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Abstract— nowadays, several moving picture trailers area 

unit on the market on social media and severally indicate 

whether or not they like or dislike those video trailers. It’s 

into new direction, Video Content analysis-the illustration 

and modeling of affection video content [1]. The most focus 

of this work is to extract the options. The supply of 

methodologies for extracting content wills extent the present 

scope of video. The effective content is color, shot and 

motion. Among several of the multimedia system options, 

single low-level multimedia system options of shot length 

variance area unit extremely prognosticative of a viewers 

like/dislike. The user might want to pick out a moving picture 

not solely supported its solid, director and story content. 

Feature extraction and machine learning approaches are often 

used wont to calculate the score range of like and dislike. 

Color options, motion options and shot options area unit 

extracted. Here we have a tendency to calculate the score 

exploitation shot writing variance pattern. This calculated 

score supports to predict the success of preview before 

launching. It helps to avoid the loss of administrators. A 

trailer needs to have interaction viewers for fewer than a pair 

of minutes and thirty seconds, that is that the most length 

allowed by the MPAA (Motion image Association of 

America). So, the trailer aims to inform the story of a movie 

in engaging fashion. it's price to mention that in comparison 

these functions, the ratings of like/dislike correlate closely 

with the viewer’s written responses to the preview videos. For 

police investigation the changes in scene some fast scene 

analysis algorithms area unit used [2]. 
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I. INTRODUCTION 

In period of time moving picture producers transfer moving 

picture trailers on the media and when uploading the video it 

get hits by the viewers. On the idea of that hits producers get 

idea concerning the success of trailers. In these method most 

of the time videos get flops and producers needs to face loss 

of cash and waste of your time. To avoid these sort of 

drawback we have a tendency to attending to develop this 

project [2]. The motivation of this project is to predict the no 

of likes and dislikes for preview before uploading trailer. To 

avoid the loss of administrators we have a tendency to 

developing this technique to predict the no of likes and 

dislikes by extracting the low level video frames options. 

These options area unit color, motion and shot. It by 

exploitation this producers might grasp the deficiency of 

video and build improvement within the video to form it 

better [3]. 

The aim of this technique is to calculate preview 

“Like/Dislike” score. Transfer the assorted moving picture 

trailer’s from YouTube or any social media network. Predict 

the trailers scores with range of likes and dislikes which 

might represent the viewer’s preferences. For calculative this 

score we have a tendency to use SVM (Support Vector 

Machine).The options area unit train with SVM. Then 

analyze the options of the trailers in detail [1]. For extraction 

there area unit sixteen options used. The Extracted Low level 

options area unit as follows: 

 Shot Feature. 

 Motion Feature. 

 Color Feature. 

II. SYSTEM FUNCTIONS 

 
Fig. 1: System Architecture 

Project contain following completely different modules: 

A. Data Collection 

In this module we have a tendency to are grouping the 

YouTube knowledge and reviews for that show. The score of 

each trailer is calculated by the “Like range (LN)” and 

“Dislike range (DN)” of the trailer videos. The LN and DN 

mean the vote range of individuals World Health 

Organization sort of a trailer video or dislike it. The liquid 

ecstasy and min score worth ar five.0 and 0. Meaning trailers 

can receive the next score if they'll incite the positive “like” 

of the audiences, while, those with lower scores could have a 

negative “dislike” result on the audience’s preference. 

B. Extraction 

In this section, the options extraction procedures are 

mentioned. The options, as well as colour, motion and shots 

are evaluated. It ought to be noticed here that within the 

calculation procedures of colour feature and motion feature, 

the trailer videos are separated into single frames. 

C. Collection of Features 

During this module or technique we have a tendency to 

grouping the all extracted options. Here, they're thought to be 

the foremost powerful options to the audiences’ “like/dislike” 

rankings for the stratified show trailers. So, to investigate the 

options there's an understandable relationship between 

feature and scores within the plot map of “Shot length 

variance-Score”. 
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D. SVM Module 

During this module or technique we have a tendency to are 

applying the classification formula and turn out the simplest 

feature or analysis of that advert. 

