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Abstract— Data that is not privacy preserved is as futile as 

obsolete data. Although security is imperative privacy is 

more important in micro data publishing. Anonymization 

technique, such as generalization, has been designed for 

privacy preserving micro data publishing. We present a novel 

technique called slicing. Slicing preserves data utility and 

can be used for membership disclosure protection. Data 

privacy has gained a wide popularity. Even though the 

method like generalization is used, it gives protection against 

membership disclosure. Slicing was used for attribute 

disclosure protection and develop an algorithm for 

computing the sliced data. In the proposed system the 

privacy preservation is enhanced by providing slicing for 

identity protection. The proposed system combines 

generalization and slicing concept and perform the privacy 

preservation to overcome the defined problem and generate 

new approach which is called as Overlap Slicing. It will 

handle the two processing tasks in a single algorithm. 

Privacy preservation will be improved using this concept as 

well as will reduce memory space requirement. In general for 

privacy preservation of any data we apply the generalization 

technique or slicing technique to preserve the privacy and 

hide the data. The proposed system combines both the 

techniques for data preservation. 
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I. INTRODUCTION 

In the recent year we had studied privacy preservation. 

Micro data contains information about an individual entity, 

like a person, an organization. generalization, attributes are 

partitioned into three categories: 

Some attributes are identifiers that can uniquely 

identify an individual, such as Name or Security Number. 

Some attributes are Quasi Identifiers (QI), which 

the adversary may already know and can potentially identify 

an individual, e.g. Age, Sex, and Zip code.[1] 

Some attributes are Sensitive Attributes, which are 

unknown and are considered sensitive, such as Disease and 

Salary. Generalization, removes identifiers from the data 

and then partitions tuples [1]. 

Slicing make the partition of data into vertical and 

horizontal way. Vertical partition is done by alignment of 

attributes into the columns. The horizontal partition is done 

by combination of tuples. Slicing is the contribution cross 

columns, but to conserve the contribution within each 

column.  

In our system we are going to work on slicing 

concept and perform the privacy preservation to overcome 

the define problem and generate new algorithm. For 

Example: When we do privacy preservation to any data we 

apply the generalization technique and slicing technique 

differently to preserve the privacy and hide the data but in 

our proposed system we are combining both techniques for 

data hiding and utilizing the memory space by performing 

overlap slicing. 

II. BACKGROUND OVERVIEW 

A. Existing System 

Identity can be uncovered out using any of the quasi 

identifiers or sensitive attributes and executing many 

privacy and anonymization methods Identity Disclosure 

Protection may not be offered. Proposed system focuses on 

providing Identity Disclosure Protection on the sliced data. 

Data utility is highly preserved and protection against 

membership disclosure is also completed. 

The problem of privacy-preserving data mining has 

become more important because of the increasing ability to 

store personal data about users [1]. A number of privacy 

notions for protecting data publishing have been proposed. 

Nevertheless, data anonymization is still an active research 

direction. The idea of generalizing an attribute is a simple 

concept. A value is replaced by a less specific, more general 

value that is faithful to the original [2].   

Slicing handles huge dimensional data but the 

drawbacks are not clear about how identity disclosure 

defined for sliced data. Preserving privacy in transactional 

databases has been acknowledged as an important problem 

in the privacy literature. The data mining community has 

focused on hiding sensitive rules generated from 

transactional databases [3]. Users will be interested in 

disclosing such sensitive information about them on 

condition that privacy of their data is preserved. Sub linear 

Queries notion of privacy and power of privacy is analyzed. 

Sub linear Queries are important but they are not 

concentrated. How data utility is reduced in the name of 

privacy and how there is a tradeoff between privacy and 

utility [1]. It also discusses how always either of the one are 

compromised. 

Generalization is the process of creating successive 

layers of summary data in an evolutional database. It has 

some drawbacks due to the curse of dimensionality 

generalization fails on high-dimensional data. Due to the 

uniform distribution assumption, generalization causes too 

much information loss. The general methodology for 

evaluating privacy-utility tradeoff fixes a privacy 

requirement with the privacy parameter and tries to find an 

algorithm that produces an anonymized dataset that 

maximizes a particular utility measure [4]. 

Privacy proposes multidimensional approach to 

quantifying an adversary’s external knowledge. This is one 

of its kinds that discusses about the adversary’s knowledge 

and how to quantify them. The only reason to publish 

generalized quasi- identifiers and sensitive attributes 

together is to support data-mining tasks that consider both 

types of attributes in the sanitized database [5]. Suppose that 

zip code, sex, and diagnosis must be released, say, to some 

health research institute for research purpose. We can still 
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protect privacy by replacing specific descriptions with less 

specific but semantically consistent descriptions. This 

operation is called generalization [6]. 

