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Abstract— now a day, traveling recommendation system is 

the most important factor for user. There are many existing 

approaches in the travel recommendation system. This paper 

explain a travel recommendation system using travelers with 

large amount of data. It recommends personalized users 

interest and recommend a sequence of travel interest instead 

of an individual point of interest. The existing method cannot 

complete the constraint i.e. personalized and consecutive 

recommendation together. To solve the problem a topical 

package model is created which automatically mine the user 

interest of attributes like time, cost and season to solve the 

problem of providing personalized and. The proposed system 

uses the traveler’s user experience of social media which is 

used to map each user and routes explanation. To recommend 

personalized POI sequence, first famous routes are stratified 

as per the similarity between user package and route package. 

Then high stratified routes are more optimized by using social 

similar users travel records for more accuracy. 
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I. INTRODUCTION 

In day to day life, people are interested in traveling and 

searching for the different tourist spot for travel planning in 

which they are fascinated. Social media has come out nonstop 

needs for automatic travel recommendation. This becomes an 

important problem in research and engineering. Social media 

offers great chances to address many remarkable problems, 

like GPS estimation and travel recommendation. Travelogue 

websites offer rich descriptions about landmarks and 

traveling experience written by users. These data are not only 

useful for consistent POIs i.e. points of interest, travel routes 

but also gives an opportunity to recommend personalized 

travel POIs and routes based on customer’s interest. 

Existing studies on travel recommendation use the 

different types  of social media data, GPS trajectory, check-

in-data, geo tag and blogs which are used for mining famous 

travel POIS and routes [2][4]. The existing system for general 

travel route planning cannot well meet user’s personal 

requirements. Personalized travel recommendation system 

recommends the POIs and routes by mining user’s travel 

history. Location-based collaborative filtering is the most 

famous technique for the travel recommendation. In this 

collaborative filtering method, social similar users are 

mapped based on the location co-occurrence of similar visited 

POIs. And then POIs are ranked according to similar users 

experience. 

There are two main problems in automatic travel 

recommendation system when we compare existing travel 

recommendation approach. First, the suggested POIs should 

be personalized to customer interest since different users may 

prefer different types of POIs. Second, it is important to 

recommend a sequential travel route that is a sequence of 

POIs rather than individual POI. Existing approaches on 

travel recommendation has not well solved these two 

problems. The first problem, most of the travel 

recommendation focused only on user topical interest mining 

without considering other attributes like consumption 

capability of the user. And for the second problem, existing 

studies focused more on famous route mining but not 

considering user travel interest [1]. To solve the problems 

sequential and personalized recommendation of travel 

location for the user, the new system proposes Topical 

Package Model method which automatically mines user 

travel interest from two types of social media data. For the 

first problem, it considers user’s topical interest with the 

attribute like consumption capability and preference of 

visiting time of user and season. It is difficult to measure the 

similarity directly between user and route, proposed system 

build a topical package model and then map both user’s and 

route’s textual descriptions to the topical package model to 

get user topical package model (user package) and route 

package model (route package) using topical package 

space[1]. Comparing with existing recommendation system 

for traveling with this recommendation system is more suited 

for travel planning for user. 

Recommender systems are defined as 

recommendation feedbacks given by the people, which the 

system then aggregates and directs to appropriate recipients. 

It can be defined as a system that products personalized 

recommendations as production or has the effect of managing 

the user in a personalized way to interesting objects in a larger 

space of possible options. Recommender system will become 

an important part of the Media and Entertainment (M&E) 

industry in the near future. 

II. CLASSIFICATION OF TRAVEL RECOMMENDATION 

In this section, the various types of recommendation systems, 

data sources used and groups employed for the 

recommendation systems is discussed. The various 

challenges faced by the recommendation systems are also 

briefly summarized. 

Types of Recommendation Systems: There are four 

types of recommendation systems which is common. Each 

one of them is listed below.  

 Location Recommendations: Recommends stand-alone 

locations like Point Of Interests and regions or sequential 

locations like travel routes and sequences to a user.  

 User Recommendations: Proposes well known clients 

like neighborhood specialists and assessment pioneers, 

potential companions like who have comparable interests 

and inclinations or groups, which a client may wish to 

join because of shared interests and exercises;  
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 Activity recommendations: Proposes to movements that 

a client might be intrigued thinking about the user's 

interest and area 

 Social media recommendations: Proposes online 

networking, for example, photographs, recordings, and 

web substance, to the user as the area of a client and the 

area metadata of the web-based social. 