III. LITERATURE SURVEY 

A. Affective Understanding in Film Hee LinWang and 

Loong-Fah Cheong. June 2010 

This helps to support in subtle flick analysis, ranking and 

assortment. Problem of bridging the Affective gap 

particularly in higher level emotional label square measure to 

be computed from low level causes. 

B. Parameter improvement for Support Vector Machine 

Classifier with IO-GA[3]. Jing Zhou, Omaru O. Maruatona. 

2011 

During this we tend to conjointly advance a new genetic 

algorithmic rule with improved genetic operators (IO-GA) to 

optimize the SVM classifiers parameters. 

This introduce native minima downside as a result 

of they are doing not absolutely contemplate the premature 

convergence of genetic algorithmic rule. 

C. SVM Modelling for extremely unbalanced Classification. 

Yuchun Tang, Yan-Qing Zhang, Nitesh V. Chawla.2012 

Support price sensitive learning, oversampling, underneath 

sampling. Data loss as a result of elimination of helpful 

samples, classification effectiveness is reduced. 

D. Prediction of films Box workplace Performance using 

Social Media”. Krushikanth R. Apala, Merin Jose.2013 

This methodology helps to predict the success of films. Great 

amount of information assortment is needed for analysis. 

E. Affective Video Content illustration and Modelling. Alan 

Hanjalic, Li-Qun Xu.2014 

Highly useful for mechanically classifying video into totally 

different affection genres. Looking manually assortment of 

content verity tedious and time intense. 

IV. ALGORITHM 

“Support Vector Machine” (SVM) could be a supervised 

machine learning rule which might be used for each 

classification or regression challenges. However, it's largely 

employed in classification issues. During this rule, we have a 

tendency to plot every information item as a degree in n-

dimensional area (where n is range of options you have) with 

the worth of every feature being the worth of a specific 

coordinate. Then, we have a tendency to perform 

classification by finding the hyper-plane that differentiate the 

2 categories okay (look at the below snapshot). 

 
Fig. 2: SVM 

Support Vectors square measure merely the co-

ordinates of individual observation. Support Vector Machine 

could be a frontier that best segregates the 2 categories 

(hyper-plane/ line). 

Steps: 

1) Identify the correct hyper-plane (Scenario-1): Here, 

we've 3 hyper-planes (A, B and C). Now, establish the 

correct hyper-plane to classify star and circle. 

 
Fig. 3: Identify the correct hyper-plane 

You need to recollect a thumb rule to spot the correct hyper-

plane: “Select the hyper-plane that segregates the 2 categories 

better”. During this state of affairs, hyper-plane “B” has 

excellently performed this job. 

2) Identify the correct hyper-plane (Scenario-2): Here, 

we've 3 hyper-planes (A, B and C) and every one square 

measure segregating the categories well. Now, however 

will we have a tendency to establish the correct hyper-

plane?  

 
Fig. 4: Identify the correct hyper-plane 

Here, increasing the distances between nearest 

datum (either class) and hyper-plane can facilitate USA to 

make a decision the correct hyper-plane. This distance is 

named as Margin. Let’s explore the below snapshot: 

 
Fig. 5: Hyper-plane 

Above, you'll see that the margin for hyper-plane C 

is high as compared to each A and B. Hence, we have a 

tendency to name the correct hyper-plane as C. Another 

lightning reason for choosing the hyper-plane with higher 

margin is strength. If we have a tendency to choose a hyper-

plane having low margin then there's high likelihood of miss-

classification. 

3) Identify the right hyper-plane (Scenario-3): Hint: Use the 

principles as mentioned in previous section to spot the 

correct hyper-plane 
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Fig. 6: Identify the right hyper-plane 

Some of you will have hand-picked the hyper-plane B 

because it has higher margin compared to A. But, here is that 

the catch, SVM selects the hyper-plane that classifies the 

categories accurately before increasing margin. Here, hyper-

plane B features a classification error and A has classified all 

properly. Therefore, the correct hyper-plane could be a. 

4) Will we have a tendency to classify 2 categories 

(Scenario-4)?Below, i'm unable to segregate the 2 

categories employing a line, united of star lies within the 

territory of other (circle) category as associate outlier.  

