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Abstract— Big data analytics in healthcare, discusses the 

benefits, outlines an architectural framework and 

methodology. This is evolving into a promising field for 

providing insight from very large data sets and improving 

outcomes while reducing costs. Its potential is great; 

however there remain challenges to overcome. Also it refers 

to electronic health data sets so large and complex that they 

are difficult (or impossible) to manage and analysis of big 

data inside a cloud environment. This initiative move 

towards to build an abstract framework for context-aware 

decision-making processes provide real-time personalized 

health-care services. Analyzing disease patterns and tracking 

disease outbreaks and transmission to improve public health 

surveillance and speed response. Faster development of more 

accurately targeted vaccines, e.g., choosing the annual 

influenza strains and disease. It Identify the true abnormal 

conditions of patients having variations in blood pressure 

(BP) and heart rate (HR). The evaluation shows a much 

better estimate of detecting proper anomalous situations for 

different types of patients. This model simplifies the tasks of 

healthcare professionals by not swamping them with false 

alerts 

Key words: Dynamic Monitoring, Patient Diagnostic 

I. INTRODUCTION 

AN ambient assisted living (AAL) system consists of 

heterogeneous sensors and devices which generate huge 

amounts of patient-specific unstructured raw data every day 

. Due to diversity of sensors and devices, the captured data 

also have wide variations. A data element can be from a few 

bytes of numerical value (e.g. HR = 72 bpm) to several 

gigabytes of video stream . For example, if we assume a 

single AAL system generates 100 kilobytes data every 

second on average then it will become 2.93 terabytes in one 

year. If any system targets to support say, 5 million patients, 

then the data amount will be 14 Exabyte’s per year  Even if 

a healthcare system targets to analyses only continuous ECG 

of cardiac patients in real-time inside the cloud environment  

then it will produce around 7 Petabytes data everyday from 

3.5 million patients [6]including these dynamically 

generated continuous monitoring data, there are also huge 

amounts of persistent data such as patient profile, medical 

records, disease histories and social contacts. If we want to 

store all these data and patient histories to predict any future 

abnormality accurately, then the representation of data will 

be in zettabytes in a few years. Such concerns necessitate 

the development of cloud-based assisted healthcare 

infrastructure . Efficient processing of this large volume of 

medical, ambient and media data using computational power 

of cloud infrastructure, extraction of right context 

information , finding the correlations among different 

contexts for inferring knowledge, and prediction of a state 

using those inferred observations to deliver proper situation-

aware services, are some primary challenges in the 

development of context aware monitoring applications. 

According to IBM data scientists, big data can be 

characterized in four dimensions: volume, variety, velocity, 

and veracity (“the 4 V’s”) . Our model also satisfies these 

four V’s because the context-aware data we are referring to 

have massive variations (e.g.  health data, activity data), is 

large in volume several petabytes), continuous in terms of 

velocity and accurate to satisfy veracity. Such data also have 

great value and high impact on future healthcare 

infrastructure. The predictive analyses over large historical 

data provide robust solutions for disease prevention. This 

also simplifies the tasks of healthcare professionals and 

doctors by assessing the causes of any anomalous situation 

at an early stage and improving the quality of life of a 

patient. Traditional solutions for personalized AAL systems 

depend on standalone applications that run on a local server 

or a handheld device. These applications solve only specific 

cases. The amount of information gathered from a 

personalized AAL system is so massive that it is almost 

impossible to store and manipulate them for knowledge-

discovery in a mobile device. Furthermore, the growing 

ageing population and chronic diseases, particularly in 

Australia and other western nations, increase the demand for 

a common platform that is capable of handling many 

patients simultaneously and maintaining the personalized 

knowledge of every user. This necessitates the initialization 

of such big data-centric context-aware applications on cloud 

environments. 

II. LITERATURE SURVEY 

A. Privacy -Preserved Behavior Analysis and Fall 

Detection byan Infrared Ceiling Sensor Network ShuaiTao, 

MineichiKudoandHidetoshiNonaka,Year:2012 

An infrared ceiling sensor network system is reported in this 

study to realize behavior analysis and fall detection of a 

single person in the home environment. The sensors output 

multiple binary sequences from which we know the 

existence/non-existence of persons under the sensors. The 

short duration averages of the binary responses are shown to 

be able to be regarded as pixel values of a top-view camera, 

but more advantageous in the sense of preserving privacy. 

