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Abstract— In this work we considered the case of elastic 

flows and provided a decentralized congestion control 

algorithm that works in parallel with the randomized 

algorithm. We showed that the resulting cross-layer 

algorithm achieves fair allocation of the resources despite 

the imperfect nature of the switching delay algorithm. 

Finally, we developed specific distributed algorithms for the 

two-hop interference model. For this model, existing 

throughput-optimal strategies require that an NP-hard 

problem be solved by a centralized controller at every time 

instant. In this work, we showed that this is not necessary, 

and full utilization of the network can be achieved with 

distributed algorithms having only polynomial 

communication and computational complexity. The 

proposed work is done with the switching delay algorithm 

and decomposition is implemented to prove the specified 

problem. 
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I. INTRODUCTION 

A. Combined Scheduling And System Configuration 

We define scheduling as assigning users either transmitters 

or links to discrete slots of time in which they may generate 

radio signals. In general, this is a many-to-many mapping. 

We define system configuration as stipulating the way in 

which users access the RF spectrum in each time-slot. Each 

user’s transmit power, channel, modulation scheme, and 

antenna configuration are examples of system configuration 

variables. These assignments are upper bounds on how users 

affect each other. The combined problem is interesting when 

the optimal or feasible configuration depends on the 

schedule and vice-versa, so that neither problem can be 

solved independently. We tackle this by defining a joint 

optimization problem that captures the effects and 

constraints of both MAC- and PHY-layer decisions but is 

impractical to solve directly; and decomposing this into a 

form that is practically solvable. 

II. RELATED WORK 

In This paper demonstrates a novel approach to minimizing 

interference and maximizing spatial reuse for competing 

spectrum users. These concerns are significant any time 

interference is a limiting factor, for example in packet radio 

networking, mobile telephony, and radio repeaters. Here, we 

specifically consider explicitly scheduled medium access 

control (MAC) protocols such as time-division multiple 

access (TDMA). These MACs enable optimizations for 

spatial reuse and avoid problems that random-access carrier-

sense protocols (e.g., CSMA/CA) incur when deployed in 

large networks where hidden terminal effects limit 

performance. we present distributed algorithms for link 

scheduling in wireless networks. Sunken interfering links in 

a wireless network cannot transmit at the same time, a 

scheduling policy is required to resolve the contention 

between various links attempting transmission. The well-

known maxweight and backpressure scheduling algorithms 

introduced are throughput-optimal, i.e., they can stabilize 

the system under the largest set of offered load vectors. 

However, they are centralized algorithms and have high 

computational complexity. Using the max-weight or back-

pressure algorithms for scheduling, a number of recent 

papers have studied the problem of joint congestion control, 

routing, and scheduling in multihop wireless networks. The 

focus of this paper is on designing distributed scheduling 

algorithms with low complexity and low implementation 

overhead. 

A. Optimization and Wireless Scheduling 

We present a joint optimization process for scheduling and 

physical-layer configuration that achieves greater spatial 

reuse than solving the two problems separately. Without 

integration, a “chicken-and-egg” problem exists: If PHY 

decisions are made before scheduling; they cannot be 

optimized for the communication that actually occurs. If 

scheduling decisions are made first, the scheduler cannot 

know what the actual radio properties of the network will 

be. The joint approach produces significant gains for 

scheduling and antenna reconfiguration. An analysis of the 

performance of our algorithm in simulation shows a mean 

speedup relative to simple TDMA of 234% with as much as 

600% improvement in some scenarios. We also show that 

simple techniques such as greedy approaches to antenna 

steering and scheduling result in substantial interference 

between neighboring links. 

B. Our Work 

As a step toward “layering as optimization decomposition,” 

this paper expands the scope of the network utility 

maximization methodology to handle nonlinear, elastic link 

capacities. This extension enables us to rigorously prove that 

the proposed algorithm has the above desirable properties in 

achieving the optimal balance between the transport and 

physical layers in wireless multihop networks. The proposed 

algorithm is robust to wireless channel variations and path 

loss estimation errors. Suboptimal but much simplified 

versions of the algorithm are presented for scalable 

architectures. With high probability, Q-SCHED schedules 

links in those interference sets where the total queue-length 

is large. On the other hand, BP-SIM ensures that the 

probability that at least one link is scheduled in the 

interference set of each backlogged link is high. The 

complexity of both algorithms can be made to only depend 

on the maximum node-degree and an approximation factor, 

but are otherwise independent of the size of the network. 

Recently, there have been a number of papers addressing 

complexity and decentralization questions in multi-hop 
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wireless networks. We now briefly comment on the 

contribution of this paper in the overall context of this line 

III. OBJECTIVES & OVERVIEW OF THE PROPOSED 

MECHANISM 

A. Objectives: 

As future work, the system would like to study  switching 

delay algorithm will be executed in two steps which will 

helps to minimize a number of performance parameters such 

as context switches, average waiting time and average 

turnaround time. The algorithm performs following steps 

Allocate CPU to every process in round robin fashion, 

according to the given priority, for given time quantum (say 

k units) only for one time. After completion of first step 

following steps are performed Processors are arranged in 

increasing order or their remaining CPU burst time in the 

ready queue. New priorities are assigned according to the 

remaining CPU bursts of processes; the process with 

shortest remaining CPU burst is assigned with highest 

priority. The processes are executed according to the new 

priorities based on the remaining CPU bursts, and each 

process gets the control of the CPU until they finished their 

execution. 

B. Overview of the proposed Mechanism Scheduling: 

We present a joint optimization process for scheduling and 

physical-layer configuration that achieves greater spatial 

reuse than solving the two problems separately. The optimal 

(or feasible) configuration depends on the schedule and 

vice-versa, so that neither problem can be solved 

independently. We tackle this by defining a joint 

optimization problem that captures the effects and 

constraints.  

1) IP Address and Client Request 

The IP Address Representation module is to give the IP 

addresses which we are going to assign those as servers. We 

can enter and view IP addresses from this module. In load 

balancing system we can connect the three servers [system]. 

The connection has to be represented by the IP Address 

representation only. 

2) System Configuration  

We define scheduling as assigning users (either transmitters 

or links) to discrete slots of time in which they may generate 

radio signals. In general, this is a many-to-many mapping. 

We define system configuration as stipulating the way in 

which users access the RF spectrum in each time-slot. The 

administrator will do the encryption of the text file and store 

into the servers which we are assigned in IP representation 

module. This module will make the both public and private 

key for the cryptography. 

3) Download 

We will get the response time and from which server we are 

getting the file. From the response time produce the chart 

report here. It compares the response time between the 

servers and downloads the given file in the better 

performance response time server. 

IV. ARCHITECTURE OF THE PROPOSED SYSTEM 

System architecture is the conceptual sculpt that defines 

the structure, activities, and views of a system. An structural 

design description is a formal description and representation 

of a system, organized in some manner that supports 

analysis about the structures and activities of the system. 

The Architecture of this project is shown in the fig 1.The 

architecture gives the detail description about the process. 

First the user wants to register their details. 

 

Fig. 4: Architecture Diagram 

The user details are gathered from the different ip address  

and it may process the files to upload , the following files 

can send request to the multiple servers from that server we  

can ger fastest response time  and we download the fastest 

response time file  and report to the user. 

V. CONCLUSION 

The main focus of this proposed system is to minimize the 

data interval and generate the public and private key 

methodology  based on this performance  we will have good 

work scheduling and switching delay algorithm can be 

implemented. 
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