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Abstract— Sentiment Analysis has end up being an 

approaching exploration ground in NLP. A phrasal 

measurement is essential for sentiment characterization. Be 

that as it may, surviving slant order calculations traditionally 

separate sentence as word succession, this do not 

productively switch the conflicting conclusion extremity 

among an expression in addition words it holds, for 

example, {"not bad," "bad"}, {"at great deal of," "great"}. It 

comes to be significantly additionally difficult to group the 

offered sentence to a particular estimation class precisely 

when the sentence is modest i.e. extremely less words. In 

this paper we should think of the hybrid systems by method 

for Text Mining on the Twitter Dataset to do the sentiment 

analysis on tweets by sentence-level. 
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I. INTRODUCTION 

Sentiment Analysis which is likewise recognized as opinion 

mining [1],[2],[3] rehearses computational linguistics, 

natural language processing, in addition to text analysis 

which identifies and abstracts the subjective and objective 

data from the source assets. Sentiment analysis is for the 

most part utilized to online networking and additionally 

surveys for a pool of uses, extending from customer service 

to marketing. The determination of sentiment analysis is to 

find sentiment polarity of sentence built up on its textual 

content that is positive, negative or neutral. 

As Sentiment words are usually heavy-handed in 

the sentiment classification, common endeavor sentiment 

lexicons for assessment arrangement. Indeed, even its 

simple and illustratable nature, lexicon-based [4] 

methodology is unable to operate huge particular sentiment 

delivery in web because of extension of sentiment lexicons. 

The problematic for tweets in Twitter1 and movie review in 

IMDB2, in which the short forms, expressions are 

developed to express user’s sentiments, so it is impractical 

to manage sentiment lexicon to cover the sentiment quantity 

with a good annexation. Here we are in configuration with 

most of the surviving ways and consider sentiment 

classification as an adjusted instance of content 

classification job. 

The above learning shows an efficient technique 

with two levels. In first level they create the allotment 

aftereffect of sentence bag-of-words or an individual content 

analyzer, standard syntactic chunker. Trendy second level 

consider division results the information and utilize a 

characterization calculation create sentiment classification. 

This sort of deliberate methodology will come back to the 

issue of blunder spread. As the blunder from sentence 

division can't be repaired. Some specific kind of mistake is 

made by uncertain sentiment polarity in the middle of a 

phrases in addition words it contain, like {"not bad", "bad"} 

too {"a great deal of", "great"}. 

Polarity unspecified occurrence cannot be 

accomplished by bag-of-words, syntactic chunkers. Eg., 

bag-of-words [5] segmentation in unease with each word as 

an individual unit, and does not hold good apprehension to 

the phrasal sentiment similar to “not bad”. Syntactic 

chunkers predominantly object in recognizing noun 

bunches, verb amasses, or termed component from a 

sentence. Be that as it may, numerous sentiment phrases 

comprising adjectives, reversals, dialects, divided standard 

syntactic chunkers. The sentiment data can be used as 

observing to renew the segmentation, and hence it stimulates 

the work of classifying sentiment. 

Overwhelmed above problem, in proposed system 

we have suggested a hybrid technique which handles this 

issue. This is based on text mining in natural language 

processing. This involves segmenting the sentence and 

finding the polarity of the sentence. The few benefits of the 

proposed system are Marketing, Customer Service, Social 

Media, opinion mining of the products, and voting on the 

products. The few presentations of the proposed system are 

Emotion Detection, Building Resources and Transfer 

Learning. 

1) https://twitter.com 

2) http://www.imdb.com/ 

3) https://code.google.com/p/word2vec/ 

II. LITERATURE SURVEY 

In analysis of sentiment, classifying sentiment is the simple 

and extremely reviewed topic. The key impartial categorize 

polarity sentiment of sentence on the subject of its textural 

context. There are two methodologies classification of 

sentiment i.e., Lexicon framework and Corpus framework. 

Deep learning and Joint methodologies for classifying 

sentiment are considered. 

In Lexicon Method, the sentiment lexicons merged 

by means of the polarity of sentiment is used. To categorize 

the sentiment polarity of sentences, semantic rules are well 

thought-out.[5] projected lexicon based method be made up 

of of three steps. At first, the phrases are mined if their POS 

tags authorize predefined pattern. In second step, these 

mined phrases, the sentiment polarity is considered as of end 

to end point wised mutual information. In last step, the 

polarity of all the phrases in training is being close to as the 

final sentiment polarity. 

In lieu of sentimental classification most of the 

approaches become accustomed Corpus Based Method. 

Pang et al. [6] considered machine learning methods at first. 

. To clarify the sentiment classification of audit uses a select 

instance of content categorization issue. They used Support 

Vector Machine (SVM), Naïve Bayes, Maximum Entropy 

by way of an enormous set of features. By utilizing bag-of-

words highlight with SVM they change to the best results. In 

view of the Pang et al. concentrate, most studies focused on 

outlining generally learning powerful elements to change to 

the best classification performance. 

Present be existent change of clarity in the Deep 

Learning. Various studies focused on taking in the low-
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dimensional, dense and genuine esteemed vector as the 

content field for sentiment analysis. The unmistakable 

quality of profound learning is to obtain continuous 

semantics of writings for sentence or record level sentiment 

categorization. The Deep learning system is of two stages. 

To begin with they studied continuous word representations 

as of text corpus; in addition to at that moment they use 

word embedding to generate the representation of sentence 

with semantic contents. [7] set up a context prediction 

method for word embedded learning in addition introduced 

the word2vec3 toolkit3. In recent times lot of studies tried in 

the direction of learn the best word embedding’s. 

