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Abstract—The main aim of the paper is to automatically 

discover content-consistent seamless video shots and 

compose into a virtual long-take video with spatial and 

temporal consistency while aims to provide a tree structure 

collection with temporal smoothing for ease of video 

browsing. The server can support a massive number of 

online clients without additional costs and ready to provide 

software features. A user will have their own login and 

password and can store large number of videos. A given 

video i s divided into different frames, an human related 

frames are captured and grouped into one group of frame 

and objects related frame are grouped into another group of 

frames. If user need human related video then by using 

VIOLA-JONES algorithm a person image is used as an 

reference image and can retrieve an related person video. An 

object based frames such as car, table, chair etc... are 

detected and given as video using SIFT (Scale Invariant 

Features Transform)  technique. Finally object & sequence 

matching process are replaced by using SURF algorithm 

(Speeded up Robust Features) for improving matching 

accuracy. 
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I. INTRODUCTION 

DATA hiding technique aims to embed some secret 

information into a carrier signal by altering the insignificant 

components for copyright protection or covert 

communication. In general cases, the data-hiding operation 

will result in distortion in the host signal. However, such 

distortion, no matter how small it is, is unacceptable to some 

applications, e.g., military or medical images. In this case it 

is imperative to embed the additional secret message with a 

reversible manner so that the original contents can be 

perfectly restored after extraction of the hidden data. 

A number of reversible data hiding techniques have 

been proposed, and they can be roughly classified into three 

types: lossless compression based methods, difference 

expansion (DE) methods, and histogram modification (HM) 

methods. The lossless compression based methods make use 

of statistical redundancy of the host media by performing 

lossless compression in order to create a spare space to 

accommodate additional secret data. In the RS method [1], 

for example, a regular-singular statusWith the popularity of 

personal digital devices, the amount of home video data is 

growing explosively. These digital videos have several 

characteristics: (1) compared with former videos recorded 

by non-digital camcorder, nowadays videos are usually 

captured more casually due to the less constraint of storage, 

and thus the number of clips is often quite large; (2) many 

videos may only contain a single shot and are very short; 

and (3) their contents are diverse yet related with few major 

subjects or events. Users often need to maintain their own 

video clip collections captured at different locations and 

time. These unedited and unorganized videos bring 

difficulties to their management and manipulation. For 

example, when users want to share their story with others 

over video sharing websites and social networks, such as 

YouTube.com and Facebook.com, they will need to put 

more efforts in finding, organizing and uploading the small 

video clips. 

II. RELATED WORK 

A. Efficient Layout of Comic-Like Video Summaries 

This paper cosmic like video summarization is done and in 

order to enable intuitive access to large image and video 

archives, the main challenge of systems for video 

summarization and browsing is to achieve a good balance 

between removal of redundant sections of video and 

representative coverage of the video summary. This work 

makes a shift towards more user centered summarization 

and browsing of large video collections by augmenting 

interaction rather than learning the way users create related 

semantics. In order to create an effortless and intuitive 

interaction with the overwhelming extent of information 

embedded in video archives, we propose a system that 

exploits the universally familiar narrative structure of 

comics to generate easily readable visual summaries. Being 

defined as “spatially juxtaposed images in deliberate 

sequence intended to convey information”, comics are the 

most prevalent medium that expresses meaning through a 

sequence of spatially structured images. Exploiting this 

concept, the proposed system follows the narrative structure 

of comics, linking the temporal flow of video sequence with 

the spatial position of panels in a comic strip. The work 

presented in this paper introduces a number ofnovel 

approaches to the algorithm pipeline, improving the 

processing efficiency and quality of layout optimization. In 

terms of efficiency, our approach brings real-time capability 

to video summarization by introducing a solution based on 

dynamic programming (DP) and showing that the adopted 

suboptimal approach achieves nearly optimal layout results. 

B. Stained-Glass Visualization for Highly Condensed 

Video Summaries 

This paper presents a method for creating highly condensed 

video summaries called Stained- Glass visualizations. These 

are especially suitable for small displays on mobile devices. 

A morphological grouping technique is described for finding 

3D regions of high activity or motion from a video 

embedded in x-y-t space. These regions determine areas in 

the key frames, which can be subsumed in a more general 

geometric framework of germs and supports: germs are the 

areas of interest, and supports give the context. Algorithms 

for packing and laying out the germs are provided. Gaps 

between the germs are filled using a Voronoi-based method. 

