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Abstract— Mining classification is the process of 

developing rules to group data tuples together based on 

certain features.  Mining high utility itemsets from a 

transactional database refers to the process of discovery of 

items with high utility like profits. A large number of 

algorithms have been proposed for this problem, but it will 

generate a large number of itemsets. This will degrade the 

performance of the system. Inorder to overcome this 

problem here propose a method of utility mining. To 

perform the mining process, the system keeps a file called 

log file which contains the information’s regarding the 

previous searches of a particular user. This will help to 

identify the browsing behavior of the user. Here mining is 

done by classifying the items into promising and 

unpromising factors. A minimum utility value is assigned in 

order to classify the items. If the percentage count of a 

particular item chosen by the user is greater than minimum 

utility, then that item is considered as promising factor. The 

items with promising factor will be listed in the list. If the 

percentage count of a particular item chosen by a user is less 

than minimum utility, then hat item will be filtered out from 

the list.  User will choose a particular item from the list. 

Selected item and the current location of the user will be 

transferred as a query. Both current location and selected 

item is processed inorder to find the nearest neighbor. 

Current location is found with the help of HTML5 

geolocation technology. Nearest neighbors are found by 

comparing the longitude and latitude of the users current 

location with the set of items in the database. The nearest 

neighbors will be listed and user will chose a neighbor as 

per his requirement. The selected item will be located in the 

map. The system will also sow the shortest path, distance 

and time required to reach from source to destination. If the 

user selects a particular item then it will be considered as 

successful request and it will be stored in the log file. This 

will improve the performance of the system. By using his 

method more accurate results are obtained. 
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I. INTRODUCTION 

The explosive growth of location-detection devices (e.g., 

cellular phones, GPS-like devices, and RFIDs) results in a 

wide spread of location-based applications. Examples of 

these applications include location-based store finders, 

traffic congestion and location-based advertisements. Users 

who are registered with location-based services 

continuously send their location information to the location-

based database server. Upon requesting to a service, a 

registered user has to issue a location-based query to server. 

This query is executed at the server based on the knowledge 

of the user location. 

Data Mining can be defined as an activity that 

extracts some new nontrivial information contained in large 

databases. It is concerned with analysis of large volumes of 

data to automatically discover interesting regularities or 

relationships which in turn leads to better understanding of 

the underlying processes. The primary goal is to discover 

hidden patterns, unexpected trends in the data. Data mining 

activities uses combination of techniques from database 

technologies, statistics, artificial intelligence and machine 

learning. This process helps to mine previously unknown 

and potentially useful information from large databases. 

Generating useful patterns hidden in a database plays an 

essential role in data mining process, such as frequent 

pattern mining, weighted frequent pattern mining, and high 

utility pattern mining. Data Mining can be defined as an 

activity that extracts some new nontrivial information 

contained in large databases. Traditional data mining 

techniques have focused largely on detecting the statistical 

correlations between the items that are more frequent in the 

transaction databases. 

Utility mining emerges as an important topic in 

data mining field. Mining high utility itemsets from 

databases refers to finding the itemsets with high profits. 

Utility of items in a transaction database consists of two 

aspects one is the importance of distinct items, which is 

called external utility, and the other one is the importance of 

items in transactions, which is called internal utility. 

Utility of an itemset is the product of its external 

utility and its internal utility. If the utility of an item is not 

less than a user-specified minimum utility threshold then the 

itemset is a high utility itemset. If the utility of an itemset is 

less than a user-specified minimum utility threshold then it 

is called a low utility itemset. Mining high utility itemsets 

from databases has a wide range of applications such as 

website click stream analysis, business promotion in chain 

hypermarkets, cross marketing in retail stores online e-

commerce management, mobile commerce environment 

planning and even finding important patterns in biomedical 

applications. 

In this method we are using log file inorder to mine 

the itemset with high utility.  

Log file contain information such as Time Stamp, 

User Name, Request, Result Status, etc. Every single request 

by the user will be recorded in the log file. The mined 

knowledge can be used to find the behaviour patterns of the 

user. 

In the existing systems GPS devices are used to 

find the current location which is an online process. But in 

our proposed system is an offline system. Here it is not 

using the GPS device in order to find the current location of 

a user. Using HTML5 core technology, can find the current 

location without a GPS device. 

II. RELATED WORK 

In paper [8] presents middleware architecture and 

algorithms that can be used by a centralized location based 

broker service. The algorithms adjust the resolution of 

location information into spatial or temporal dimensions. It 

is to meet specified anonymity constraints based on the 
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entities whomay be using location services within a given 

area. This paper investigates a complimentary approach that 

concentrates on the principle of minimal collection. In this 

approach location-based services collect and use only de-

personalized data—that is, practically anonymous data [14]. 

