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Abstract— With the popularity of social media (e.g., 

Facebook and Flicker), users might simply share their 

arrival records and photos throughout their visits .Visible of 

the massive quantity of checking data and photos in social 

media, system have a tendency to will discover travel 

experiences to facilitate trip coming up with. Prior works are 

elaborated on mining and ranking existing travel routes from 

check-in knowledge. System has a tendency to observe that 

once coming up with a visit, users may have some keywords 

concerning preference on his/her visits. To provide a diverse 

set of travel routes, System have a tendency to claim that a 

lot of options of Places of Interests (POIs) should be 

extracted. Therefore, in system, a Keyword-aware Skyline 

Travel Route (KSTR) framework that uses data extraction 

from historical mobility records and also the user’s social 

interactions. Explicitly, system model the Where, When, 

Who problems by featuring the geographical quality pattern, 

temporal influence and social influence. Than a keyword 

extraction module to classify the POI-related tags 

mechanically into differing types, for effective matching 

with question keywords. Additional style a route 

reconstruction algorithmic rule to construct route candidates 

that fulfill the question inputs. To produce numerous 

question results, and explore Skyline ideas to rank routes. 
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I. INTRODUCTION 

Tourism has become one of the world’s largest industries. 

Furthermore, according to the forecast by the World Travel 

& Tourism council, the contribution of tourism to global 

GDP is expected to rise from 9.1% in 2011 to 9.6% by 2021. 

Indeed, with the advancement of time and the improvement 

of living standards, even an ordinary family can do extended 

travel very comfortably on a small budget. As a trend, more 

and more travel companies, such as Expedia, provide online 

services. However, the rapid growth of online travel 

information imposes an increasing challenge for tourists 

who have to choose from a large number of travel packages 

to satisfy their personalized requirements. On the other side, 

to get more business and profit, the travel companies have to 

understand these preferences from different tourists and 

serve more attractive packages. Therefore, the demand for 

intelligent travel services, from both tourists and travel 

companies, is expected to increase dramatically. Since 

recommender systems have been successfully applied to 

enhance the quality of service for customers in a number of 

fields it is natural direction to develop recommender 

systems for personalized travel package recommendation. 

 Location-based social network services enable 

users to perform arrival and share their arrival knowledge 

with their friends. Especially, once a user is traveling, the 

checkin data are in truth a travel flight with some photos and 

tag info. As a result, a huge variety of trajectories are 

generated, that play a vital role in several well established 

research areas, like quality prediction, urban planning and 

traffic management. In this paper, we tend to specialize in 

trip designing and shall discover travel experiences from 

shared knowledge in location-based social networks. To 

facilitate trip planning, the previous works in offer an 

interface in which a user might submit the question region 

and also the total travel time. In distinction, we tend to think 

about a state of affairs wherever users specify their 

preferences with keywords. as an example, when planning a 

visit in state capital, one would have “Opera House”. As 

such, we tend to extend the input of trip designing by 

exploring possible keywords issued by users. However, the 

question results of existing travel route recommendation 

services typically rank the trajectories just by the 

recognition or the quantity of uploads of trajectories. 

 In this paper, we tend to develop a Keyword-aware 

Skyline Travel Route (KSTR) framework to retrieve many 

suggested trajectories where keyword means that the 

customized needs user has for the trip. 

II. LITERATURE SURVEY 

 Shuhui Jiang, XuemingQian , Tao Mei, Yun Fu,[1] 

proposed a personalized travel sequence 

recommendation system by learning topical package 

model from big multi-source social media: travelogues 

and community-contributed photos. The advantages of 

our work are 1) the system automatically mined user’s 

and routes’ travel topical preferences including the 

topical interest, cost, time and season, 2) we 

recommended not only POIs but also travel sequence, 

considering both the popularity and user’s travel 

preferences at the same time. We mined and ranked 

famous routes based on the similarity between user 

package and route package. And then optimized the top 

ranked famous routes according to social similar users’ 

travel records. 

 S. Jiang, X. Qian, J. Shen, Y. Fu, and T. Mei, [2] 

proposed an author topic model-based collaborative 

filtering (ATCF) method for personalized travel 

recommendations. User’s topic preference can be mined 

from the textual descriptions attached with his/her 

photos via author topic model (ATM). Through ATM, 

travel topics and a user’s topic preference can be 

elicited simultaneously. In ATCF, POIs are ranked 

according to similar users, who share similar travel 

topic preferences, instead of raw GPS (geo-tag) data as 

is the case of most previous works. Unlike location-

based collaborative filtering, even without GPS records, 

similar users can still be mined accurately according to 

the similarity of users’ topic preferences.  