Using the “pixel values” as features, support vector machine 

classifiers succeeded in recognizing eight activities 

(walking, reading, etc.) performed by 

fivesubjectsatanaveragerecognitionrateof80.65%.Inaddition,

weproposedamartingale framework for detecting falls in this 

system 

B. Big Data Revolution in HealthCare-Peter Groves, Basel 

Kayalli, David Knott, Steve Van Kuiken ,Year:2012 

On one side of India, we have multi-specialty hospitals 

which satisfy the healthcare needs of people with 

specialized and speedy treatments. On the other side, a large 

part of the population in India resides in rural areas where 

basic medical facility is sometimes unavailable. People in 
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the rural areas do not get proper treatment due to the non-

availability of required number of registered medical 

practitioners. This paper presents the architecture of Context 

Aware Health Monitoring System developed for connecting 

Primary Healthcare Centres in the rural areas with the 

sophisticated hospitals in the urban areas of India through 

mobile communication and IT infrastructure. The system 

aims to provide affordable, efficient and sustainable 

healthcare service by leveraging mobile communication and 

information technology. The system monitors and delivers 

patient’s physiological readings to the hospitals and 

provides an alert mechanism triggered by the patient’s vital 

signs which is linked to a medical practitioner’s mobile 

device. 

C. AReal-Time Cardiac Arrhythmia Classification System 

with Wearable Sensor Networks-ShengHu ,Hongxing Wei 

,YoudongChen andJindong Tan Year:2012 

Long term continuous monitoring of electrocardiogram 

(ECG) in a free living environment provides valuable 

information for prevention on the heart attack and other high 

risk diseases. This paper presents the design of a real-time 

wearable ECG monitoring system with associated cardiac 

arrhythmia classification algorithms. One of the striking 

advantages is that ECG analog front-end and on-node digital 

processing are designed to remove most of the noise and 

bias. In addition, the wearable sensor node is able to monitor 

the patient’s ECGandmotion signal inanun obstructive way. 

Torealizethereal-timemedical analysis, the ECG is 

digitalized and transmitted to a smart phone via Bluetooth. 

On the smart phone, the ECG waveform is visualized and a 

novel layered hidden Markov model is seamlessly integrated 

to classify multiple cardiac arrhythmias in real time. 

D. A Survey on Integrated Wireless Healthcare Framework 

for Continuous Physiological Monitoring Man deep Singh 

,Neelu Jain Year:2014 

Wireless Body Area Network in recent years has received 

significant attention, due to their market potential to reduce 

the healthcare cost as well as load of medical professionals, 

resulting in higher efficiency. This paper addresses the 

available wireless body area network prototypes and the 

issues related to hardware implementations, software and 

wireless protocols and how smart phones can be used as full 

featured portable computer in providing healthcare services.  

These systems are comprised of various types of small 

physiological sensors ie, ECG, SpO2 attached to the human 

body for measuring the physiological parameters and 

transmit them to remote devices 

III. EXISTING SYSTEM 

Analyzing large amount of data generated in ambient 

assisted Living (AAL) Systems and Stored in cloud 

repositories faster and existing techniques are not capable to 

handle such big data. Its very difficult analyzing and 

monitoring patient details it’s not provide accuracy of the 

details.so In each AAL system, different contexts are 

sampled in different time intervals in multiple domains. To 

represent a domain, its information and context space 

difficult and also limited storage space. 

IV. PROPOSED SYSTEM 

AN ambient assisted living (AAL) system consists of 

heterogeneous sensors and devices which generate huge 

amounts of patient-specific unstructured raw data everyday 

.The proposed  model facilitates analysis of big data inside a 

cloud environment. This can upload large amount of data 

such as patient medical report to the cloud. It is very secure 

the data stored binary format (0 or 1).Regularly monitoring 

and updating patient report who are normal and abnormal 

condition. Send SMS alert to the abnormal patient. 