A. Data Sources Used 

The Recommender System takes advantage of many data 

sources like:  

1) The user profiles, which explicitly specifies the user’s 

age, gender, interests, preferences, etc is utilized. Many 

content-based recommender systems use such profile 

information to commend locations based on the user 

generated tags, location’s categories, etc. Enhancing the 

accuracy of the area labels and classes by removing user 

action designs for every area is the attention of other 

research.  

2) User online history includes user ratings, user interaction 

patterns, and user search histories. The social networks 

offers to leave plain rating of visited locations by the 

users, to express their opinions. Associate 

recommendation and community discovery systems use 

the user interaction pattern. Map browsing histories and 

spatial searching logs include the user search history. 

Recommender systems can estimate the community’s 

knowledge and favorites by amassing such information.  

3) User routes, includes a record of a user’s earlier visited 

locations like check-in data that builds up in the social 

networking site. A more specific data source to study the 

user’s performances and preferences is a user’s location 

history as it records where users actually go, rather than 

what they list as preferences. For friend reference, 

location pasts can also be used.  

III. METHODOLOGY 

Content based recommendation:  It’s mainly classified as an 

result and maintenance of evidence filtering research. In this 

system, the objects are mainly defined by their related 

features. A content-based recommender learns a profile of the 

new user’s interests based on the geographies present, in 

objects the user has rated. It’s mainly a keyword specific 

recommender organization here keywords are used to define 

the items. Thus, content-based recommender system the 

measures used are such that it mentions users related items 

that the user has liked in the past or is uncertain currently. 

Attributes like age, gender and preferred cuisines 

and the features of locations like categories and tags 

associated with places are utilized to make recommendation 

from the users profile. Accurate and structured information 

for both the user profiles and the location features are 

acquired by the systems to make high quality consent. This 

systems robustness against the cold start problem for both 

new users and locations is the major advantage. They can be 

handled effectively, as long as the again added user or 

location has the appropriate graphic content. However, 

content-based recommendation systems have many 

problems. The aggregated community opinions from users, 

which may result low quality references is not considered in 

the content-based recommender systems and the structured 

information for both users and localities be created and 

continued, in which the majority of the contents are created 

by the users which is costly is essential by this methodology. 

1) Link Analysis-based Recommendation 

Link analysis models like hypertext induced topic search 

(HITS) and Page Rank are realistic to identify interesting 

location and experienced users. High quality nodes from a 

complex network by examining the structure are extracted by 

this algorithm. Indicating the user travel experience, each 

location is allocated a standing score, and every client is doled 

out a center point score. A place of expert users and 

interesting locations is computed, based on a mutually 

supporting relationship. 

The remunerations of link analysis-based 

procedures are the user’s experiences at the opinion when 

making suggestions and strengthen cunnings from 

experienced ratings from experienced users are taken into 

description and stand strong against cold start difficult. 

However, there happen a major disadvantage, overlooking 

the user’s personal favorite; they can only provide general 

reference. 

2) Collaborative filtering (CF) recommendation 

The user’s favorites from ancient performance such as from 

a location history are decided. This method is widely used in 

conservative recommendation systems. A user is more 

accountable to visit an area in the event that it is favored by 

comparative similar users, is the intuition in covering the 

Collaborative Filtering model for references. Three 

procedures are contained in this method, i) candidate 

selection, ii) similarity inference, and iii) recommendation 

score predication. The benefits of this collaborative Filtering 

are that well-structured images of things (areas, exercises, 

and so forth.) or users do not need to preserve. Community 

estimations, which provide high importance 

recommendations is taken as an advantage. 

It’s the most kinds after, most widely applied and 

most develops technologies that is available in the market. 

Cooperative recommendation systems substantial estimations 

or recommendations of problems, classify compromises 

between the users on the basis of their evaluations, and 

generate new recommendations based on inter-user 

calculations. The greatest strength of collaborative methods 

is that they are completely autonomous of any machine-

readable design of the objects being recommended and work 

well for complex objects where differences in taste are 

answerable for much of the variation in preferences. 