This approach promises benefits for both parties. For the 

service provider, practically anonymous data causes less 

overhead. It can be collected, processed, and distributed to 

third parties without user consent. For data subjects, it 

removes the need to evaluate potentially complex service 

provider privacy policies. Practical anonymity requires that 

the subject cannot be reidentified (with reasonable efforts) 

from the location data. Consider a message to a road map 

service that comprises a network address, a user ID, and 

coordinates of the current location. Identifiers like the user 

ID and the network address are obvious candidates for 

reidentification attempts. For anonymous service usage, the 

user ID can be omitted and the network address problem is 

addressed by mechanisms such as Crowds [12] or Onion 

Routing [13]. It provides sender anonymity. 

A. Fast Algorithms for Mining Association Rule: 

We consider the problem of discovering association rules 

between items in a large database of sales transactions. We 

present two new algorithms for solving this problem that are 

fundamentally different from the known algorithms. 

Empirical evaluation shows that these algorithms 

outperform the known algorithms by factors ranging from 

three for small problems to more than an order of magnitude 

for large problems. We also show how the best features of 

the two proposed algorithms can be combined into a hybrid 

algorithm, called Apriori Hybrid. Scale-up experiments 

show that Apriori Hybrid scales linearly with the number of 

transactions. Apriori Hybrid also has excellent scale-up 

properties with respect to the transaction size and the 

number of items in the database. 

Given a set of transactions D, the problem of 

mining association rules is to generate all association rules 

that have support and confidence greater than the user-

specified minimum support and minimum confidence 

respectively. AIS algorithm is used to find all association 

rules. Another algorithm to perform this task is called the 

SETM algorithm. In this paper, it presents two new 

algorithms, Apriori and AprioriTid that differ fundamentally 

from the previous algorithms. 

Experimental results show that the proposed 

algorithms always outperform the earlier algorithms. The 

performance increases with problem size, and ranges from a 

factor of three for small problems to more than an order of 

magnitude for large problems. The best features of Apriori 

and AprioriTid are be combined into a hybrid algorithm, 

called Apriori Hybrid. Experiments show that the Apriori 

Hybrid has excellent scale-up properties, opening up the 

feasibility of mining association rules over very large 

databases. 

In order to discover large itemsets the algorithm 

makes multiple passes over the data. In the first pass, it 

counts the support of individual items and determines which 

items are larger, that is the items having minimum support. 

For each subsequent pass, the process starts with a seed set 

of itemsets which is found large in the previous pass. This 

seed set is used for generating new potentially large 

itemsets, called candidate itemsets. Then it counts the actual 

support for these candidate itemsets during the pass over the 

data. At the end of the pass, it determines which of the 

candidate itemsets are actually large, and they become the 

seed for the next pass. This process continues until no new 

large itemsets are found. 

B. Efficient Tree Structures for High Utility Pattern Mining 

in Incremental Databases 

Incremental and interactive data mining provide the ability 

to use previous data structures and mining results in order to 

reduce unnecessary calculations when a database is updated. 

Frequent pattern mining plays an important role in data 

mining applications, its two limitations are, first, it treats all 

items with the same importance/weight/price and, second, in 

one transaction, each item appears in a binary (0/1) form, 

i.e., either present or absent. The importance of an itemset 

can be measured by the concept of utility. It can handle the 

dataset with nonbinary frequency values of each item in 

transactions, and also with different profit values of each 

item. Therefore, utility mining represents real world market 

data. By utility mining, several important business area 

decisions like maximizing revenue or minimizing marketing 

or inventory costs can be considered and knowledge about 

itemsets / customers contributing to the majority of the 

profit can be discovered. The previous works are based on a 

fixed database and did not consider that one or more 

transactions could be deleted, inserted, or modified in the 

database. By using incremental and interactive high utility 

pattern (HUP) mining, can use the previous data structures 

and mining results, and avoid unnecessary calculations 

when the database is updated or the mining threshold is 

changed. 

Moreover, if the algorithms presented in the 

previous works want to calculate which patterns cover 20 

percent of the total profit, then their internal data structures 

are designed in such a way that they can only calculate the 

asked amount. If the amount is 15 percent of the total profit, 

then previous algorithms have to build their data structures 

again. They cannot take any advantages from their previous 

design. However, in the real world, the businessmen need to 

repeatedly change the minimum threshold according to their 

business requirements. Thus, the “build once mine many” 

property (by building the data structure only once, several 

mining operations can be done) is required to solve this 

interactive mining problem.          

