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Abstract— The demeanour of digitalization in all over the 

world and rapid growth of multimedia data had led to 

introduce a new way of video retrieval. Traditional video 

retrieval methods fail to meet technical challenges, so 

effective video retrieval system is urgently needed. This 

paper focuses onautomated video indexing and video search 

in large video archive which removes the drawbacks of 

existing system. The SURF feature descriptor in system 

employs a stochastic dimensionality reduction method as a 

result provides a model data for the videos and remove 

drawbacks of the existing system. 
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I. INTRODUCTION 

Multimedia information retrieval required to store, describe 

and organize the information, also the people are assisted in 

finding the multimedia resources quickly and efficiently. In 

past, the traditional approach is used for indexing and 

retrieval of videos by applying keyword annotation as the 

database was relatively small. But recently the database 

have become much larger and content based video retrieval 

are required based on automatic video analysis with less 

human interaction. Video includes the following 

information: 

 Video metadata which are tagged texts, usually 

including titles, summary, date, broadcast 

duration, file size, video format, copyright, etc. 

 Automatic Speech Recognition (ASR) is used to 

extract the audio and Optical Character 

Recognition technique is used extract the texts 

from videos. 

Sometimes the user searches for the videos needed 

they have to depend upon the details, subject, etc., by 

producers. Also they have to watch that lengthy, boring 

videos even though they are unconvinced with the reply. 

Therefore the user needs some techniques which will give 

fair amount of videos to the users. 

II. LITERATURE SURVEY 

A. OCR (Optical Character Recognition): 

OCR was initially developed for high contrast data images. 

The basic technique used is, that the impressed characters 

appeared dark and background light, after reflection of 

light.Skeleton-Based Binariazation methodis used to 

separate and extract text from complex backgrounds. 

Extraction of text from a given frame involve information 

like detection, localization, tracking, extraction, 

enhancement, and recognition. 

B. ASR (Automatic Speech Recognition): 

Some experiments shows some high speech recognition and 

retrieval performance even though the audio signals have 

different acoustic conditions. The ASR captures acoustic 

signal from video for speech recognition. By pattern 

matching algorithm, it will determine the words spoken in 

the video. Speech recognizers will store the acoustic sets 

and patterns of language models in computer database. 

These models are checked with the captured signals from 

video. The elements in the computer database use some 

techniques to perform the best match from the set of 

matched contents. ASR provide speech-to-text information 

from different videos, which offers the chance to improve 

the quality of automatically generated metadata 

dramatically. 

 
Fig. 1: Extraction of keywords using OCR technique 

C. SURF (Speeded Up Robust Feature): 

Traditional system retrieves similar videos based on a local 

feature descriptor. It is SURF (Speeded Up Robust Feature). 

The higher dimension of SURF causes large storage 

consumption during indexing of video. To achieve a 

dimension reduction on the SURF feature descriptor, a 

stochastic dimensionality reduction method is used. For 

evaluating performance at the time of retrieval minimum 

distance classifiers are used. The experimental analysis says 

that SURF gives 78% performance of retrieval. The global 

descriptors can be color-based, texture-based, or shape-

based. 

D. Clustering: 

Clustering algorithm cluster the frames from the video query 

and that frames are chosen to cluster the centres as the key 

frames. For clustering the techniques has been used are as 

follows:  

1) Complete link method of hierarchical agglomerative 

clustering in the colour feature space.  

2) Fuzzy K-means for colour feature subspace. 

3) Gaussian mixture models (GMM) in the eigen-space of 

the image, in which the number of GMM 

componentsis the required number of clusters.  

The advantage of the clustering based algorithm are 

that they can use generic clustering algorithm and global 

characteristics can be reflected in the extracted key frames. 

The limitations of clustering are as follows: 

1) Clustering is difficult for the large data as they depends 

upon the clustering results.  

2) The sequential nature of video cannot be utilizes. So to 

assign the adjacent frames in the same cluster, some 

clumsy tricks are used. 
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E. Fuzzy K-Nearest Neighbor (FKNN) Algorithm:  

Fuzzy K-Nearest Neighbor(FKNN) Algorithm is used for 

the minimum distance classifier. In FKNN, to classifying 

the query clip to a particular class; it assigns membership 

value. Membership value indicates query which can be 

classified to each video clip in the database. The Fuzzy K-

Nearest Neighbor algorithm is as follows 

 Initialize the value of K. 

 Compute the distance between the model vectors 

tothe test vector. 

 Find the minimum distance of K model vectors. 

 Calculate the membership value of the test clip to 

each selected K model vector. 

F. Shot Boundary Detection: 

Shot Boundary detection is process of automatically 

detecting the boundaries between consecutive shots. 