Collaborative filtering is based on the certainty that people 

who agreed in the ancient will agree in the future and that they 

will like similar kind of objects as they liked in the past 

However, they have drawbacks also. The association model 

construction process is very time consuming, presenting a 

scalability challenge that is exacerbated by the rapid growth 

and evolution of LBSNs 

3) Mobile recommender systems 

One growing area of research in the area of recommender 

systems is mobile recommender systems. With the increasing 

ubiquity of internet-accessing smart phones, it is now 

possible to offer personalized, context-sensitive 

recommendations. This is a particularly difficult area of 

research as mobile data is more complex than data that 

recommender systems often have to deal with (it is 

heterogeneous, noisy, requires spatial and temporal auto-

correlation, and has validation and generality problems). 
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Additionally, mobile recommender systems suffer from a 

transplantation problem – recommendations may not apply in 

all regions (for instance, it would be unwise to recommend a 

procedure in an area where all of the constituents may not be 

available). 

One example of a mobile recommender system is 

one that offers potentially profitable driving routes for taxi 

drivers in a city. This system takes contribution data in the 

form of GPS traces of the ways that taxi drivers took while 

working, which include location (latitude and longitude), 

time stamps, and operative position (with or without 

passengers). It uses this data to recommend a list of pickup 

points along a route, with the goal of optimizing possession 

times and profits. This type of system is obviously location-

dependent, and since it must operate on a handheld or 

embedded device, the division and energy requirements must 

remain small. 

Another example of mobile recommendation is what 

(Bouneffouf et al., 2012) developed for professional users. 

Using GPS suggestions of the customer and his schema, it 

suggests appropriate information depending on his situation 

and interests. The system uses machine learning techniques 

and reasoning procedures in order to energetically adapt the 

mobile recommender system to the growth of the user’s 

interest. The author called his algorithm hybrid-ε-greedy. 

Mobile recommendation systems have also been 

successfully built using the "Web of Data" as a source for 

structured information. A good example of such system is 

SMARTMUSEUM The system uses semantic modeling, 

information retrieval, and machine learning techniques in 

order to recommend content matching user interests, even 

when presented with sparse or minimal user data. 

4) Risk-aware recommendation systems 

The mainstream of existing approaches to recommender 

systems emphases on revealing the most suitable content to 

users using proportional information and do not take into 

clarification the risk of troubling the user in specific situation. 

However, in many applications, such as recommending 

personalized satisfied, it is also important to consider the risk 

of upsetting the user so as not to desire recommendations in 

certain circumstances, for instance, during a professional 

conference, early morning, or late at night. Therefore, the 

performance of the recommender system be depending in part 

on the grade to which it has united the risk into the 

commendation process. 

5) Graphic based Recommendation System 

This scheme purposes to categorize the users based on 

capabilities and make recommendations based on 

demographic packages. Many productions have taken this 

kind of technique as it’s not that complex and easy to 

implement. In Graphic-based recommender system the 

measures first need a precise market research in the specified 

region seemed with a short review to gather data for 

classification. Demo-graphic techniques form “people-to-

people” associations like collaborative ones, but use 

dissimilar data. The advantage of a demographic approach is 

that it does not need a ancient of user positions like that in 

collaborative and content based recommender schemes. 

Publication Name Publication Details Description Advantages Disadvantages 

Author Topic 

Model Based 

Collaborative 

Filtering for 

Personalized POI 

Recommendations. 

S. Jiang, X. Qian, J. 

Shen, Y. Fu, and T. 

Mei IEEE 

Trans.Multim edia, 

vol. 17, no. 6, pp. 

907–918, Jun. 2015 

This method makes possible 

complete points of interest 

recommendations for social 

users. User preference topics 

are extracted from the geotag 

constrained textual 

description of photos via the 

author topic model. 

Without GPS 

records, similar users 

can still be mined 

accurately according 

to the similarity of 

users’ topic 

preferences. 

Data would be even 

sparer and noisier. 

Probabilistic 

Sequential POIs 

Recommendation 

via Check-In Data. 

J. Sang, T. Mei, T. J. 

Sun, S. Li, and C. 

Xu 

ACM SIGSPATIAL 

Int. Conf. Adv. 

Geographic Inform. 

Syst., 2012, pp. 

402–405. 