Irregular shapes emerge, and the result looks like stained 

glass. It is challenging to browse video on small mobile 

devices such as PDAs and cellphones. The small screen 

restricts the amount and size of the content that can be 



Simulation of Partial Discharge inside the Solid Insulation in High Voltage Equipment 

 (IJSRD/Vol. 2/Issue 03/2014/350) 

 

 All rights reserved by www.ijsrd.com 1374 

displayed. Existing techniques for visualizing video 

summaries are not designed for small screens and do not 

work well on them. A popular method is to use a storyboard 

with key frames selected from the video using content 

analysis algorithms. Such layouts may have same or 

different sized rectangular images. When viewed on a small 

screen, it can be difficult to see what is in the images. The 

idea of Stained-Glass visualization is to find regions of 

interest in the video and to condense the key frames into a 

tightly packed layout. There are several major steps in 

constructing a stained glass video summary: 

 Segment the video into video clips. 

 Find regions of interest in the video clips. 

 Layout the regions of high importance. 

 Fill the spaces between regions. 

C. Flow-Based Video Synthesis and Editing 

Real footage of natural phenomena has a complexity and 

beauty that is rarely matched in synthetic footage in spite of 

many recent advances in simulation, rendering, and post-

processing. Leveraging real footage for special effects is 

difficult, however, because a natural scene may not match 

the director's intentions and modifying the physical setting 

may be expensive or impossible. In this paper, we present a 

technique that allows theuser to modify real footage while 

maintaining its natural appearance and complexity. The key 

to our approach is the observation that video of a class of 

natural phenomena can be approximated by continuous 

motion of particles along well-defined flow lines. First, we 

capture the dynamics and texture variation of the particles 

along user-defined flow lines in the input video. To generate 

video of arbitrary length, we synthesize particles such that 

they complete their full paths along each flow line. Playing 

back these particles along new flow lines allows us to make 

interesting edits to the original video. The user defines flow 

lines on both the input and output video and we leverage his 

or her visual intuition to create a wide range of edits. We 

demonstrate the power of this approach by modifying scenes 

of waterfalls, a river, flames, and smoke. The synthesis 

algorithm described in the previous section can be extended 

to support editing by synthesizing texture over a new set of 

flow lines. We warp the texture along the input flow line to 

synthesize texture over the edited flow line, using the 

tangent information between corresponding points of the 

two curves. A simple scheme for assigning corresponding 

points between the two flow lines is to choose points of 

equal arc lengths (from the start of the flow line) along the 

two curves. An alternative is to add a term to the warping 

function that scales the arc lengths of the input to be equal to 

the edited flow lines. This modification produces edited 

textures that are scaled and warped versions of the texture 

from the input flow line. The animator chooses between 

these two schemes to create different effects in the edited 

sequence. In editing framework, the animator first draws a 

dense set of input flow lines. 

D. Automatic Composition Techniques for Video 

Production 

In this paper, the main focus on techniques to compose a 

piece of video along a storyline with smooth flow of 

information and to customize the composition under 

temporal playout constraints. Some techniques are applied 

to compose a digital video newscast. Work related to 

automatic video composition includes as follows. Dav 

enport et al. maintain temporal continuity between segments 

by scoring the metadata associated with all available scenes. 

Weiss et al. propose composition based on video algebra 

where the video model consists of hierarchical composition 

based on content or descriptive information associated with 

the segments. The segments are composed using algebraic 

operations like union, concatenation, and intersection. Nack 

and Parkes establish continuity by rules based on the 

content. Ozsoyoglu et al. compose multimedia presentations 

under temporal constraints by exclusion and inclusion of 

segments by also establishing content-based rules. One 

maindifference in our work is that we use knowledge of 

domain-specific structure and creation time in addition to 

content information.  

For example, news composition is highly 

dependent on creation time and the component segment 

types. We use these dependencies to yield compositions 

with correct domain-specific structure, correct time series of 

concepts, and acceptable thematic continuity. In this paper 

we have proposed and presented techniques to facilitate 

automatic composition of video and metrics for evaluation 

of the quality of video composition. We also showed a 

comparison of the results of these techniques as compared to 

manually-produced broadcast news video. We conclude that 

it is feasible to automatically compose video with quality 

comparable to broadcast production with respect to the 

defined metrics. We expect the results to be applicable to 

other video content domains beyond news, but cannot yet 

claim this extrapolation. Automation leads to the support of 

dynamic composition and customization for applications 

such as news on demand. 

