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Abstract— Now a days we are using digital data in database 

applications. So the usage of digital data is more as well as 

the database is more  so the performance of the system 

decreases in terms of the speed  as well as the efficiency So 

for that need of  different text mining methods.  Data-mining 

is the process in which we can find the relations in between 

the data. In this paper, we proposed a discovering frequent 

sequential patterns for phrases model, for phrases. It also 

includes finding the hidden information to extract the hidden 

information using different methods of data mining. Some 

phrases cannot be understood by the system or have different 

meaning so for that need of finding meaning or synonym or 

can say finding the hidden information which is to be 

extracted using data mining algorithms. However, it is 

difficult to use these phrases for answering what users want 

effectively. Therefore, we present a pattern taxonomy 

extraction model is used for extracting descriptive frequent 

patterns by pruning the meaningless. The model then is 

extended and is to be tested by the filtering system. At 

pattern-based methods outperform the keyword-based 

methods. that as in this system removing of meaningless 

patterns reduces the cost of computation & improves the 

efficiency of the system. The pattern based approach can 

improve the accuracy of system for evaluating term weights 

because discovered patterns are FSPecific. Also it improves 

the effectiveness of updating discovered patterns for finding 

relevant and interesting information. Proposed system 

efficiency will increased. 
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I. INTRODUCTION 

Digital data usages there is   rapid growth in recent database 

applications now a days it is necessary to utilize effective text 

mining method for improvement of performance. So now it 

will be a research area because in many applications database 

content is not in the form of numerical data it can be textual 

data form. So the exploitation of hidden information from 

none and semi-structured data form text mining is applicable. 

The challenging issue in text mining is used for extracting 

user required information effectively. but in this data usage is 

increased so the performance of the system gets reduced so 

the to increase the efficiency and  performance we need to 

discuss the text data mining methods along with filtering  data 

methods also. Text mining methods: 1) Term Based. 2) 

Phrase Based 3) Concept Based. 4) Pattern Taxonomy. 

So In this paper, we presented a model which is used 

discovering frequent sequential patterns, for phrases, we can 

obtain numerous phrases using data mining algorithms. We 

present a pattern which performs the frequent patterns 

extracting task which are the meaningless ones. The 

information filtering system. The results of the experiment 

show that pattern-based methods. In This paper discussed that 

removal of meaningless patterns reduces the cost of 

computation & also improves the effectiveness of the system. 

As we are finding frequent pattern along with synonym 

meaning and also filtering these meaningless pattern.  For this 

task text mining is used. Text mining methods categorization 

is based on how text document are analyzed. Text document 

analyzed using term, phrase, concept and pattern. Number of 

data mining techniques have been proposed for mining useful 

patterns in text documents. In the domain of text mining for 

effectively using and update discovered patterns is issue, 

eFSPecially. Since most existing text mining methods 

adopted phrase -based approaches, all suffering  from the 

problems of  synonymy .Pattern (or phrase)-based approaches  

overcame the  term-based ones, This paper presents an 

innovative and effective pattern discovery technique which 

includes the processes of  deploying and evolving of pattern, 

It is to be used for  improving  the effectiveness of using and 

updating  patterns for finding relevant and interesting 

information .As well as the filtering unwanted data. 

Data Mining discovers new patterns & correlations, 

by mining large amounts of data stored in warehouses, using 

statistical, mathematical techniques. Data mining is the 

principle of sorting through large amounts of data and 

alternative out required in sequence. It has been described as 

finding hidden information in a database. On the other hand, 

it has been called investigative data analysis, driven data 

detection, and deductive culture and the discipline of 

extracting useful information from large databases. Data 

mining is habitually used by business intelligence 

organization, and financial analysts, but it can be used for 

extracting information from the huge data sets generated by 

modern experimental and observational methods. In 

monitoring systems where data mining can be used is the 

major area in the industry is. Different Text mining     methods 

in various ways including discovery of patterns.  Information 

Retrieval (IR) provided many term based methods to solve 

this challenge, the term-based methods include efficient 

computational performance as well as some theories for term 

weighting, from the IR and machine learning communities. 

But there are problems with   synonymy, where polysemy 

means a word or phrase has compound meanings, and 

synonymy which have multiple words with same meaning. 