It explores the possible of 

location based service, which 

is to recommend a package 

of sequential activities 

related to user context and 

importance 

Importance in 

recommending 

sequential activities 

It not considering 

elongated check-in 

sessions 

Using trajectories 

for collaborative 

filtering-based POI 

Recommendation. 

H. Huang and G. 

Gartner 

Int. J. Data Mining, 

Modelling Manage., 

vol. 6, no. 4, pp. 

333–346, 2014. 

Collaborative filtering to 

mine GPS trajectories for 

providing Amazon-like POI 

recommendations 

More accurate 

recommendation 

compare with modest 

location 

 

Automatic 

generation of 

multimedia tour 

guide from local 

blogs. 

H. Kori, S. Hattori, 

T. Tezuka, and K. 

Tanaka 

Adv. Multimedia 

Model.,vol. 4351, 

no. 1, pp. 690–699, 

2006 

It describe a system that 

extracts typical visitor’s 

travel routes based on blog 

entries and that presents 

multimedia content 

significant to those routes. A 

progressive pattern mining 

method is used for route 

extraction 

Using desktop or a 

mobile device its act 

like tour guide. 
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W2Go: A Travel 

Guidance System 

by Automatic 

Landmark Ranking 

Y. Gao, J. Tang, R. 

Hong, Q. Dai, 

T.Chua, and R. Jain, 

Int. Conf. 

Multimedia, 2010, 

pp. 123–132 

It automatically identifies 

and ranks the landmarks for 

travellers. In this system, a 

novel Automatic Landmark 

Ranking method is explained 

by consuming the tag and 

geo-tag information of 

photos and user knowledge. 

The system provides 

effective backing to 

travellers. 

It is hard to remove 

tags of proceedings 

and activities from 

the milestone list as 

they are location 

sensitive. 

Personalized Travel 

Sequence 

recommendation 

On Multi-Source 

Big Social Media. 

Jiang, Shuhui et al. 

IEEE Transactions 

on Big Data 2.1 

(2016), pp.43-56, 

2016 

It describe a system that 

extracts characteristic 

visitor’s travel routes based 

on blog records and that 

presents multimedia content 

significant to those routes 

A sequential pattern 

mining method is 

used for route 

thought. 

It recommends not 

only POIs but also 

travel sequence, 

considering both 

the approval and 

user’s travel 

selections at the 

same time 

Graph-based point 

of-interest 

recommendation 

with geographical 

and temporal 

influences 

Q. Yuan, G. Cong, 

and A. Sun ACM 

Int. Conf. Inf. 

Knowl. Manage., 

2014, pp. 659–668 

It explains the Geographical 

Temporal effect Aware 

Graph to model check-in 

records, geographical effect 

and progressive effect. 

It develops a 

preference 

propagation 

algorithm named 

Breadth-first 

Leaning Propagation. 

Exploit both 

environmental and 

historical impact in 

time-aware POI 

recommendation 

Intelligent travel 

recommendation 

system by mining 

attributes from 

community 

contributed photos 

Subramaniya 

swamy, 

Vijayakumar, 

Logesh and 

Indragandhi. 

International 

Symposium on Big 

Data and Cloud 

Computing 

(ISBCC’15) 

This method mechanically 

mined evidence from user 

contributed photo and the 

perceived people attributes, 

types of travel group and 

portable group season in 

photo contents. 

It helps user in 

definition tourist 

locations that 

explorer likes to visit 

a place. 

 

Using Multi-

Criteria Decision 

Making for 

Personalized 

Pointof-Interest 

Recommendations 

Yan Lyu ChiYin 

Chow Ran Wang 

Victor C. S. Lee 

A new modified POI 

recommendation framework 

created based on multi-

criteria choice creation 

method. 

More actual trade-off 

mechanism for 

multiple criteria 

 

Table 1: Comparative with existing studies

IV. CONCLUSION 

In Big data they uses a recommendation system for 

personalized travel plan system. This recommendation 

system considers the user importance with another attribute 

of users like time, season, and cost of travel. Using this social 

media data not only mining users point of interest but also the 

travel sequence of the point of concern with considering other 

attribute of user i.e. consumption capability of the user. For 

future work, we can use more type of big data in travel 

recommendation for user interest and can provide 

information like transportation detail for the user for 

convenience tour planning.   
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