III. SYSTEM ANALYSIS 

A. Existing System 

In an Existing Architecture, automated video composition is 

not possible manual editing and merging only done in 

existing feature few of existing techniques are listed below. 

Zhang et al. provide a solution based on an unsupervised 

inference of view-dependent depth maps for all video 

frames. Yan et al. transfer desired features from a source 

video to the target video such as colorizing videos, reducing 

video blurs, and video rhythm adjustment. Recently, Wang 

et al. have studied automatic broadcast soccer video 

composition. There also exist studies on video texture which 

aims to provide a continuous and infinitely varying stream 

of images. Rav-Acha et al. explored time flow manipulation 

in video, such as the creation of new videos in which events 

that occurred at different times are displayed 

simultaneously. Its limitations are as follows; 

 An automatic video composition is not possible in an 

existing system. 

 A user, find it more difficult to edit and merge the 

multiple small videos. 

 A more time consumption is required to give an single 

shot video. 

B. Proposed System 

In proposed system, it aims to automatically discover 

content-consistent seamless video shots and compose into a 

virtual long-take video with spatial and temporal 

consistency whileaims to provide a tree structure collection 

with temporal smoothing for ease of video browsing. The 

server can support a massive number of online clients 
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without additional costs and ready to provide software 

features. An user will have their own login and password 

and can store large number of videos. An given video is 

divided into different frames, an human related frames are 

captured and grouped into one group of frame and objects 

related frame are grouped into anotherframes. If user need 

human related video then by using VIOLA-JONES 

algorithm a person image is used as an reference image and 

can retrieve an related person video. An object based frames 

such as car, table, chair etc.. are detected and given as video 

using SIFT(Scale Invariant Features Transform) technique. 

And finally object & sequence matching process are 

replaced by using SURF algorithm (Speeded up Robust 

Features) for improving matching accuracy. 

C. System Architecture 

 
Fig. 1: System Architecture 

The architecture diagram describes about how to 

automatically compose descriptive long-take video with 

content-consistent shots retrieved from a video pool that are 

converted into single shot video. For each video, frame-by-

frame search is performed over the entire pool to find start-

end content correspondences through a coarse-to-fine partial 

matching process. Here each user is provided with their own 

login and password to store large number of short videos 

with provided database. Only selected multiple video is 

given as input video and those input videos are given for 

preprocessing where an videos are converted into an frames. 

And those frames are grouped based on their characters such 

as human, things, object. Here three different types of 

algorithms as used such as VIOLA-JONES, SIFT, SURF 

algorithm. If user need human related video then an related 

person image is passed as reference image and by using 

viola-jone algorithm video is given as output. 

IV. ALGORITHMS INVOLVED 

A. Viola-Jones Algorithm 

Paul Viola and Michael Jones presented a fast and robust 

method for face detection which is 15 times quicker than 

any technique at the time ofrelease with 95% accuracy at 

around 17 fps. Object detection is detecting a specified 

object class such as cars, faces, plate in a given image or a 

video sequence. Object detection has many applications in 

computer based vision such as object tracking, object 

recognition, and scene surveillance. Face detection 

techniques have been researched for years and much 

progress has been proposed in literature. It has been 

regarded as the most complex and challenging problem in 

the field of computer vision, due to the large intra-class 

variations caused by the changes in facial appearance, 

lighting, and expression. Moreover, in the applications of 

real life surveillance and biometric, the camera limitations 

and pose variations make the distribution of human faces in 

feature space more dispersed and complicated than that of 

frontal faces. It further complicates the problem of robust 

face detection. Paul Viola and Michael Jones presented an 

approach for object detection which minimizes computation 

time while achieving high detection accuracy. The approach 

was used to construct a face detection system which is 

approximately 15 faster than any previous approach. 

Preliminary experiments, which will be described 

elsewhere, show that highly efficient detectors for other 

objects, such as pedestrians, can also be constructed in this 

way. 

B. Speeded Up Robust Features (Surf) Algorithm 

SURF stands for Speeded up Robust Features. In a given 

image, SURF tries to find the interest points. The points 

where the variance is maximum .It then constructs a 64-

variable vector around it to extract the features (A 128-

variable one is also possible, but it would consume more 

time for matching). In this way, there will be as many 

descriptors in an image as there are interest points. Now, 

when we use SURF for matching, we follow the below steps 

for every probe image (The image we need to match 

against) 

 Take a descriptor of the probe image. 

 Compare this with all the descriptors of the gallery 

image (One of the set of possible matching images). 