The semantic meaning of many discovered terms is uncertain 

for answering that, people have the hypothesis approaches 

that phrase-based may perform very well than the term based 

ones, as phrases may carry more “semantics” like 

information. Even though phrases or patterns are more 

discriminative and less ambiguous than individual terms,  

II. LITERATURE SURVEY 

A. Automatic Pattern-Taxonomy Extraction for Web Mining  

1) Sheng-Tang Wu Yuefeng Li Yue Xu Binh Pham Phoebe 

Chen* 

In this paper, Author propose a model for discovering 

frequent sequential patterns, phrases, which can be used as 

profile descriptors of documents. It indubitable that can be 

obtained numerous phrases using data mining algorithms.  
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For answering what users want. Therefore, Author presented 

a pattern taxonomy extraction model which performs the 

extracting descriptive frequent sequential patterns task by 

pruning the meaningless ones. The model then is extended & 

can be tested by applying it to the sequentially filtering 

system. The results also indicate that removal of meaningless 

patterns increases computation &   the effectiveness of the 

system. 

B. Effective Pattern Discovery for Text Mining 

1) Ning Zhong, Yuefeng Li, and Sheng-Tang Wu  

Many data mining techniques have been proposed for mining 

useful patterns in text documents .but in this paper, author 

propose However, research issue is how to effectively use and 

update discovered patterns, eFSPecially in the domain of text 

mining. Since most existing text mining methods adopted 

term-based approaches, these all suffering from the problems 

of polysemy and synonymy. Over theirs, people have often 

held the hypothesis that phrase-based approaches should 

perform well than the term-based ones, but many experiments 

do not support this hypothesis. These innovative and effective 

pattern discovery technique which includes the processes of 

deploying  evolving of pattern, to improve the effectiveness 

of using and updating discovered patterns for finding relevant  

information. Substantial experiments on RCV1 data 

collection and TREC topics demonstrate  

C. Mining Ontology for Automatically Acquiring Web User 

Information Needs 

1) Yuefeng Li and Ning Zhong, Senior Member, IEEE 

It is not easy to obtain the right information from the Web. 

Web user or a group of users due to the obstacle of acquiring 

automatically Web user profiles. The current techniques 

provide structures for mining Web user profiles. In This paper 

author presents a novel approach the objective of the 

approach is to automatically discover on etiologies from data 

sets. Web user information needs. It also proposes a method 

for capturing patterns to refine discovered. In totaling, the 

process of assessing relevance in ontology is fixed. This 

paper both experimental, theoretical and evaluations for the 

approach. The experimental results show that all objectives 

we expect for the approach are achievable. 

D. Evaluating and Optimizing Autonomous Text 

Classification Systems 

1) David D. Lewis 

Systems ranking of documents typically produced Text 

retrieval a and let a user decide how the ranking to go. In 

contrast, programs filter text stream, software that categorizes 

documents, IR systems must make decisions without human 

input or supervision .So in this paper defined what constitutes 

good effectiveness for these autonomous systems, the 

systems is to achieve the highest possible effectiveness, and 

estimate change as new data is processed. We cn show how 

to do this. The system lead to different optimal behaviors. 

III. SYSTEM ARCHITECTURE 

The major  mechanism of  data mining system are data source, 

data warehouse server, data mining engine, graphical user 

interface and knowledge base pattern assessment module,. 

 
Fig. 1: Data Mining Architecture 

A. Data Sources 

Data warehouse, data base, World Wide Web, other 

documents text files are the actual sources of data.  

B. Database or Data Warehouse Server 

The data warehouse server contains the actual statistics that 

is ready to be processed. 

C. Data Mining Engine 

Is the core component of any data mining system. 

D. Pattern Evaluation Modules 

The pattern evaluation module is liable for the gauge of 

interestingness of the pattern. e) Graphical User Interfacep: 

Module communicates to both the user and the data mining 

system. This module helps the user use the system easily  

IV. ALGORITHM 

As we know the collection of terms is the phrases are those 

can be considered as sequence of terms and hence to find 

sequence of phrase pattern mining algorithm is used. 

Algorithm extracts frequent sequential patterns, here pattern 

used as extracted phrase which is from document. First 

parameter PL is list of „n‟ terms frequent sequential pattern. 

II parameter is minimum relative support. In application of 

phrase based system algorithm is invoked recursively [6]. 

Algorithm: FSPmining(PL, min sup) Input: List of n Terms 

frequent sequential patterns (PL), minimum support (min 

sup) Output: Set of frequent sequential patterns (FSP). 

Method: 1. FSP ← FSP − {Pa ∈ FSP | ∃Pb ∈ P L such that 

len(Pa ) = len(Pb ) – 1∧Pa ` Pb ∧ suppa (Pa ) = suppa (Pb )} 

// pattern pruning  

A. Algorithm 1: FSPMining (PL, min_sup) 

 Input: List of n Terms frequent sequential patterns (PL), 

minimum support (min sup) 

 Output: Set of frequent sequential patterns (FSP).  

