'", con); 

// Label7.Text = command.ExecuteScalar().ToString(); 

SqlDaaReader dr; 

dr = command.ExecuteReader(); 

if (dr.Read()) 

{ 

TextBox1.Text = dr[1].ToString(); 

TextBox2.Text = dr[2].ToString(); 

TextBox3.Text = dr[3].ToString(); 

Image1.ImageUrl = dr[4].ToString(); 

// Label7.Text = dr[7].ToString(); 

} 

con.Close(); 

} 

} 

} 

protected void Button1_Click(object sender, EventArgs e) 

{ 

Label11.Visible = true; 

Label10.Visible = true; 

for (int i = 0; i < 1; i++) 

{ 

Label11.Text = (Convert.ToString(r.Next(1000, 

20000000))); 

} 

using (SqlConnection con1 = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString)) 

{ 

using (SqlCommand com1 = new SqlCommand()) 

{ 

 

con.Open(); 

cm = new SqlCommand("insert into purchase values('" + 

Label9.Text + "','" + TextBox1.Text + "','" + TextBox2.Text 

+ "','" + TextBox3.Text + "','" + Image1.ImageUrl + "', '" + 

Label5.Text + "')", con); 

cm.ExecuteNonQuery(); 

// Response.Redirect("purchase.aspx"); 

con.Close(); 

} 

} 

try 

{ 

con11.Open(); 

cm = new SqlCommand("update register set Code='" + 

Label11.Text + "' where Username='" + Label9.Text + "'", 

con11); 

cm.ExecuteNonQuery(); 

con11.Close(); 

} 

catch (SqlException ex) 

{ 

Response.Write(ex.ToString()); 

} 

} 

} 

PRODUCT REVIEW: 

using System; 

using System.Collections.Generic; 

using System.Linq; 

using System.Web; 

using System.Web.UI; 

using System.Web.UI.WebControls; 

using System.Data; 

using System.Data.SqlClient; 

using System.Configuration; 

public partial class productreview : System.Web.UI.Page 

{ 

SqlConnection con = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

SqlCommand cm = new SqlCommand(); 

//SqlDataReader dr; 

protected void Page_Load(object sender, EventArgs e) 

{ 

Label8.Text = 

HttpUtility.UrlDecode(Request.QueryString["Sno"]); 

TextBox1.Text = 

HttpUtility.UrlDecode(Request.QueryString["Purchasedby"

]); 

TextBox2.Text = 

HttpUtility.UrlDecode(Request.QueryString["Productname"

]); 

Textox3.Text = 

HttpUtility.UrlDecode(Request.QueryString["Category"]); 

Image1.ImageUrl = 

HttpUtility.UrlDecode(Request.QueryString["Productimage

"]); 

Label5.Text = System.DateTime.Now.ToString("dddd, dd 

MMMM yyyy hh:mm tt"); 

SqlConnection conn = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

conn.Open(); 

SqlCommand command = new SqlCommand("select 

max(Range) from register where Username='" + 

TextBox1.Text + "'", conn); 

Label7.Text = command.ExecuteScalar().ToString(); 

conn.Close(); 

} 

protected void Button1_Click(object sender, EventArgs e) 

{ 

string a = TextBox4.Text; 

string[] arr = a.Split(' '); 

int j = 0; 
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for (int i = 0; i < arr.Length; i++) 

{ 

con.Open(); 

cm = new SqlCommand("select * from spam where Word = 

'" + arr[i] + "'", con); 

SqlDataReader dr; 

dr = cm.ExecuteReader(); 

if (dr.Read()) 

{ 

j = 1; 

} 

con.Close(); 

} 

if (j == 1) 

{ 

Label7.Text = 

Convert.ToString(Convert.ToInt32(Label7.Text) - 1); 

SqlConnection connec = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

connec.Open(); 

SqlCommand cm2 = new SqlCommand(); 

cm2 = new SqlCommand("update register set Range='" + 

Label7.Text + "' where Username='" + TextBox1.Text + "'", 

connec); 

cm2.ExecuteNonQuery(); 

// Response.Write("<script>alert('Sorry !!!!... You Enter Bad 

Review So Doesn't Accept');</script>"); 

connec.Close(); 

SqlConnection connec1 = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

SqlCommand commd = new SqlCommand(); 

connec1.Open(); 

commd = new SqlCommand("insert into badreview 

values('"+TextBox1.Text+"','"+TextBox2.Text+"','"+TextBo

x3.Text+"','"+Image1.ImageUrl+"','"+TextBox4.Text+"','"+

Label5.Text+"')",connec1); 

commd.ExecuteNonQuery(); 

Response.Write("<script>alert('Review Submitted 

Successfully');</script>"); 

connec1.Close(); 

} 

else 

{ 

SqlConnection con1 = new 

SqlConnection(ConfigurationManager.ConnectionStrings["

netspamConnectionString"].ConnectionString); 

con1.Open(); 

cm = new SqlCommand("insert into review values('" + 

TextBox1.Text + "','" + TextBox2.Text + "','" + 

TextBox3.Text + "','" + Image1.ImageUrl + "','" + 

TextBox4.Text + "','" + Label5.Text + "')", con1); 

cm.ExecuteNonQuery(); 

Response.Write("<script>alert('Review Submitted 

Successfully');</script>"); 

con1.Close(); 

} 

} 

} 

APPENDIX 2 

A. Screenshots 

1) Home Page: 

 
2) Admin Login: 

 
3) Admin Home Page: 
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4) Add Immoral Words: 

 
5) View All Users 

 
6) View All Products 

 

7) View All Reviews 

 
8) Purchased Products: 

 
9) User Login: 

 



A Novel Approach for Spam Rectification using Pattern Recognition 

 (IJSRD/Vol. 6/Issue 01/2018/602) 

 

 All rights reserved by www.ijsrd.com 2176 

10) Userpage: 

 
11) View Profile: 

 
12) View Products 

 

13) Purchase Products: 

 
14) Enter Review: 
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