 Find the nearest descriptor which is the one with the 

lowest distance to our descriptor compared to all the 

other descriptors. 

 The nearest descriptor distance is stored. 

 Take a descriptor other than the one's already taken 

from probe image and go to step-2. 

 Now all the nearest descriptor distances are added, and 

the sum is divided with the total number of probe 

descriptors. This gives us the average distance. 

 This average distance, along with the name of the 

gallery image we just matched, can be outputted to a 

file. 

 For every gallery image, go to step-1. 

 When all the gallery images get over, sort the distances 

in the outputted file and the one with the lowest 

distance is the best match for our probe image. 

V. SYSTEM DESIGN 

Firstly, we implement a coarse-to-fine partial matching 

scheme to generate a matching graph of the video collection. 

The matching scheme serves as a three-level matching, i.e., 

video pair selection, sequence-sequence correspondence 

finding, and frame-level exact matching. The video pair 

selection acts as an evidence for ensuring the non-redundant 

and complete quality of the generated one-shot video. It uses 

a hashing-based method to quickly obtain the video 

similarity measurement. We then find sequence 

correspondence of the selected video pairs through local 

keypoints matching. The final frame-level matching aims to 

find different matched objects to provide variant and rich 

clues for video transition generation. We implement three 

object matching methods in this part, i.e., salient object 

matching using local visual pattern discovery [26], and 

human and face appearance matching based on automatic 

human and face localization [15], [18]. 

Secondly, we design a flexible scheme to select the 

optimal video compositions from a constructed video 

matching graph. The video selection task turns out to find 

the longest path P in the graph G by constructing a video 
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matching graph following three criteria, i.e., continuity, 

completeness and diversity. This selection scheme can either 

work fully automatically by creating one-shot videos with 

globally optimal content consistency or work interactively 

with users by generating one-shot videos with optional 

topics (such as the specified key objects or persons). 

VI. GENERATION OF ONE-SHOT PRESENTATION 

A. Edge Pruning 

We prune the cycle paths in the graph to avoid the repeated 

clips in the composed video. An important and also the most 

straightforward criterion is time constraint. People are used 

to watching videos in the order of time, especially for home 

video browsing. We use the timestamp metadata of the 

video clips to ensure that the shots maintain the temporal 

relationships in the composition process. However, we also 

notice that many video clips lack of such metadata. 

Therefore, for those video clips, we need to design extra 

content-based edge pruning method to reduce the cycle 

graph. Here we use Depth-First-Search [35] to detect all the 

nodes that have a cycle in thegraph. We can locate the edges 

within the cycle, then the edge with lowest weight will be 

pruned. 

B. Path Finding 

 Automatic Path Finding: The maximal paths can be 

found automatically. After finding the longest path over 

the graph , all the edge weight linking to those nodes in 

the path should be scaled by a factor ( in our 

implementation) to reduce the possibility for these 

nodes to be selected again. We then find the longest 

path again in the updated graph. This procedure can be 

iterated until reaching the criterion that the sum of 

weights in the final path is less than a threshold. 

  Interactive Path Finding: For personal usage, the one 

shot technique can help to find and composite 

consecutive video clips with human interaction. A user 

may expect a one-shot video that contains a specified 

key video clip or focuses on a specific object or scene. 

Our framework is flexible in handling these situations 

as illustrated in Fig.2 

 
Fig. 1:  Graph Construction and Path Finding 

VII. EXPERIMENTAL ANALYSIS 

A. Dataset Preparation 

Several experiments were performed to verify the 

effectiveness of the proposed “Video Puzzle” framework. 

Three video albums are prepared for the experiments. We 

denote them as VA1,VA2 and VA3 , where VA1 and VA3 

are typical home video albums and the videos in VA3 are 

collected from Youtube.com with some keywords of famous 

landmarks. The VA1 set contains 68 video clips. They are 

captured in a trip and the locations vary widely, including 

beach, landscape, and woods road. The VA2 set contains 

186 video clips that record the birthday parties of a child, 

piano practice scenes, etc. The VA3 set contains 33 video 

clips of the famous landmarks“Roman Colosseum” and 

“Eiffel Tower” including several noise videos from direct 

YouTube search by keywords.   