Another definition is identifying where a new transition 

begins and where it ends. Hence a shot can be defined as a 

group of consecutive frame that are temporally and visually 

close to each other. The starting frame of transition is 

determined using a lower threshold Ts. End of the gradual 

transition is determined if the accumulated difference goes 

beyond the upper threshold Tb. 

G. Thresholding: 

Shot boundary detection approach can be classified into 

threshold-based and statistical learning-based. 

1) Threshold-Based Approach: 

The threshold-based approach detects shot boundaries by 

comparing the measured pair-wise similarities between 

frames with a predefined threshold. When a similarity is less 

than the threshold, a boundary is detected. The threshold can 

be a global, adaptive, global and adaptive combined. 

 The global threshold-based algorithms use the same 

threshold, which is generally set experimentlly, over 

the whole video. The major limitation of the global 

threshold-based algorithms is that local contents 

variation is not effectively incorporated into the 

estimation of the global threshold, therefore 

influencing the shot boundary detection accuracy. 

 The adaptive threshold-based algorithm computes the 

threshold locally within a sliding window. Detection 

performance is improved when an adaptive threshold is 

used instead of a global threshold. However, 

estimation of the global threshold is easy and users are 

required to be more familiar with characteristics of 

videos in order to choose parameter such as the size of 

the sliding window. 

 Global and adaptive combined algorithms adjust local 

thresholds, taking into account the value of the global 

thresholds. The limitation of this algorithm is that the 

functional relations between two global thresholds and 

the locally adaptive thresholds are not easy to 

determine. 

2) Statistical Learning-Based Approach: 

The statistical learning-based approach relates shot 

boundary detection is classification task in which frames are 

classified in shot change or no shot change depending in the 

features that they contain. Supervised learning and 

unsupervised learning are both used. 

a) Supervised learning-based classifier: 

The most commonly used supervised classifier for shot 

boundary detection are the support vector machine (SVM) 

and Adaboost. 

 SVM: SVM have two-class classifier to separate 

cuts from noncuts. There are two SVM classifiers, 

to detect cuts and gradual transitions, respectively. 

Firstly extract several features from each frame, 

and then use the SVM to classify the frame using 

these features into three categories: cut, gradual 

transition and others. Second is the combination of 

threshold-based method with an SVM-based 

classifier. The SVM-based algorithms are widely 

used for shot boundary detection because of their 

following merits:  

 They can fully utilize the training information 

and maintain good generalization.  

 They can deal efficiently with a large number 

of features by the use of kernel functions. 

Many good SVM codes are readily available. 

 Adaboost: The Adaboost algorithm is useful for cut 

detection a pattern recognition task. The Adaboost 

algorithm is apply on to shot boundary detection in 

the compressed domain. The color and motion 

features are roughly classified first using a fuzzy 

classifier, and then each frame is classified as a cut, 

gradual, or no change frame using the Adaboost 

classifier.  

b) Unsupervised learning-based algorithms: 

The unsupervised learning-based shot boundary detection 

algorithms are classified into frame similarity-based and 

frame-based.  

 The frame similarity-based algorithms cluster the 

measurements of similarity between pairs of frames 

into two clusters: the cluster with lower values of 

the similarities corresponds to shot boundaries and 

the cluster with higher values of the similarities 

corresponds to nonboundaries. Clustering 

algorithms such as K-means and fuzzy K-means 

have been used. 

 The frame based algorithms treat each shot as a 

cluster of frames that have similar visual content.  

H. JAVA: 

Java is general-purpose computer programming language 

that is concurrent, class based object-oriented and 

specifically designed for client-server web applications. It is 

intended to let application developer meaning that compiled 

Java code can run on all platforms that supports Java 

without the need for recompilation. Java applications are 

typically compiled to bytecode that run on any Java virtual 

machine (JVM) regardless of computer architecture. 

There were five primary goals for the creation of 

the Java language: 

 It must be simple, object-oriented, and familiar. 

 It must be robust. 

 It must be architecture-neutral and portable. 

 It must execute with high performance. 

 It must be interpreted, threaded, and dynamic. 
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I. MySQL: 

MySQL is most popular Open Source Relational SQL 

database management system. MySQL is one of the best 

RDBMS being used for developing web-based software 

applications. A database is a separate application that stores 

a collection of data. Each database have one or more distinct 

APIs for creating, accessing, managing, searching and 

replicating the data it holds. 

III. CONCLUSION 

The state of art of existing approaches in each major issue 

has been de- scribed with the focus on the following tasks: 

video structure including shot boundary detection, key 

frame extraction and scene segmentation, extraction of 

features static key frame, Object and motion, Video Data-

mining, Video classification and annotation, video search 

including interface, similarity measure, relevance feedback, 

video summarization and browsing. We propose an end-to-

end text detection and recognition system as OCR and also 

applying ASR. Clustering algorithm partially provide 

relevant and effective retrieval of related videos to the users. 
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