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Abstract— Others opinions plays a very important role to 

take our own decision, whenever we want to make any good 

decision, first we want to know what others opinions. In 

today's world, every business, every organization always 

wants to know public and customers feedback about their 

products and also about their services, that gives very 

important for business or organization to know what is 

situation of their product in the market and if there services is 

not good how they improve their services, so that their 

business will perform better. The main basic task of the 

Sentiment or opinion analysis is to find the difference of a 

given user data or text from dataset and gives output as 

positive, negative or neutral. 
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I. INTRODUCTION 

Opinions are very important to all human activities; it plays 

a central role of our actions. Our ability to see reality and 

beliefs, and what we choose, are based on how others user 

see and understand the world. For this reason our decision is 

based on other opinions. This is true for organizations and 

also true for individuals. Sentiment Analysis also known as 

opinion mining it uses NLP, Text Analysis to extract 

important information in the given source (i.e., User opinion 

data). Sentiment Analysis gives understanding of the user's 

opinion what he is taking and overall polarity of given user 

data. 

Sentiment Analysis and Opinion Mining gives the 

information about sentiments and its related concepts such 

as opinions, emotions, and reactions. Since early 2000, 

opinion analysis has become one of the most important 

research area in NLP. Sentiment analysis mainly used in 

data mining. Due to its importance in computer science field 

it is widely used in management services, social science 

also. Although Natural Language Processing have a long 

history, many research had been done related to Sentiment 

Analysis. Sentiment analysis is very active because of the 

following reasons. First: We know that huge amount of user 

data is available on the Web, with the help of this data many 

research can be done. Now in current days sentiment 

analysis is very important part for social media research. 

Second: There are large number of application available 

based on Sentiment Analysis, and these application use not 

only in Computer Science field but also used in different 

fields. Third: There are many challenges in the field of 

Sentiment Analysis which will give better understanding of 

user’s data. Hence sentiment analysis gives very important 

impact on Natural Language Processing, and also its gives 

great understanding on Political science, Management 

science, and social science because these all are affected by 

the user’s opinions. 

II. ENTITY AND ASPECT LEVEL 

Both Document Level and Sentence Level do not give 

proper understanding of what user is trying to tell i.e. what 

people like and what people not like. So for knowing such 

information we are using Entity and Aspect level Sentiment 

Analysis, in this Sentiment Analysis we first identify the 

Aspect inside the sentence and then find out its polarity 

either it is positive or negative or neutral. Aspect level 

sentiment analysis gives output as clear result of sentiment 

scores. Earlier Aspect level analysis was called as Feature 

Level (i.e., feature based opinion mining and 

summarization). Aspect and entity level analysis is based on 

the idea that an opinion have positive or negative value and 

a target (of that opinion). We know that always there is 

opinion and its target, some cases we found that there is 

opinion with no target. So we have to understand the 

importance of opinion targets gives us understanding the 

Entity and Aspect Level analysis problem better. 

A. For Example 

“The HTC phone processor is average, but its sound is very 

low” 

Above sentence evaluate two aspects, First aspect 

“phone's processor” and Second aspect “sound”, of “HTC 

phone” (entity). 

 
Fig. 1: Entity and Aspect based sentiment analysis 

Noun and noun phrases this types of aspects are 

comes under explicit aspect expressions see below Sentence 

(A). 
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Aspect expressions that not noun or noun phrases 

are comes under implicit aspect expressions see below 

Sentence (B). 

For example,  

 “Staff members of this Hotel are not good”  

 “Average quality of food are available in this Hotel” 

III. SUBTASK OF ASPECT BASED SENTIMENT ANALYSIS 

Opinion document model contains all sentiment on each 

entity with all aspects. Finally we are going to see the all 

four subtask that are performed for aspect based sentiment 

analysis. 

A. Task 1: extraction and categorization of entity 

In this task we are extracting all the entities from the out 

dataset i.e. Hotel reviews by customers, and then categorize 

into similar groups with a group name, where each group 

name gives a similar entity. 

B. Task 2: extraction and categorization 

For each entity in above task here we are extracting aspect 

for each entity, and then categorize into similar group with 

group name, where one group or one cluster represent one 

type of aspects. 

C. Task 3: extraction and categorization of opinion holder 

This task is parallel to above two task and here we are 

extracting opinion holder of that opinions and also save the 

time. 

D. Task 4: Classification of aspect sentiment 

In this task we are performing main calculation for 

sentiment value for each opinion that we have found in the 

user review sentence. It may be positive value, negative 

value or neutral i.e. zero value, based on this numeric value 

we can then say that sentences are positive opinion, negative 

opinion or neutral opinion. 

