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Abstract— The paper deals with words and images to form 

Appropriate caption .The purpose of this paper is to help 

journalism. As we know now days media is playing a great 

role in spreading awareness to people. They have extreme 

amount of data as well as images but to generate attractive 

caption below the image. They require a professional who 

must have good knowledge of grammar and analyze the 

paragraph. Analyzing the paragraph and correlating the 

meaning of each other words simultaneously with in build 

grammar provided would make the system easy to generate 

meaningful caption. It will take lot of time to build up good 

caption. The system will generate most important keywords 

which are associated with the image in association with the 

image. To minimize the human effort and save his time we 

are building a tool which will optimize the performance and 

build a meaningful caption related to picture provided. It can 

use in many terms such as summarize the paragraph into 

sentence which would be easily understood and in short. 
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I. INTRODUCTION 

There are many news channel around the world. Many 

online news sites like CNN, Yahoo!, and BBC publish 

images with their stories and even provide photo feeds 

related to current issues. Browsing and finding pictures in 

large-size and heterogeneous collections is an important 

problem that has attracted much interest within information 

retrieval. We focus on captioned images embedded in news 

contents, and use of both models of content selection and 

surface realization from data and thus avoid costly manual 

annotation. Such as,an image annotations with the words 

bluish, sky, bus could depict a bus or a blue sky, whereas the 

caption “bus running against the bluish sky” would make the 

relations between the  word explicit. Also, image 

descriptions need to be perfect, focusing on the most 

important depicted instance or actions. A method that creates 

such explanations automatically could also assist journalists 

in creating descriptions for the images associated with their 

articles or in finding images that appropriately defined their 

text. Also the linking of images with textual descriptions 

would facilitate the retrieval and management of media 

information. Many of the search engines existing on the web 

retrieve images without analyzing their content, simply by 

match user asking against collocated text information. 

Examples include meta-data (e.g., the graphical file name 

and format), user-annotated tags, captions, and text along 

the image. As this limits the working of search engines 

(images that do not coincide with textual data cannot be 

retrieved), a great deal of work has focused on the 

development of methods that generate description words for 

a picture. The literature is studied with various attempts to 

learn the associations between image features and words 

using supervised classification[1], instantiations of the 

noisy-channel model[2], latent variable models , and models 

inspired by information retrieval[3]. 

II. RELATED WORKS 

First our model will create a dataset in which large amount 

of images and image descriptions are including. In the text 

annotation process we will find out the important keywords  

and phrases using subparts of speech. After that we will 

apply the stop word removal and stemming process. In the 

image annotation process we apply SIFT algorithm to find 

out the local features of the input image. The matching 

between input image and image stored in the database are 

done with the Euclidian distance of their featured vectors. 

After that related keywords of images are extracted. All the 

keywords from image and document are classified under 

noun,verb, pronoun, etc. Then by applying extractive and 

abstractive caption generation process automatic caption is 

generated. A notable exception to the use of manually 

crafted resources is Kulkarni et al., who generate natural 

language descriptions for images while exploiting state-of-

the-art image recognition and creation techniques. Their 

image realizing system retrieve visual information as a set of 

triples describing the depicted objects, their attributes and 

spatial relationships (e.g., <furry, sheep>against <green, 

grass>). These triples are then used to create descriptive 

sentences  while gluing words (e.g.,there, is, the) are 

provided by a language model or templates. Farhadi et al. 

[3] describe a related system that can match a descriptive 

sentence to a given image or to obtain images that illustrate 

a given sentence. Their approach essentially retrieves 

sentences rather than composing new ones. Nonetheless, 

images and sentential descriptions are expressed via a 

shared meaning representation which also takes the form of 

triples describ-ing the objects, actions, and scenes (e.g., 

<bus, parks, street>, <plane, fly, sky>).This sentence 

retrieval task scales to a large dataset containing 1 million 

captioned images. 

III. PROBLEM FORMULATION  

We formulate the image caption generation task as follows: 

Given a news image Iand its associated document D, create 

aNatural language caption C that captures the image’s 

content given D. The training data thus consists of 

document-image-caption tuples like the ones shown in Fig. 

1. During testing, we are given a document and an 

associated image for which we must generate a caption. 

A. Audience database 

The dataset just described will serve two purposes. First, 

wewill use the images, captions, and associated articles as 

training data to learn an image annotation model that will 

provide description keywords for the picture. These key-

words will be then used to guide our caption generation 

model. Second, the human authored captions will function 
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as a gold standard for the image annotation model and for 

the end-to-end caption generation task. In the former case, 

we will remove stop words and treat the caption as a bag of 

content words (i.e., nouns, adjectives, and verbs). As the 

image annotation model plays a key role in our generation 

process, it is important to assess the quality of the captions 

as labels and whether they do indeed capture some of the 

image’s content. There is no point in learning an image 

annotation model on labels that are extremely noisy or 

plainly wrong. 

 
Fig. 1: Caption Ratio Rating by people 

We further assessed how well participants agreed 

in their judgments. We calculated inter subject agreement as 

the mean pairwise correlation. 