Monitoring and analyzing big data and produce result 

effectively. It shows functionality of the System and 

detecting proper anomalous situation for different  types of 

patients 

A. Advantage 

1) Monitoring and analyzing big data and produce result 

effectively. 

2) It shows functionality of the System and detecting 

proper anomalous situation for different  types of 

patients 

V. ARCHITECTURE DIAGRAM 

 
Fig. 1: 

VI. MODULE DESCRIPTION 

 Authentication and Authorization 

 Patient Report Store to Cloud. 

 Patient Profile and Appointment 

 Analysis Big Data in Cloud 

 Generate Report and Send  Emergency Alert 

A. Authentication and Authorization 

In this module the Data Collector have to register first, then 

only he/she has to access the data base. After registration the 

Data Collector can login to the site. The authorization and 

authentication process facilitates the system to protect itself 

and besides it protects the whole mechanism from 

unauthorized usage  

 
Fig. 2: login page 
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B. Patient Report Store to Cloud. 

In this module, DataCollector Upload the report in cloud 

repositories  and stored in the Local System. The 

report(ECG,HR,BP) Store to the real Cloud Storage (In this 

application, we use Dropbox). While uploading Unstrctured 

raw data everyday  Due to diversity of sensors and devices, 

the captured data also have wide variations. 

 
Fig. 3: report uploading in cloud 

C. Patient Profile and Appointment 

You can make an appointment with a particular patient by 

clicking the Add Appointment button from any page of their 

patient profile. Select the date and time of the potential 

appointment, and select the practitioner and location from 

the dropdown menu. Choose the fee in order to set the 

duration,  If the appointment time is available, a green 

Available message appears; if the appointment time is not 

available, select a different appointment time. Click the 

Save button to save the appointment to the calendar and then 

add other information to the appointment  

 
Fig. 4: Appoinment page 

D. Analysis Big Data in Cloud 

A number of use cases in healthcare are well suited for a big 

data solution. Some academic- or research-focused 

healthcare institutions are either experimenting with big data 

or using it in advanced research projects. Those institutions 

draw upon data scientists, statisticians, graduate students, 

and the like to wrangle the complexities of big data. In the 

following sections, we’ll address some of those complexities 

and what’s being done to simplify big data and make it more 

accessible 

 
Fig. 5: report analysis 

E. Generate Report and Send Emergency Alert 

Now-a-days healthcare industry is growing enormously due 

to the increase in elderly population and decline in birthrate. 

A healthcare becomes a big issue due to lack of availability 

of expert doctors. Due to this issue there is a paradigm shift 

from need based health monitoring to preventive health 

monitoring service. Keeping in view this scenario we are 

proposing a health care system which will be integrated with 

cloud computing. That will make system capable of 

generating EMR i.e. Electronic Medical Records of patients 

which will play a beneficial role for patient’s diagnostic and 

rapid improvement process as well as for medical practicing 

doctors who need vast medical cases for their own study 

purpose. This system will keep track of patient’s health in a 

timely manner and generate a alert when the patient’s vital 

parameters crosses the normal value. The major data will be 

transferred to the cloud storage that can be accessed by 

registered expert doctors and Patient 

 
Fig. 5: Alert message 

VII. CONCLUSION 

In this work, we have presented BDCaM, a generalized 

framework for personalized healthcare, which  leverages the 

advantages of context-aware computing, remote-monitoring, 

cloud computing, machine learning and big data. Our 

solution provides a systematic approach to support the fast-

growing communities of people with chronic illness who 

live alone and require assisted care. The model also 

simplifies the tasks of healthcare professionals by not 

swamping them with false alerts. The system can accurately 

distinguish emergencies from normal conditions. The data 

used to validate the model are obtained via artificial data 

generation based on data derived from real patients, 
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preserving the correlation of a patient’s vital signs 

with different activities and symptoms. The stronger 

relationship between vital signs and contextual information 

will make the generated data more consistent and the model 

will be more accurate for validation. The experimental 

evaluation of our system in cloud model for patients having 

different HR and BP levels has demonstrated that the system 

can predict correct abnormal conditions in a patient with 

great accuracy and within a short time when it is properly 

trained with large samples. In future, we intend to extend the 

model with more context domains. 
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