C. High Utility Itemset Mining 

Data Mining can be defined as an activity that extracts some 

new nontrivial information contained in large databases. 

Traditional data mining techniques have focused largely on 

detecting the statistical correlations between the items that 

are more frequent in the transaction databases. Also termed 

as frequent itemset mining, these techniques were based on 

the rationale that itemsets which appear more frequently 

must be of more importance to the user from the business 

perspective .In this paper throw light upon an emerging area 

called Utility Mining which not only considers the 

frequency of the itemsets but also considers the utility 

associated with the itemsets. The term utility refers to the 

importance or the usefulness of the appearance of the 

itemset in transactions quantified in terms like profit, sales 

or any other user preferences. In High Utility Itemset 
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Mining the objective is to identify itemsets that have utility 

values above a given utility threshold.  

The primary goal is to discover hidden patterns, 

unexpected trends in the data. Data mining activities uses 

combination of techniques from database technologies, 

statistics, artificial intelligence and machine learning. An 

itemset can be defined as a non-empty set of items. An 

itemset with k different items is termed as a k-itemset. For 

e.g. {bread, butter, milk} may denote a 3-itemset in a 

supermarket transaction. Frequent itemsets are the itemsets 

that appear frequently in the transactions. The goal of 

frequent itemset mining is to identify all the itemsets in a 

transaction dataset. Frequent itemset mining plays an 

essential role in the theory and practice of many important 

data mining tasks, such as mining association rules, long 

patterns, emerging patterns, and dependency rules. 

In utility based mining the term utility refers to the 

quantitative representation of user preference i.e. the utility 

value of an itemset is the measurement of the importance of 

that itemset in the user’s perspective. Here note that the 

sales analyst is not interested in the number of transactions 

that contain the itemset but he or she is only concerned 

about the revenue generated collectively by all the 

transactions containing the itemset. In practice the utility 

value of an itemset can be profit, popularity, page-rank, 

measure of some aesthetic aspect such as beauty or design 

or some other measures of user’s preference. Formally an 

itemset S is useful to a user if it satisfies a utility constraint 

i.e. any constraint in the form u(S) >= minutil, where u(S) is 

the utility value of the itemset. A minutil is a utility 

threshold defined by the user. In our example if it take 

utility of an itemset as the unit profit associated with the sale 

of that itemset then with utility threshold minutil = 500 then 

the itemset ABC has a utility value of 555 which means that 

this itemset is of interest to the user even though its support 

value is just 20%.Since while considering the total utility of 

an itemset S multiply the utility values of the individual 

items consisting the itemset S with the corresponding 

frequencies of the individual items of S in the transactions 

that contain S, so the utility based mining approach can be 

said to be measuring the significance of an itemset from two 

dimensions. The first dimension being the support value of 

the itemset i.e the frequency of the itemset and the second 

dimension is the semantic significance of the itemset as 

measured by the user. 

D. Efficient Data Mining for Path Traversal Patterns 

In this paper, shall explore a new data mining capability 

which involves mining access patterns in a distributed 

information-providing environment where documents or 

objects are linked together to facilitate interactive access. it 

is important to note that, since users are traveling along the 

information-providing services to search for the desired 

information, some objects are visited because of their 

locations rather than their content, showing the very 

difference between the traversal pattern problem and others 

which are mainly based on customer transactions. This 

unique feature of the traversal pattern problem unavoidably 

increases the difficulty of extracting meaningful information 

from a sequence of traversal data. However, as these 

information-providing services are becoming increasingly 

popular nowadays, there is a growing demand for capturing 

user behavior and improving the quality of such services. As 

a result, the problem of mining traversal patterns has 

become too important not to address immediately 

E. Efficient Mining of Partial Periodic Patterns in Time 

Series Database 

Partial periodicity search, i.e., search for partial periodic 

patterns in time-series databases, is an interesting data 

mining problem. Previous studies on periodicity search 

mainly consider finding full periodic patterns, where every 

point in time contributes (precisely or approximately) to the 

periodicity. However, partial periodicity is very common in 

practice since it is more likely that only some of the time 

episodes may exhibit periodic patterns. Here present several 

algorithms for efficient mining of partial periodic patterns, 

by exploring some interesting properties related to partial 

periodicity, such as the Apriori property and the max-sub 

pattern hit set property, and by shared mining of multiple 

periods. The max-sub pattern hit set property is a vital new 

property which allows us to derive the counts of all frequent 

patterns from a relatively small subset of patterns existing in 

the time series. Show that mining partial periodicity needs 

only two scans over the time series database, even for 

mining multiple periods. 

