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Abstract— The tweets are the short messages which are 

posted usually on the social networking sites such as twitter, 

facebook, tumblr and weiboetc on different blogs as well. 

The various real time and real life information are shared via 

tweets. They may or may not be changed over a period of 

time. As the number of events are taking place at a different 

time. In this case, the detection of the event is one of the 

difficult task. The events may be in the very large numbers. 

The four types of operations are taking place namely 

creating, splitting, absorbing and at last merging. These may 

be very useful in detecting the current occurring events. To 

detect the current event the following procedure takes place , 

which are tweet stream clustering for clustering of the large 

amount of tweets after that the tweets are summarized by 

using the tweet stream summarization algorithm and at last 

the current event detection method is used to get the current 

event form the recent events going on via tweet streams. 

Here the efficiency plays an important role. It is shown by a 

graph which shows the relation between the number of 

tweets and the number of days. 
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I. INTRODUCTION 

The social networking sites comprise of the different 

number of nodes which may be the different computers, set 

of computers, single user or the group of user. Every node 

means the user must have the different viewpoints, ideas, 

opinions, as well as belief. These may be seen by their 

tweets. This may be exactly or slightly different from the 

tweets of the any other user. The conclusion is that the each 

and every tweets are different in their own way. The tweets 

may vary according to the moods of the user, according to 

the surrounding as well as any current event is going on 

surrounding.  

Let us take an example of the world cup or any 

cricket tournament or the release of certain films, the tweets 

about these current topics will be large numbers as 

compared to the different topics. Suppose the user is a 

doctor he may post the tweets about the medical terms, 

suppose the user is a film actor then he may tweets about the 

films or any current events regarding the film industries 

such as any award show etc, in this way the tweets and their 

topics vary accordingly. The information must be updated 

according to the recent times. The process used for updating 

the information is shown in the following figure. 

 
Fig. 1: The information updation process 

The one of the important method of combining the 

data or tweets is to use the data or tweet stream integration 

method. The following block diagram is used to show the 

data or tweet stream integration. 

 
Fig. 2: Merging/ Integration of data 

In the starting stage the users are able to share only 

the textual messages but now a days the multimedia such as 

sound, video and graphics are also able to share via social 

networking sites. 

The different users may post the tweets which may 

be senseless, useless of which are of no concern such tweets 

may be discarded or eliminated or deleted. The occurrence 

of the same or slightly same tweets is also of none of use so 

such tweets may be discarded. The two important issues are 

very important in the tweet streams operations are the 

efficiency and the flexibility as the tweets streams are in 

very large number so it must be efficient and the time period 

of the tweet being posted is also different so it must be 

flexible. 

II. RELATED WORK 

In the current section, the related information regarding the 

paper is given below. The information about the clustering 

algorithm, summarization algorithm and the tweet stream 

merging algorithm as well as the current event detection 

algorithm is discussed in the following sub-points. 

A. Tweet Stream Clustering Algorithm: 

The related data about the clustering is discussed below. 

BRICH [2] composed the large tweet streams in the memory 

structure which decrease the amount of data in the form of 

trees. [3] uses the particular framework which takes into the 

consideration of the data which are very useful and discard 

the data or tweets which are useless. [1] uses the traditional 

data stream clustering method. It also shows the time frame 

which contains the tweets along with their time. The user 

can get the time also on which date and time the tweet was 

posted by user.  

[4] [5] [6] gives the information related to the 

various clustering methods as well as the topics detection 

algorithms as well.[8] it deals with the text, data , tweets on 

online basis. 

[10] event detection and tracking is discussed here . 
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Fig. 3: Clustering of the tweet streams 

B. Tweet Stream Summarization: 

The two main category of the tweet summarization is the 

tweet extraction and tweet abstraction respectively. [12] 

uses the algorithm which detects the tweets for the 

summarization purpose discarding the old tweets. [15] is 

used to do the summarization of the tweets by using the 

simple tweets. [7] deals with the coreferent objects or topics 

which deals with the same thing, that means the same thing 

is there in both the tweets. [3] the two main steps are the 

content of tweets selection and the content of tweets 

presentation. [15] proposed the single tweet which is used to 

summarize the tweet streams by using the  Phrase 

Reinforcement algorithm. 