 
Fig. 7: Hyper-Plane 

As I actually have already mentioned, one star at 

different finish is like associate outlier for star category. SVM 

features a feature to ignore outliers and realize the hyper-

plane that has most margin. Hence, we can say, SVM is 

powerful to outliers. 

 
Fig. 8: Hyper-Plane 

5) Find the hyper-plane to segregate to categories 

(Scenario-5): within the state of affairs below, we have a 

tendency to can’t have linear hyper-plane between the 2 

categories, therefore however will SVM classify these 2 

classes? until currently, we've solely checked out the 

linear hyper-plane. 

 
Fig. 9: Hyper-Plane 

SVM will solve this downside. Easily! It solves this 

downside by introducing further feature. Here, we are going 

to add a replacement feature z=x^2+y^2. Now, let’s plot the 

information points on axis x and z: 

 
Fig. 10: Hyper-Plane 

In higher than plot, points to think about are: 

All values for z would be positive continuously as a 

result of z is that the square add of each x and y within the 

original plot, red circles seem near the origin of x and y axes, 

resulting in lower price of z and star comparatively far from 

the origin result to higher price of z. 

In SVM, it's simple to own a linear hyper-plane 

between these 2 categories. But, another burning question 

that arises is, ought to we'd like to feature this feature 

manually to own a hyper-plane. No, SVM features a 

technique referred to as the kernel trick. These square 

measure functions that takes low dimensional input area and 

rework it to a better dimensional area i.e. it converts not 

dissociable downside to dissociable downside, these 

functions square measure referred to as kernels. It’s largely 

helpful in non-linear separation downside. Simply put, it will 

some very advanced information transformations, then 

establish the method to separate the information supported 

the labels or outputs you’ve outlined. 

When we explore the hyper-plane in original input 

area it's sort of a circle: 

 
Fig. 11: Hyper-Plane 

V. ANALYSIS 

Support vector machine (SVM) was applied for land-cover 

characterization victimisation MODIS time-series 

knowledge. Classification performance was examined with 

relevance coaching sample size, sample variability, and 

landscape homogeneity (purity). The results were compared 

to 2 typical statistic image classification algorithms: 

multilayer perceptron neural networks (NN) and 

classification and regression trees (CART). For 2001 MODIS 

time-series knowledge, SVM generated overall accuracies 

starting from seventy seven to eightieth for coaching sample 

sizes from twenty to 800 pixels per category, compared to 67–

76% and 62–73% for NN and CART, severally. These results 
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indicated that SVM’s had superior generalization capability, 

notably with relevance little coaching sample sizes. There 

was conjointly less variability of SVM performance once 

classification trials were recurrent victimisation completely 

different coaching sets. in addition, classification accuracies 

were directly associated with sample 

homogeneity/heterogeneity. The accuracies for the SVM 

formula were ninety one (Kappa = zero.77) and sixty fourth 

(Kappa = zero.34) for unvaried and heterogeneous pixels, 

severally. The inclusion of heterogeneous pixels within the 

coaching sample didn't increase overall accuracies. Also, the 

SVM performance was examined for the classification of 

multiple year MODIS time-series knowledge at annual 

intervals. Finally, victimisation solely the SVM output 

values, a way was developed to directly classify pel purity. 

close to sixty fifth of pixels at intervals the Albemarle–

Pamlico Basin study space were tagged as “functionally 

homogeneous” with Associate in Nursing overall 

classification accuracy of ninety one (Kappa = zero.79). The 

results indicated a high potential for regional scale 

operational land-cover characterization applications. 

VI. CONCLUSION 

In this project we tend to use the shot writing pattern for 

calculate frames options and use support vector machine 

(SVM) for coaching and testing. Here SVM is trained with 

some video and therefore the compare question video with 

trained video. On the idea of that comparison SVM predict 

score of likes and dislikes for the advert. This technique 

represent comparison of standard options of 2 or a lot of 

trailers. On the idea of that comparison system predict the 

score of likes and dislikes for the advert by exploitation SVM. 

This technique helps to induce prediction concerning the 

success of advert and to boost the video quality. 
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