 Method 

1) FSP ← FSP − {Pa ∈  FSP | ∃ Pb ∈  P L such that len(Pa 

) = len(Pb ) – 1∧ Pa ` Pb ∧  suppa (Pa ) = suppa (Pb )} // 

pattern pruning  

2) FSP ← FSP ∪  P L  

3) PL ← ∅   

4) For each pattern p in P L do begin  
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5) generating p-projected database P D  

6) for each frequent term t in P D do begin  

7) P =pt  

8) if suppr (P ) ≥ min sup then  

9) PL ← PL ∪  P  

10) end if  

11) end for  

12) end for  

13) if |P L | = 0 then  

14) return  

15) else  

16) call FSPmining(P L , min sup)  

17) end if  

18) output FSP  

B. Algorithm 2: PDM(D,min_sup) 

 Input: a list of document D: minimum support min_sup. 

 Output: a set of vectors ∆ 

 Method 

1) 1: ∆←∅ 

2) 2: for each document d in D do begin 

3) 3: extract lTerms frequent patterns PL from d 

4) 4: SP = SPMining(PL,min_sup) || Call Algorithm 1 

5) 5: ←dul <-  ∅ 

6) 6: for each pattern p in SP do begin 

7) 7: dul <- dul ⨁ Pˈ || Pˈ is the expanded form of p 

8) 8: end for 

9) 9: ∆←∆ ∪ { dul } 

10) 10: end for 

C. Algorithm 3: PDS(SP) 

 Input: a set of frequent sequential patterns SP. 

 Output: a sevectors of feature in expanded form dul. 

 Method: 

1) sum_supp = 0, dul ← ∅ 

2) for each pattern p in SP do begin 

3) sum_supp += supa(p) 

4) end for 

5) for each pattern p in SP do begin 

6) ⨍=suppa(p)/(sum_supp × len(p)) 

7) Pˈ ← ∅ 

8) for each term t in p do begin 

9) Pˈ ← Pˈ ∪ {(t,⨍ )} 

10) end for 

11) dul  <- dul  ⨁ Pˈ 

12) end for  

D. Algorithm 4: DPEvolving(Ω,D) 

 Input: a list of deployed patterns Ω; a list of documents 

D 

 Output: a set of term weight pairs dul. 

 Method: 

1) dul  <- ∅ // estimate minimum threshold   = Threshold 

(D)  

2) for each document d in D do begin  

3) if Threshold ({d})>  then 

4) ∆p = {Ap ϵ Ω| termset (Ap)∩ d≠∅} 

5) Shuffling (d, ∆p) 

6) end if 

7) for each deployed pattern d in Ω do begin 

8) dul ← dul ⨁ Ap 

9) end for 

10) end for 

E. Algorithm 5: Shuffling (d, ∆p) 

 Input: a document d and a list of deployed patterns ∆p. 

 Output: updated deployed patterns. 

 Method: 

1) for each deployed pattern d in ∆p do begin 

2) if termset(d) ⊆d then // complete conflict offender 

3) Ω = Ω- {Ap} 

4) else // partial conflict offender 

5) offering’ = (1- 1/µ)  × ∑ {t. weight|t ∈ d}
t∈termset (Ap)

 

6) base = ∑ {t. weight|t ∉ d}
t∈termset (Ap)

 

7) for each term t in termset(Ap) do begin 

8) if t ϵ d then // shrink offender weight 

9) t.weight = 1/µ × t.weight 

10) else //shuffle weights 

11) t.weight = t.weight × (1+offering’÷base) 

12) end if 

13) end for 

14) end if 

15) end for 

Meaningless terms removal is known as pruning 

process which is required for reducing cost of calculation and 

improved the effectiveness of system. First line presents 

pruning step which is to eliminate non-closed patterns. The 

algorithm used to mine „n‟ terms from predictable database, 

if relative support of terms is greater than or equal to 

minimum support then all these can be stored those patterns. 

The algorithm repeats itself recursively until there is no more 

pattern discovered. As a result, the output of algorithm FSP 

Mining is a set of closed sequential patterns with relative 

supports greater than or equal to FSPecified minimum 

support. FSP Mining algorithms feature is it deals with 

several sequences at the time while other only handle one 

sequence at a time. To improve the effectiveness by effectively 

using closed patterns in text mining. In addition, we can use two-

stage model that used both term-based methods and patter n 

based methods was introduced in to significantly improve the 

performance of information filtering. 

V. CONCLUSIONS 

In this paper, we proposed a discovering frequent sequential 

patterns model, for phrases. It also includes finding the 

hidden information to extract the hidden information using 

deploying method of data mining. For finding frequent 

pattern PDM, PDR are used. Also proposed filtering method. 

Some phrases cannot be understood by the system or have 

different meaning so for that need of finding meaning or 

synonym or can say finding the hidden information which is 

to be extracted using data mining algorithms.  
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