C. Current Event Detection: 

Detection of timeline or the current event detection is the 

final output of this paper. The topic which is very much 

popular now a days will be coming in the current event 

detection. [8] gives the idea about the current events 

regarding the conversations. [7] proposed the summaries 

regarding the time called as time based summaries. Some 

algorithm does not consider the scalability and efficiency 

but such algorithm are not very useful. Slope based 

techniques are also been used for the summarization 

purpose. The current event is the event which is most 

popular event going on the current days. The following fig. 

shows the current event detection. 

 
Fig. 4: Current Event Detection 

III. PROPOSED PLAN 

There exist three main modules in the framework, namely 

Tweet Stream Clustering module, the High Level 

Summarization module, and the Current Event Detection 

module and Statistic Generation module. 

A. Tweet Stream Clustering module: 

The tweet stream clustering module maintains the statistical 

data streams. It is used to cluster the abundance amount of 

tweets in the diferent groups or clusters. 

1) Initialization: 

K-mean clustering algorithm is used to create the initial 

clusters at the starting of the streams. Initialization of TCVs 

takes place after that process. Whenever the new tweet 

arrives the clustering process starts to update the TCVs 

accordingly. 

2) Incremental Clustering: 

Let us consider, any number of tweets arriving at a 

particular time. There is a problem whether to add that 

tweets in the old clusters or to create the new cluster. If the 

tweets are belonging to the old created clusters, then they 

are added to it, if they are not then the new clusters are 

formed with the different name and that tweets are added to 

the new cluster. 

3) Deleting Old Clusters: 

There are many such tweets which do not last for long time, 

such as tweets about news, sports, and football matches etc. 

These tweets are meaningful only for a particular period of 

time. They do not play important role for a very long time. it 

is very much safe to delete such tweets which are rarely 

discussed. In such way the outdated tweets are deleted. 

4) Merging Clusters: 

The memory of the system can be easily exhausted if the 

number of clusters is increasing in the large amount. In 

order to avoid such problem, the upper limits of forming 

clusters are specified. If this upper limit is reached then the 

process known as merging starts. The clusters which are 

similar in nature are merged. This can reduce the number of 

clusters along with the quality clusters can obtained. 

 
Fig. 5: Merging Clusters 

B. Summarization Module:  

There are two types of summaries provided by the 

summarization module, online and historical summaries. 

The currently discussed topics are added in the online 

summaries whereas the topics discussed in the specific 

period in the past are added in the historical summaries. We 

are mainly deals with the online summaries that are the 

current or recent tweets. 

1) TCV-Rank Summarization Algorithm:  

The TCV-Rank Summarization algorithm is used for the 

summarization of tweet stream purpose. The online 

summaries and the historical summaries are created using 

this TCV-Rank Summarization algorithm. 
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C. Current Event Detection module: 

There are many tweets posted on different topic and at the 

different time. There may be abundance in number of tweets 

arises on the twitter. But in the huge amounts of tweets, 

there may be some tweets which may belong to a particular 

topic, which is discussed many times. This is nothing but the 

current event or recent trends. 

D. Statistic Generation Module: 

As the current event is generated by the Current Event 

Detection module. The statistics or graph is generated by the 

Statistics Generation module, which may be very easy 

visible and understandable by anyuser. The event or topic 

which is discussed on large scale takes the higher position 

and likewise the graph or statistics is created and shown 

graphically which can be easy to understand. 

 
Fig. 6: Graphical Representation 

IV. CONCLUSION 

Sumblrwhich is the combination of the summarization, 

clustering and current event detection. The tweet stream 

summarization algorithm is used to summarize the tweet 

streams by deleting the old or senseless tweet streams. The 

tweet stream clustering algorithm is used to clusters the 

tweets in the different groups. Finally , the current event 

detection algorithm is used to detect the current event 

detection. The effectiveness and efficiency of the algorithms 

are greater than the previously used algorithms. The 

comparison between the older algorithm with the used 

algorithm are also shown by the pie chart. For future work, 

the videos and images may be analysed.   

 
Fig. 6: Comparison between traditional and current 

algorithm 
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