Finding periodic patterns in time series databases is 

an important data mining task with many applications. Many 

methods have been developed for searching periodicity 

patterns in large data sets. However, most previous methods 

on periodicity search are on mining full periodic patterns, 

where every point in time contributes (precisely or 

approximately) to the cyclic behavior of the time series. For 

example, all the days in the year approximately contribute to 

the season cycle of the year. A useful related type of 

periodic patterns, called partial periodic patterns, which 

specify the behavior of the time series at some but not all 

points in time, have not received enough attention. Partial 

periodicity is a looser kind of periodicity than full 

periodicity, and it exists ubiquitously in the real world. The 

purpose of the current paper is to fill the gap by considering 

the efficient mining of partial periodic patterns. Most 

methods for finding full periodic patterns are either 

inapplicable to or prohibitively expensive for the mining of 

partial periodic patterns, because of the mixture of periodic 

events and non-periodic events in the same period 

III. METHODOLOGY 

The proposed system work based on the concept of utility 

mining. The system will store the details of items selected 

by the user in each login. Each successful request send by 

the user will be stored in the log file. This log file is mined 

inorder to find the promising factor and unpromising factor. 

A minimum utility is considered. If the percentage of a 

particular item selected by the user is higher than minimum 

utility, then it is considered as promising factor. If the 

percentage of a particular item is less than minimum utility 

then it is considered as unpromising factor. All the items 

with promising factor will be listed. User will choose a 

particular item from the list based on this needs. 

1) Client: 

In order to perform the action user need to register. Data 

will be provided only to the registered users. The browsing 

behaviour of the user will be stored in the log file. This will 
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help to find the most chosen itemset of a particular user. 

This will help to reduce the search time for finding the 

neighbour. So the user can view the nearest facilities in short 

span of time. 

2) Find the Current Location of the client : 

After the successful login the current location is to be found. 

Current location is used to find the nearest facilities. Current 

location is also used to find the itemset a particular user has 

chosen more in a particular user. HTML5 geolocation 

method is used to find the current location of the user. Using 

this method the longitude and latitude of the user is 

obtained. This longitude and latitude is used to find the 

nearest neighbour from the database. The current location 

will be stored in the log file along with the browsing 

behavior of user. 

3) Mining the Log File :  
Every successful request send by the user will be recorded in Log file. 

So every search made by the user will be in the log file. This log file is 

mined in order to find the itemset associated to a particular user. By 

looking in to this file, the search pattern of the user can be found easily. 

Only the request with appropriate selection will be stored in the log 

file. Promising and unpromising items are categorised from this file.  

4) Send Query with Current Location : 

After mining the log file the request will be passed to find 

the nearest neighbour. The request will contain the current 

location and the item selected by the user. The itemset are 

obtained by mining the log file. The items having promising 

factor will be listed. User has to choose a particular item 

from this list 

5) List the nearest neighbours related to the selected item: 

Based on the current location and item chosen by the user 

the system will list the nearest neighbours. Here we are 

comparing the longitude and latitude of user’s current 

location and the neighbours. Items having matching 

longitude and latitude with the user’s current location will 

be listed as set of nearest neighbors. 

6) Choose a neighbour from the list :  

From the list of items user has to select a particular item. If a 

user selects a particular item from that list, then it is 

considered as a successful request and it will be stored in the 

log file. The selected item will be displayed in the map. Also 

the user is provided with the distance and time required to 

reach the destination from the users current location. 

A. System Model: 

 
Fig. 1: Model 

B. Data Owner 

Due to the rapid advancements in network technology, the 

cost of transmitting a terabyte of data over long distances 

has decreased significantly in the past five years. In 

addition, the total cost of data management is five to ten 

times higher than the initial acquisition costs and it is likely 

that computing solution costs will be dominated by people 

costs in the future. Consequently, there is a growing interest 

in outsourcing database management tasks to third parties 

that can provide these tasks for a much lower cost due to the 

economy of scale. This new outsourcing model has the 

apparent benefits of reducing the costs for running DBMSs 

independently and enabling enterprises to concentrate on 

their main businesses. On the other hand, there are two new 

concerns with this model. 

In order to respond for a client’s query it needs the 

necessary information about the data owners. Data owners 

are the nearest neighbors for a client’s query. So the data 

owner’s wants to provide necessary information about their 

organization. To list the information of a data owner in 

nearest neighbor list he/she should be registered with 

necessary information. The information about this 

organization will be stored in the data base. And this data 

base will be supplied to the service provider. After receiving 

the client request, the query will be processed. The 

processing will be performed with the help of data provided 

by the data owner’s. The data owners should be very careful 

while providing the information about his/her organization. 