B. Implementation Details  

For each video album, we first construct a bag-of-words 

(BoW) model using SIFT features for the PmH hashing 

[24]. The number of features per image ranges from 200 to 

1000, and we have quantized them using a visual word 

vocabulary with one million visual words. It takes about 100 

ms per image to extract the features. The min-hash contains 

2 sketches of size 2. Each image is divided into about 100 

partitions with 50% overlap as recommended in [24]. We 

uniformly sample 1/5 of the frames to accelerate the video 

similarity measurement. The frame similarities are 

accumulated to form video similarity. We then set a 

threshold to make the similarity graph sparse. For each 

connected video pairs, local matching-based sequence 

matching is performed. Finally, exact matching frame pairs 

are located. 

C. One-Shot Video Generation 

In this section, we give some generated one-shot examples 

from the video album VA1, VA2 and VA3.  

1) Transition Effect Evaluation 

We first check the effect of the generated transitions. We 

compare the proposed transition method with the widely-

used method, i.e., fade-in and fade out. Given two 

corresponding frames, we compare the generated results. It 

can be observed that: 

 The transition generated by the proposed method looks 

much more smooth and seamless than the fade-in and 

fade-out method. The main objects are still clear 

enough to identify when using our method in the 

transitions 1 to 4. The fade-in and fade-out method 

brings a lot of blurring and ghost. The main advantage 

of proposed method is that we first automatically focus 

to the main object within the frames in order to avoid 

the displacement. The morphing between the matched 

objects is visually pleasing.  

 The feathering method can reduce the ghosting effect. 

The result of transition 1 is without feathering effect. 

We can still get some blurring and ghost effect, 

especially on the border area where there exists most 

disagreement among the two frames. 

2) Family Video Browsing 

By taking the as an example, we show the video matching 

graph after edge pruning. Each node represents a video in . 

The edge linking two nodes indicates a match between 

them. The matched regionor object is shown upon the edge 

with a confidence identifying the sequence similarity. 

D. User Study 

To subjectively evaluate the results, we compare the 

following methods: (1) Our “Video Puzzle” with content-

based transition (denoted as “VP”); (2) The video produced 

by direct compositing video clips discovered by the “Video 

Puzzle” scheme (denoted as “DC”); (3) The automatically 
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edited videos with the videos produced by connecting 

randomly selected video clips (denoted as “RS”). (4) The 

video summarization method proposed in [28] (denoted as 

“VS”) groups all video shots into scenes and then generates 

a skimming for each scene by a graph-based mining method. 

Then, the skimmings are concatenated into a skimming of 

the whole video set. The three sets of videos are used to 

produce the baselines and the “Video Puzzle”. Totally, we 

extract 8 video puzzles that are composed by 35 video clips. 

Accordingly, we also composite 8 DC videos with the same 

clips. Another 8 RS videos are randomly generated within 

each dataset. 20 evaluators were invited to participate in the 

user study. We adopt three evaluation criteria:  

 Enjoyability: it measures the extend to which users feel 

that the video is enjoyable.  

 Naturalness: it measures whether the users feel the 

visual appearance of the generated videos are natural.  

 Informativeness: it measures the comprehensiveness of 

the content of the generated videos. 

 

VIII.  CONCLUSION 

In this paper, we proposed “Video Puzzle”, an integrated 

system for both video summarization, browsing and 

presentation, based on large amount of personal and web 

video clips. This system automatically collects content-

consistent video clips and generates an one-shot presentation 

using them. It can facilitate family album management and 

web video categorization. We demonstrated two example 

applications using “Video Puzzle” and the results show that 

it has great potential to be used in future video management 

systems. 

The differences between the original pixel-values 

and the corresponding values estimated from the neighbors 

are used to carry the payload that is made up of the actual 

secret data to be embedded and the auxiliary information for 

original content recovery. According to the optimal value 

transfer matrix, the auxiliary information is generated and 

the estimation errors are modified. Also, the host image is 

divided into a number of subsets and the auxiliary 

information of a subset is always embedded into the 

estimation errors in thenext subset. This way, one can 

successfully extract the embedded secret data and recover 

the original content in the subsets with an inverse order. The 

payload-distortion performance of the proposed scheme is 

excellent. For the smooth host images, the proposed scheme 

significantly outperforms the previous reversible data hiding 

methods.  

The optimal transfer mechanism proposed in this 

work is independent from the generation of available cover 

values. In other words, the optimal transfer mechanism 

gives a new rule of value modification and can be used on 

various cover values. If a smarter prediction method is 

exploited to make the estimation errors closer to zero, a 

better performance can be achieved, but the computation 

complexity due to the prediction will be higher. The 

combination of the optimal transfer mechanism and other 

kinds of available cover data deserves further investigation 

in the future. 
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