IV. APPLY OPINION CHANGER 

Opinion changer also known as sentiment changer. Opinion 

changers are words and phrases that can shift user opinion 

from positive to negative or negative to positive.  

Most common opinion shifters: not, none, neither, 

nobody, none, nowhere and cannot. 

For example: 

“The outside environment of this hotel is not good, 

but the service is good.”  

First sentence “The outside environment of this 

hotel is not good” [-1] is negative sentiment word and “the 

service is good” [+1] is positive sentiment word. 

 
Fig. 2: Opinion Shifter 

V. HANDLE BUT CLAUSES 

Words and phrases that changes the meaning of sentences 

e.g. using “but” in sentence, they changes the opinion 

orientation and gives different output. But is mostly used in 

English sentences to changes the opinion of given sentence. 

Here are some rules that we follow to handle “but” 

situations. 

Rules to handle “but”: 

Before but and after but, if the sentiment word 

cannot be found then both side have opposite sentiment. 

For example: 

“Hotel ibis is great but Hotel oberoi is better.” 

“The outside environment of this hotel is not good, 

but the service is good.”  

“The outside environment of this hotel is not good. 

[-1] but the service is good [+1]” here we can see that the 

sentiment value before but is [-1] and after but is [+1]. 
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Fig. 3: Handle But Clauses 

VI. AGGREGATE SENTIMENTS 

First we have to find out all sentiment scores of all opinion 

words in a given customer review, (Hu and Liu 2004).  

For example: 

“The outside environment of this hotel is not good, 

but the service is good.”  

In above example the sentiment score for ““The 

outside environment of this hotel is not good” is [-1] i.e. 

aspect “Outside environment” has sentiment value -1 and 

“but the service is good” sentiment score is [+1] i.e. aspect 

“service” has sentiment value +1 

Final conclusion: 

Aspect 1: outside environment 

Sentiment score: -1 

Aspect 2: service 

Sentiment score: +1 

 
Fig. 4: Aggregate Sentiments 

VII. PROPOSED SYSTEM 

In this section, the system architecture of aspect based 

sentiment analysis is described in detail. 

 Break the customer review into sentences and make in 

tokenized form 

 Remove unwanted symbols from the sentences, use 

Part-of-speech for tagging individual word of the above 

tokenized form of sentence. 

 Identify the important aspect inside sentence with the 

help of Part-of-speech tagging. 

 Arrange the sentences into subjective and objective 

with the help of lexical approach. 

 With the help of lexical dictionary, identify the 

sentiment score for each positive, negative or neutral 

sentence. 

 Analyze the final output of different aspect v/s its 

sentiment score. 

 
Fig. 5: Proposed System Architecture 

VIII. RESULTS 

First we take input as whole customer review, then break the 

review into single line sentence, after that identify each 

sentence that have one or more aspects. Now we have list of 

all aspect that are available in a given sentence, all positive 

word is set with a value +1 and this is sentiment score for 

that positive word, and each negative word is assigned with 

sentiment score of -1. 

Opinion changer also known as sentiment changer. 

Opinion changer are words and phrases that can shift user 

opinion from positive to negative or negative to positive.  

Words and phrases that changes the meaning of 

sentences e.g. using “but” in sentence, they changes the 

opinion orientation and gives different output. But is mostly 

used in English sentences to changes the opinion of given 

sentence. Here are some rules that we follow to handle “but” 

situations. 
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Fig. 6: Aspect vs Sentiment Values of Oberoi Hotel, 

Bangalore 

Figure 6 is the output from reviews data taken 

before March 2016, from above data we can say that 

positive aspects are more as compare to negative aspects 

whereas neutral aspects are around 350. 

 
Fig. 7: Different Aspects of Oberai Hotel, Bangalore 

IX. CONCLUSION 

Aspect based sentiment analysis is new topic to the 

academics, as the customers reviews plays a central role of 

our actions. Since sentiment analysis has become one of the 

most important research area in Natural Language 

Processing. It mainly used in data mining, since a huge 

amount of user data is available on the Web. This web data 

is useful for the research.  

Online user’s reviews, different discussion group, 

online forums and user blogs are growing very fast; all user 

share their information through these means of internet on 

daily basis. As a result, that give very huge amount of user 

data in the form of user reviews and sentiments are being 

generated progressively. So it is very necessary to design an 

efficient and effective Aspect based sentiment analysis 

system for online user data. 
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