Because this information will be provided to the clients as 

there query result.  

C. Service Provider  

1) Step 1: Data owner will send their necessary 

information and there location information to the 

service provider. And this information’s are stored 

in the data base for further examination. Only the 

information of registered user will be available to 

the client as his/her request result. 

2) Step 2: Client sends his/her query point to the 

service provider. The query point will contain the 

information about the client’s current location. The 

current locations are obtained with the help of 

HTML 5 technology. 

3) Step 3: Server perform the processing of the query 

from the client. The processing is done with the 

help of information provided by the data owners. 

With the help of information from the data owner 

the server will generate the neighbors. And the 

neighbors will be listed. 

4) Step 4: From list of nearest neighbors, the user will 

choose one according to his choice. If the user 

makes a choice, then it is considered as successful 

request. This path will be stored in the log file in 

order to make the further search easier.    

D. Geolocation 

Geolocation is the identification of the real-world 

geographic location of an object, such as a mobile phone, 

Internet-connected computer terminal, etc. Geolocation may 

refer to the practice of assessing the location, or to the actual 

assessed location. Geolocation is closely related to the use 

of positioning systems but may be distinguished from it by a 
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greater emphasis on determining a meaningful location 

rather than just a set of geographic coordinates. HTML5 

added set of new APIs under title Geolocation that helps the 

applications to identify location related information from 

visiting users. The Geolocation API defines a high-level 

interface to location information associated only with the 

device hosting the implementation, such as latitude and 

longitude. The API itself is agnostic of the underlying 

location information sources. 

In order to utilize Geolocation API in a web 

application, it must understand the API structures. The 

browser that supports Geolocation API provides navigator 

object with geolocation object. This object can be used to 

retrieve location info. The geolocation API is now supported 

in the majority of browsers, but it is good practice to always 

check for support before you do anything. You can easily 

check for compatibility by testing for the presence of the 

geolocation object. The geolocation API offers a simple 

method to obtain the user’s current location. The method to 

find the current location will return the latitude and 

longitude if it is successful. To display the result in a map, 

you need access to a map service that can use latitude and 

longitude 

IV. EXPERIMENT AND RESULT 

As per the performance of the existing system more accurate 

results are obtained. There is great variation in the number 

of items being selected by the user in the existing system 

and proposed system. In the existing system the count is 

incremented even if it is a valid or invalid request. So the 

utility of the item will cross the minimum utility level with 

in short interval. This will degrade the performance of the 

system. As per the proposed system item is stored in the log 

file if it is a valid request. So the utility of the item will be 

incremented only if the item selection is a valid one. This 

will improve the performance of the system and more 

accurate result will be obtained. 

 

V. CONCLUSION 

The emergence of mobile devices with fast Internet 

connectivity and geo - positioning capabilities has led to a 

revolution in customized location-based services (LBS), 

where users are enabled to access information about points 

of interest (POI) that are relevant to their interests and are 

also close to their geographical coordinates. Here we are 

using a log file inorder to find the nearest neighbor. Utility 

mining technique is used here. With the help of log file the 

items are categorized into promising factor and unpromising 

factor. Only the items with promising factor will be listed. 

Other items will be filtered out. The search made by the user 

will be stored in the log file only if it is a successful request. 

The processing of the query send by the client is processed 

in the service provider. The service provider will generate 

nearest neighbors based on the client’s current location and 

item chosen by the user. The item will be chosen from the 

mined data. This will helps to improve the performance of 

the system. And it will help to generate most accurate 

results. 

Data owners are the one who act as the nearest 

neighbor for clients query. The information needed for the 

processing of the query is provided by the data owner. This 

information will also help the client to get more details 

about that organization. The data owners will enter their 

information during the registration process. Client will send 

the request for the nearest neighbor. This query will contain 

the current location of the user as well as the selected 

category. With the help of this current location the query is 

processed by the service provider and list of nearest 

neighbor is displayed in the map. The current location will 

be in the form of longitude and latitude.HTML5 

Geolocation method is use to find the current location of the 

user. The data owners also use this method in order to 

register theirorganization. So the organizations location 

coordinates will help to find the query send by the client. 

HTML5 Geolocation is a java script to find the latitude and 

longitude of the user. The nearest neighbors obtained as a 

result of client query is displayed in the map. The longitude 

and longitude will help to display the nearest neighbor in the 

map.  
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