B. Abstractive Caption Generation 

Although extractive methods yield naturally grammatical 

captions and require relatively little linguistic analysis, there 

are a few caveats to consider. As discussed before, there is 

often no single sentence in the document that uniquely 

describes the image’s content. In most cases the keywords 

are found in the document but interspersed across multiple 

sentences. Second, the selected sentences make for long 

captions (sometimes longer than the average document 

sentence), which are not concise and overall not as catchy as 

human-written captions. For these reasons, we turn to 

abstractive caption generation and present models based on 

single words but also phrases. 

 
Fig. 2: Example of a king 

C. Document Representation 

The dataset we employed contains real-world images and 

exhibits a large vocabulary including both concrete object 

names and abstract keywords; instead of manually creating 

annotations, image captions are treated as labels for the 

image. Although the caption words are admittedly noisy 

compared to traditional human-created keywords, we show 

that they can be used to learn the correspondences between 

visual and textual modalities, and also serve as a gold 

standard for the caption generation task. Moreover, this 

news dataset contains a unique component, the news 

document, which provides both information regarding to the 

image’s content and rich linguistic information required for 

the generation procedure. Inspired by recent work in 

summarization, we have presented extractive and abstractive 

caption generation models. A key aspect of our approach is 

to allow both the visual and textual modalities to influence 

the generation task. This is achieved through an image 

annotation model that characterizes pictures in terms of 

description keywords that are subsequently used to guide the 

caption generation process. Our results show that the visual 

information plays an important role in content selection. 

Simply extracting a sentence from the document often yields 

an inferior caption. Our experiments also show that a 

probabilistic abstractive model defined over phrases yields 

promising results. It generates captions that are more 

grammatical than a closely related word-based system and 

manages to capture the gist of the image (and document) as 

well as the captions written by journalists. 

Model Grammatical Relevance 

KL Divergence 6.42 4.10 

Abstract Word 2.08 3.20 

Abstract phrase 4.80 4.96 

Gold Standard 6.39 5.55 

Table 1: Rating on caption by Audiences 

D. Modeling 

Our model consists of two stages. Content selection 

identifies what the image and accompanying article are 

about, whereas surface realization determines how to 

verbalize the chosen content. Before describing our model in 

detail, we summarize our assumptions regarding the caption 

generation task and the nature of the data on which it is 

being modeled 

(1) The caption describes the content of the image 

directly or            indirectly. Unlike traditional 

image annotation where keywords describe salient 

objects, captions supply more detailed information, 

not only about objects and their attributes, but also 

events. For example, in Fig. 1a the caption 

mentions King Tupou shown in the picture but also 

his age and the fact that he died a week ago. 

(2) The accompanying document describes the content 

of the image. This is trivially true for news 

documents where the images conventionally depict 

events, objects or people mentioned in the article. 

(3) Since our images are implicitly rather than 

explicitly labeled, we do not assume that we can 

enumerate all objects present in the image nor that 

we can create a detailed description of them. 

Instead, we hope to model event-related 

information such as “what happened,” “who did it,” 

and “where” with the help of the news document. 
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Fig. 3: Modelling 

IV. RESULT 

In this, we explored the possibility of automatically 

generating captions for news Images. This software allows  

both visualand textual information to influence automatic  

caption generation task. Here,image annotation model  

converts features of an image into self explanatory 

keywords which are subsequently used to guide the 

generation process. Given an accompanying document our 

abstractive model generates an sentence. Both outputs are 

processed and caption has been generated.The news and the 

article are  as follows: 

A. Image 

 

B. Article 

Kiran Bedi (born 9 June 1949) is an Indian politician, social 

activist, former tennis player and a retired police officer. 

Bedi joined the Indian Police Service (IPS) in 1972, 

becoming its first woman officer. As a teenager, Bedi 

became the national junior tennis champion in 1966. 

Between 1965 and 1978, she won several titles at national 

and state-level championships. After joining IPS, Bedi 

served in Delhi, Goa and Mizoram. She started her career as 

a Deputy Commissioner of Police (DCP) in Chanakyapuri 

area of Delhi, and won the President's Police Medal in 1979. 

Next, she moved to West Delhi, where she brought a 

reduction in crimes against women. Subsequently, as a 

traffic police officer, she oversaw traffic arrangements for 

the 1982 Asian Games in Delhi and the 1983 CHOGM meet 

in Goa. As DGP of North Delhi, she launched a campaign 

against drug abuse, which evolved into the Navjyoti Delhi 

Police Foundation (renamed to Navjyoti India Foundation in 

2007). 

C. Autocaption Process 

Noun 

 

Kiran Bedi , Indian, Politician, social, 

player,police,delhi,crime,women,games, 

Chanakyapuri,Navjyoti 

 

Abbreviate IPS, DCP, CHOGM, DGP 

pronoun 
She, her 

 

Article The, an, a 

verb Social, service,championship 

Adverb Social activist, police service, won 

Adjective Oversaw traffic, drug abuse 

Ready 

Caption 

Kiran bedi indian officer won the president’s 

Police  Medal. She brought a reduction in 

crimes against women. 
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