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Abstract— Upcoming days are more focus on IoT so 

everyone is connected toward technological things so more 

and more data will be stored on internet or cloud. No problem 

to having data and stored on thousands of GB or TB memory 

space is available, but problem with to retrieve our interested 

data from this large amount of data. To access this data by 

using traditional way it is very difficult task to find interested 

data easily and in required time. Solution for this problem is 

to retrieve data by using content of data i.e. content based 

retrieval. In content based retrieval system text retrieval and 

image retrieval is developed up to some extend also 

commercial applications are available for that. But when we 

consider content based video retrieval no optimized solution 

is available so our aim is to retrieve video using spatial and 

temporal features of video. In spatial and temporal feature we 

will more focus on color, texture, edge and motion feature of 

video. 
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I. INTRODUCTION 

If the collection is small, finding an image or video through 

browsing is an easy task. However, when database becomes 

huge, searching images from the huge database becomes time 

consuming and difficult task. With the current tendency of 

transferring more information to the internet and personal 

computers, different methods are required in order to find the 

desired information. Google and Yahoo are search engines 

which search and retrieve documents based on their textual 

contents. But the quality of the results is very poor when it 

comes to finding imagery. In order to solve this problem, two 

techniques implemented for search and retrieval of an image 

are text-based image retrieval and content-based image 

retrieval  The amount of content stored and shared on the Web 

and other document repositories is increasing fast and 

continuously. This enlargement results in well-known 

difficulties and problems, such as finding and properly 

managing all the existing amount of information. This 

increase in computing power and electronic storage capacity 

has led to an exponential increase in the amount of digital 

content available to users in the form of images and video, 

which form the bases of many educational, entertainment and 

commercial applications. Consequently, the search for 

relevant information in the large space of image and video 

databases has become more challenging. How to achieve 

accurate retrieval result is still a challenging and an unsolved 

research problem. 

An information retrieval process begins when a user 

enters a content based query into the system. In content based 

retrieval a query does not uniquely identify a single result in 

the collection. Instead, several relevant match to the query. 

User queries are matched against the database 

information. Often the videos or images are not kept or stored 

directly in the database system, but are stored also by using 

features. CBR systems matched features of user query to 

database features of each image or video in the database, and 

rank the result according to this measure. The top ranking are 

then shown to the user. 

Feature extraction is the main task in the CBR 

system which is used to retrieve the similar images from 

database. Similarity measurement decides how close a vector 

is to another vector. Selection of similarity metrics has a 

direct impact on the performance of content-based image 

retrieval. The type of feature vectors selected determines the 

type of measurement that is used to compare their similarity. 

Euclidean distance is the most common metric used to 

measure the distance between two points in multi-

dimensional space. To represent an image, feature extraction 

extracts features such as color, texture or shape from image 

and creates a feature vector for each image. 

For a certain combination of a color model plus a 

mapping function color space is a more specific term. The 

purpose of a color space is to facilitate the specification of 

colors. For different purposes many color spaces, such as 

RGB, HSV, CMYK and CIE L*a*b have been developed. To 

represent the color of the global or local areas, color 

descriptor is needed. From various representation schemes 

several color descriptors have been developed such as color 

histograms, color moments, color edge and color texture. Out 

of these color histogram and color moment are most 

commonly used methods for the color feature extraction. 

Texture is the natural property of all surfaces, which 

describes visual patterns each having the properties of 

homogeneity. A texture is characterized by intensity 

properties (tones) and spatial relationships (structural). This 

is a feature that describes the distinctive physical composition 

of a surface. The different texture properties as perceived by 

the human eye are, for example regularity, directionality, 

smoothness, and coarseness. Image textures have useful 

applications in image processing. They include: recognition 

of image regions using texture properties known as texture 

classification, recognition of texture boundaries using texture 

properties known as texture segmentation, texture synthesis, 

and generation of texture images from known texture models. 

For all types of textures there is no any single method which 

gives best result [5]. The commonly used methods for texture 

feature description are statistical, model-based and 

transform-based methods. 

II. RELATED WORK 

Yildizer, Balci, Hassan and Alhajj proposed efficient content-

based image retrieval using Multiple Support Vector 

Machines Ensemble [1]. The main purpose of this method is 
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to find a good similarity measure between images. Similar 

images belong to predefined classes with close probabilities 

and to find the class probabilities this approach uses Support 

Vector Regression (SVR) model. The main steps in this 

approach are first, Feature extraction: in this step before 

feature extraction resize the images and transform images 

from RGB data space to another space. After that Daubechies 

wavelet transformation applied several times to extract 

features from images. Second, Feature reduction: SVR 

ensemble constructs for feature reduction. It creates new low 

dimensional feature vectors in reduced size due to which 

distance calculation reduced. Third, construct a new SVR 

model to find the class probability estimates of the test 

Images. Fourth, Query phase: in this phase Euclidian distance 

measurement uses as distance measure and return similar 

images having lowest distance. The main purpose of this 

CBIR technique is that to handle large image databases and 

by reducing the dimensionality of the feature vectors reduce 

the cost of distance measurements due to which the accuracy 

of the classifier increase. 