Designed for betterment of main classification 

operations, supplementary research misused Lower-Level 

information of a sentence. Case in point for the betterment 

of document level sentiment classification, [8] acquaint with 

sentence level subjective classification. They adopted an 

well-organized method that determination eliminate the 

adjective sentences first and then utilizes subjective 

sentences as input on behalf of document level sentiment 

classification. [9] introduced en route for concurrently 

handle the sentence-level as well as document-level 

sentiment classification job. The acceptable grained model 

coarse grained models self-possessed improved to come to 

be the best classification consequences. 

III. PROPOSED SYSTEM 

The projected classification structure is made up of 

connecting to the twitter dataset to download the live tweets. 

Next mining of the sentences from the tweets. Next, 

sectioning the sentences and after that interfacing with the 

Stanford core NLP Model for the breaking down importance 

of the portioned words and gathering scores of the words. 

Then attaching the POS tags for the words; finally extracting 

the opinion words and calculating the polarity to classify the 

sentence as positive or negative or neutral. This system is 

called as Dictionary Reference Method as it is referring to 

the online dictionary for extracting the meaning and the 

scores of the sentences. 

The classified sentences are positive sentence or 

negative sentence or neutral sentence are used to rank based 

on the count of the polarity for a particular product got by 

sentiment orientation and then the graphs are plotted to 

know the product review by the users of that product. The 

Stanford Core NLP Model is used to create the semantic tree 

of words based on their scores. The scores range from 0 to 

4. The scores are given as 0 is considered as Very Negative. 

1 is considered as negative. 2 is considered as Neutral. 3 is 

considered as Positive. 4 is considered as Very Positive. 

At hand are various phases to think through in the proposal 

of a system. The importance of each should reflect the goals 

the system is trying to achieve. Some of these design 

considerations are: 

1) The sentiment analysis shall be done at sentence 

level. Sentences having no information about 

positive or negative sentiment shall be discarded. 

2) Sentences shall be extracted live from the twitter 

database using twitter API key. 

3) The orientation of the given sentence towards 

positive or negative sentiment shall be determined 

by the semantic weight of the opinion words 

present in the sentence. 

There are 5 modules in the proposed system they are as 

follows: 

1) Twitter API Key Authentication 

2) Tweets Reader 

3) Sentence Extraction 

4) Sentence Segmentation 

5) Sentiment Orientation 

A. Twitter API Key Authentication 

This module establishes connection to Twitter4J Library to 

generate the corpus. The Keys like Consumer Key, 

Consumer Secret, Access Token, and Access Token Secret 

which are used as authentication to connect to the Twitter4J 

Library. After authenticating the keys connection is 

established and the corpus is generated, which starts 

downloading the tweets from the Twitter server. If the 

connection fails to establish then the project cannot be run. 

B. Tweets Reader 

After downloading the tweets from the twitter server, the 

tweets are read using this module based on the hash tags and 

the key words specified. 

C. Sentence Extraction 

The sentences with the specified key words are extracted 

from the tweets which are read. 

D. Sentence Segmentation 

The extracted sentences are tagged with the parts of speech 

tagger and the semantic tree is created based on the scores 

assigned to the words. The scores are assigned based on the 

semantic meaning of the words which are looked up using 

the Stanford Core NLP Model.  

E. Semantic Orientation 

The semantic orientation is generated based on the scores 

assigned to the opinion words. The scores range from 0 to 4 

where 0 is considered as Very Negative. 1 is considered as 

negative. 2 is considered as Neutral. 3 is considered as 

Positive. 4 is considered as Very Positive. The sentences are 

then analysed positive, negative, neutral constructed the 

polarity scores got from the opinion words.  

The Fig. 1. shows the system architecture of the 

proposed system. 

 
Fig. 1: System Architecture 

The proposed Algorithms of Dictionary Reference Method 

are as follows: 
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Input: Tweet API Key, HashTags 

Output: Tweets 

Step 1: Connect to Twitter Server 

Step 2: Download Tweets related to the HashTags 

Step 3: Extract Tweet Texts from the search results 

Step 4: Sentence Extraction using Stanford NLP 

Table 1: Algorithm 1 Tweet Corpus Generation and 

Sentence Extraction 

Input: Sentence List 

Output: Sentence Sentiment Orientation 

Step 1: Segment Sentence 

Step 2: For each segment generate semantic tree 

Step 3: Measure Positive and Negative Scores 

Table 2: Algorithm 2 Sentiment Orientation 

IV. RESULTS AND ANALYSIS 

The experiments are carried out on twitter dataset by 

connecting to Twitter4J Library using the Twitter API Key 

Authentication. The results are compared with the Opinion 

List Method and the results are shown below: 

Method Positive Negative Neutral 

DRM 45 25 30 

OLM 20 10 70 

Table 3: Sentiment Classification Results between DRM and 

OLM Methods for Tweets 

 
Fig. 2: Sentiment Classification Graph between DRM and 

OLM Methods for tweets 

The above method worked for Reviews as well; 

here is the output for the reviews. 

Method Positive Negative Neutral 

DRM 50 40 10 

OLM 40 20 40 

Table 2: Sentiment Classification results between DRM and 

OLM methods for Reviews 

 
Fig. 3: Sentiment Classification Graph between DRM and 

OLM Methods for tweets 

V. CONCLUSION 

In this paper we have developed a model which connects to 

the Twitter4J Library to download the tweets and the 

extracting the sentences from tweets and creating a semantic 

tree based on the score of the words obtained by connecting 

to Stanford Core NLP Model and then extracting the opinion 

words for semantic orientation to classify the sentence as 

positive, negative or neutral.  
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