 J. Sang, T. Mei, and C. Sun, J.T.and Xu , [3]proposeda 

probabilistic approach, which is highly motivated from 

a large-scale commercial mobile check-in data analysis, 
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to ranking a list of sequential POI and POIs .The 

approach enables users to plan consecutive activities on 

the move. 

 Q. Yuan, G. Cong, and A. Sun,[4] proposed time-aware 

POI recommendation, which considers the temporal 

influence in user activities.  They have proposed the 

Geographical-Temporal influences Aware Graph 

(GTAG )to model the check-in behaviours of users and 

a graph-based preference propagation algorithm for POI 

recommendation on the GTAG. The proposed solutions 

exploit both the geographical and temporal influences in 

an integrated manner. 

 X. Qian, Y. Zhao, and J. Han, [5] proposed a salient 

region mining and representation based image location 

estimation approach. The saliency that explored from a 

group of visual words is far more discriminative than 

the individual visual words in image retrieval. Mean-

shift based clustering approach is proposed to group 

visual words with a sizable number. The proposed 

visual word group mining based image search is robust 

to find similar images even with partial occlusion. 

 Hiroshi Kori, Shun Hattori, Taro Tezuka, and Katsumi 

Tanaka , [6] proposed a system to extract typical travel 

routes based on the blog entries of visitors and to 

present multimedia content relevant to these routes. 

They have extracted typical travel routes by using a 

sequential pattern mining method. 

 Y. Zheng, L. Zhang, X. Xie, and W. Ma,[7] proposed  a 

HITS-based model to infer a user’s travel experience 

and the interest of a location considering  mutual 

reinforcement relationship between location interest and 

user travel experience and  user travel experience as 

well as location interest are region-related. Later, we 

detected the classical travel sequences in a specified 

region using location interests and users’ travel 

experiences. 

III. SYSTEM DESCRIPTION 

The advancement of time and the improvement of living 

standards, even an ordinary family can do extended travel 

very comfortably on a small budget. As a trend, more and 

more travel companies, such as Expedia, provide online 

services. 

 The rapid growth of online travel information 

imposes an increasing challenge for tourists who have to 

choose from a large number of travel packages to satisfy 

their personalized requirements. 

 
Two modules as: 

A. Offline Pattern Discovery and Scoring Module 

Given an LBSN dataset, we first analyze the tags of each 

POI to determine the semantic meaning of the keywords, 

which are classified into (i) Geo-specific keywords, (ii) 

Temporal keywords and (iii) Attribute keywords according 

to their features. Then, we dene the attractiveness scores and 

the proper visiting time of the POIs. For this goal, we 

translate the trajectories into a region transition graph, in 

which the vertices represent POIs and edges indicate the 

transition relationships among POIs. Furthermore, we 

determine the proper visiting time of each POI by analyzing 

the population distribution with timestamps, and assigning a 

time score for each time interval. Besides the global features 

that produce the same results for different people, social 

influence considers the geosocial networks for each user. In 

short, the main task of the offline module is to decide a set 

of POIs and derive their scores for each feature. 

B. Online Travel Routes Exploration Module 

In this module, we provide an interface for users to specify 

query ranges and preference-related keywords. With the 

map interface provided, users could simply input their query 

range as a rectangle, decide the time period to stay, and add 

keywords for personalized preference. Once it receives a 

specified range and time, the online module will retrieve 

those trajectories that overlap the query range and 

reconstruct proper travel routes in the stay time period. 

Then, the online module will compute a matched score of 

how well the trajectory is connected to the keywords. 

Consequently, the online module returns the most 

representative trajectories considering the aforementioned 

three scores to the users in our trajectory search Web 

interface. 

IV. CONCLUSIONS 

Finding a route such that the pleasure of visiting and 

transiting locations along the route can be maximized. Our 

model is data-driven, which assures diverse results can be 

learned from different cities where visiting patterns may 

vary with culture and characteristics of the city. In this 

project, we are going to develop a KSTR framework to 
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recommend travel trajectories with a selected vary and a 

collection of user preference keywords. These travel 

trajectories area unit associated with all or partial user 

preference keywords, and area unit counseled based on (i) 

the attractiveness of the POIs it passed, (ii) visiting the POIs 

at their corresponding correct point in time, and (iii) the 

route generated by important users. 
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