Biragle and Doye focus on color and texture features 

for content based image retrieval [4]. For improved retrieval 

performance they use the decomposition scheme based on 

color planes in combination with histogram. For each plane 

three level decomposition performed. Each image divided 

into non-overlapping sub images and analyzed using standard 

wavelet and histogram. Standard Wavelets used for texture 

feature extraction and color histogram for color feature 

extraction. To create the feature vector first level energy and 

computed standard deviation of each sub-band is used. Then 

to find similarity between images Euclidean distance metric 

is used. The main advantage of three-color plane wavelet 

decomposition is that it yields a large number of sub bands 

and which improves the retrieval accuracy. 

Hiremath and Pujari [15] presents a framework for 

combining information of three features such as color, texture 

and shape information to achieve high retrieval efficiency. 

The purpose of this method is to capture local color and 

texture descriptors in a segmentation framework of grids and 

shape describable in terms of invariant moments computed 

on the edge image. In this method, an image is partitioned 

into non overlapping tiles. These tiles are local color and 

texture descriptors for the image. This grid framework is 

extended across resolutions to capture different image details 

within the same size tiles. A matching procedure based on an 

adjacency matrix of a bipartite graph. For the query image 

and the target image tiles bipartite graph is built. The labeled 

edges of the bipartite graph indicate the distances between 

tiles. Image similarity computation based on most similar 

highest priority (MSHP) principle. In this method first and 

second order statistical moments of Gabor filter used to 

extract the texture feature, color moment used for the color 

feature extraction and Gradient vector flow fields(GVF) are 

used to extract the shape of the object. In per resolution 52 

features are computed for every image tile. This method 

allows to tile from query image is matched to any tile in the 

target image. The main advantage of this method is that it 

creates robust feature set for image retrieval. 

To overcome the disadvantage of relevance 

feedback Singh, Dubey, Dixit [17] and Gupta experimentally 

evaluated two phase method for the extraction of semantic 

information [16]. In the first phase feature database of images 

is created. The feature database contains information about 

the color, shape and texture of the image. In the feature 

extraction color histogram for the color feature, for the 

texture feature coarseness, contrast, energy and directionality 

used and for the shape feature Zernike moments and edge 

used. Feature database is created and stored according to the 

highest three values of the hue histogram to reduce the 

processing time and reduce dataset. In the second phase, 

images which are relevant to the query image are retrieved. 

Then on reducing dataset feature matching is done and 

extracts similar images to the query image considering color, 

texture and shape feature individually. For each feature set of 

images are obtained. Finally combine all the features which 

obtain in a set of images and retrieve images which are 

semantically most similar to the query image. 

Zhao and Tang, Perform CBIR Using Optimal 

Feature Combination and RF [7]. In this approach the 

comparison of the retrieval performance using different 

combinations of features is done. The combination is done in 

two levels. One is the combination of color and texture 

features and the other is the combination of two textures 

extracted by two different texture feature extraction methods. 

By comparing different combinations of visual features they 

choose optimal combination of Gabor and wavelet transform 

texture features with the color moment color feature which 

has a better retrieval performance. Retrieval is based on the 

similarity of visual features combination of query image and 

for the similarity measurement Euclidian distance method 

used. 

Content based video retrieval S.Padmakala and 

Dr.G.S.AnandhaMala at all [14] proposed an system which is 

extension of image retrieval and it has four major process 

Video content analysis, Video structure parsing, Video 

summarization, Video indexing. This paper explains two 

methods of video representation i.e. Video segment 

representation   (VSR) and Optimal key frame representation 

(OFR). In VSR representation raw video is used to find its 

VSR in order to effectively extract the features for effective 

retrieval of video clips. And in OFR video is represented as 

one frame which signifies the entire information of the input 

video. Feature vector computed 

Markos Zampoglou and Theophilos Papadimitriou 

[9] solely focuses on the use of motion information for image 

indexing and retrieval. Author proposed a representation for 

the motion content of a video shot called the perceived 

motion energy spectrum (PMES). It uses PMES video shot 

descriptor to large scale content-based video classification by 

calculating the mixture energy of each macro block, meaning 

the combined energy resulting from both camera motion and 

object motion. The generalization capabilities of Support 

Vector Machines make them an excellent classifier. 

Implementation consists of three stages video database, 

feature extraction and classification. By using the PMES 

descriptor as a feature vector for and SVM classifier, good 

generalization results for content-based video shot 

classification are achieved. 

Hamdy K. Elminir and Mohamed Abu ElSoud et al 

[3] proposes that content based video retrieval system is a 

system in which is extension of content based image retrieval. 

And video consist of a scene, shot, and sequence of frames. 

The Our  system content two phases offline phase and online 

phase, In offline phase means (video database) done 
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preprocessing on video that is segmentation and extract low 

level (color, texture, shape) and high level feature (Object 

Annotation) from the segmented frames and stores in 

database feature library. At online phase query video is given 

by user and this video is going through segmentation phase 

and same features are extracted from the query video also. 

The given video feature set is compared against database 

feature library and the similar videos are shown to user 

according to some threshold value given for the Matching. 

III. CONCLUSION 

This Paper review feature extraction technics of video as well 

as image. To retrieve image we require contents i.e. Features 

shape, color, texture are used. And to retrieve video we need 

features like color, texture shape spatial and motion is 

temporal feature. This research aims to determine spatial and 

temporal features of image and video and study techniques 

for extracting particular feature from image or video. 
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