All the above works are focusing on data privacy 

and utility but doesn’t provide solution to inference 

Solution. A microdata relation can be generalized in 

numerous ways. Various generalizations, however, may 

provide drastically different privacy protection. Hence, in 

practice, generalization needs to be guided by an 

anonymization principle, which is a criterion deciding 

whether a table has been adequately anonymized [7]. 

The basic idea of slicing is to break the association 

cross columns, but to preserve the association within each 

column. Slicing preserves utility because it groups highly 

correlated attributes together, and preserves the correlations 

between such attributes. Slicing protects privacy because it 

breaks the associations between uncorrelated attributes, 

which are infrequent and thus identifying [8]. Quasi-

identifier based methods use the partial knowledge of a 

trajectory as a quasi-identifier to identify its remaining 

moving points or sensitive attributes [9] 

III. PROPOSED WORK 

The proposed system combines generalization and slicing 

concept and perform the privacy preservation to overcome 

the defined problem and generate new approach which is 

called as Overlap Slicing. It will handle the two processing 

tasks in a single algorithm 

Slicing program affect the values computed at 

some point of interest. Advantage of slicing can be used to 

prevent membership disclosure and handle high-dimensional 

data. 

 
Fig. 1: Framework of the proposed feature subset selection 

algorithm 

A. Module Description 

1) Data Storage: 

It keeps records or retrieves data from any medium, 

including the medium itself. It will contain the relevant 

information and the database. We are using the Adult data 

set from the UC Irvine machine learning repository which is 

comprised of data collected. Data storage will contain the 

relevant information and the database[1]. 

2) Data Preprocessing:  

Data preprocessing transfers the data into a specific format 

that will easy and effectively processed for the use of the 

user. The user will analyze the data from the database with 

the help of various methods. Preprocessing steps must be 

applied to anonymized data. We need to process on such 

data before tasks can run on the data. Data analyzing types 

are sometimes loosely controlled then it will result in out-of-

range values impossible data combinations, missing values. 

Analyzing data that is not screened for such problems may 

create wrong results. In program that processes input data to 

create output used as input to next program. 

3) Generate Slicing Data:  

In generate slicing, we understood data in a database. 

Vertical partition is done by grouping attributes into 

columns. Every column consists a subset of attributes that 

are highly related to each other. Horizontal partition is done 

by grouping tuples into buckets. At last, within every 

bucket, values in every column are randomly managed to 

break the ralation between various columns. 

4) Tuple slicing: 

When we use tuple slicing to achieve even more data utility 

and data storage than slicing. Tuple slicing may manage 

high-dimensional data and data which is not clear separation 

of QIs and SAs. Tuple slicing provides efficient randomly 

grouping of tuples for small data publishing. Each column 

contains sliced bucket that takes random values for every 

classified data. 

5) Identify Tuple Partition: 

The tuple partition contains few subsets of T, such that each 

tuple belongs to one subset. Every subset of tuples is called 

a bucket. User defined methods needs the frozen keywords 

followed by clustered rows of a partition, and then fetch that 

data with a statements. 

Output will store into the database. The output will 

come in tabular form .The function of both generalized and 

sliced data and final output will be displayed. 

IV. ALGORITHM 

A. Overlap Slicing 

 Identify the attributes by preprocessing the original 

data from the data storage. 

 Convert highly correlated attributes are in the same 

column for attribute partitioning. 

 Define an equivalence class of a generalized table that 

set of record that has the equal values for the quasi-

identifiers. 

 Generalization is applied on the quasi-identifiers and 

replaces a quasi-identifiers value. 

 Duplicates an attribute in more than one column so that 

attribute correlations released. 

 Identify Tuple partition from the output. Sliced table 

after the split satisfies l-diversity, two buckets puts at 

the end of the queue to form single attribute in two 

columns. 
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V. CONCLUSION 

The solution to privacy preserving data is become important 

because of the increasing ability to store personal data about 

users. Data anonymization is still an active research 

Direction. Privacy preservation has been studied in recent 

years. Micro data contains information about an individual 

entity, like a person, an organization. 

 We are going to combine generalization and slicing 

concept and perform the privacy preservation to overcome 

the define Identity disclosure, membership disclosure, 

attributes disclosure problem and generate new algorithm 

which is called as Overlap Slicing which will handle all the 

two processing work in single algorithm. Privacy 

preservation will increase more in this concept and the 

memory will be utilized in the database concept. 

 We have merged and did the extension of overlap 

slicing, which duplicates and attribute in more than one 

column. This release more attributes correlation. So we will 

applying the technique on database and will be doing 

privacy preservation for data sets. 

 This work motivates for the future research and we 

are thinking to create an application.  And apply the overlap 

slicing on the data of the member of particular firm to get 

more privacy preservation based techniques used earlier for 

analysis of high-dimensional data in earlier techniques. 
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